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A Study on the Prediction of Yard Tractors Required by Vessels Arriving at
Container Terminal
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Abstract

Currently, the shipping and port industries are implementing strategies to improve port
processing capabilities through the expansion and efficient operation of port logistics re-
sources to survive fierce competition with rapidly changing trends. The calculation of the
port's processing capacity is determined by the loading and unloading equipment installed
at the dock, and the port's processing capacity can be improved through various methods,
such as additional deployment of logistics resources or efficient operation of resources in
use. However, it is difficult to expect an improvement effect in a short period of time be-
cause the additional deployment of logistics resources is clearly limited in time is clear,
Therefore, it is a feasible way to find an efficient operation method for resources being
used to improve processing capacity, Domestic ports are also actively promoting in-
formatization and digitalization with the development of the 4th industrial revolution
technology. However, the calculation of the number of Y/T (Yard Tractor) assignments in
the current unloading process depends on expert experience, and related previous studies
also focus on the allocations of Y/T or Calculation of the total number of Y/T required.

Therefore, this study analyzed the factors affecting the number of Y/T allocations using
the loading and unloading information of incoming ships, and based on this, cluster analy-
sis, regression analysis, and deep neural network(DNN) model were used.
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