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A Study of an Al-Based Content Source Data Generation
Model using Folk Paintings and Genre Paintings

Seokhwan Yang*, Young-Suk Lee'

ABSTRACT

Due to COVID-19, the non—-face-to-face content market is growing rapidly. However, most of the
non-face-to—face content such as webtoons and web novels are produced based on the traditional culture
of other countries, not Korean traditional culture. The biggest cause of this situation is the lack of reference
materials for creating based on Korean traditional culture. Therefore, the need for materials on traditional
Korean culture that can be used for content creation is emerging. In this paper, we propose a generation
model of source data based on traditional folk paintings through the fusion of traditional Korean folk
paintings and Al technology. The proposed model secures basic data based on folk tales, analyzes the
style and characteristics of folk tales, and converts historical backgrounds and various stories related
to folk tales into data. In addition, using the built data, various new stories are created based on Al
technology. The proposed model is highly utilized in that it provides a foundation for new creation based
on Korean traditional folk painting and Al technology.

Key words: Korean Traditional Folk Paintings, Al, Content Source Data, Content Generation Model,

Automatic Story Generation
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