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Abstract Recent deep learning-based natural language processing studies are conducting research to
improve performance by training large amounts of data from various sources together. However, there
is a possibility that the methodology of learning by combining data from various sources into one may
prevent performance improvement. In the case of machine translation, data deviation occurs due to
differences in translation(liberal, literal), style(colloquial, written, formal, etc.), domains, etc. Combining
these corpora into one for learning can adversely affect performance. In this paper, we propose a new
Corpus Weight Balance(CWB) method that considers the balance between parallel corpora in machine
translation. As a result of the experiment, the model trained with balanced corpus showed better
performance than the existing model. In addition, we propose an additional corpus construction
process that enables coexistence with the human translation market, which can build high-quality
parallel corpus even with a monolingual corpus.
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Fig. 1. Concept of Corpus Weight Balance
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Fig. 2. Schematic diagram of the proposed parallel corpus constructing process for Neural Machine Translation
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