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Abstract In the latest trend of machine translation research, the model is pretrained through a large
mono lingual corpus and then finetuned with a parallel corpus. Although many studies tend to increase
the amount of data used in the pretraining stage, it is hard to say that the amount of data must be
increased to improve machine translation performance. In this study, through an experiment based on
the mBART model using parallel corpus filtering, we propose that high quality data can yield better
machine translation performance, even utilizing smaller amount of data. We propose that it is
important to consider the quality of data rather than the amount of data, and it can be used as a

guideline for building a training corpus.
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