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(CNN-based Hand Gesture Recognition Method for Teleoperation
Control of Industrial Robot)
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(Se-Yun Jeon, Eun-Su Kim, Bum Yong Park)

Abstract : This paper introduces a teleoperation control system of an industrial robot based on hand gestures using the
convolutional neural network (CNN). The proposed system employs the gesture data obtained from an EMG sensor and
considers a CNN-based deep learning method. Using the proposed CNN model, we develop a real-time teleoperation control
system for the industrial robot. Finally, it is confirmed that the proposed system is reliable in real system since it can be
applied to the teleoperation control of a real industrial robot.

Keywords : Industrial robot, ROS, EMG, Teleoperation, CNN
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Fig 1. EMG-based industrial robot remote control system configuration diagram
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I 1. Myo armbandE 0|&st0] &5t & MAX Close’ 1set data

Table 1. Hand gesture ‘Close” 1set data collected using Myo armband
0.00996 | 0.00996 | 0.07597 | 0.03238 | 0.01308 | 0.00685 | 0.0056 0.00623
0.01557 | 0.13574 | 0.06476 | 0.02428 | 0.01619 | 0.01308 | 0.04608 | 0.03674
0.01494 | 0.18991 0.06538 | 0.02304 | 0.01557 | 0.01059 | 0.04483 | 0.02491
0.01557 | 0.18493 | 0.06227 | 0.01806 | 0.0137 0.00996 | 0.04359 | 0.01681
0.02242 | 0.16065 | 0.08219 | 0.02491 | 0.01059 | 0.00934 | 0.01121 | 0.01121
0.01743 | 0.16999 | 0.08468 | 0.02242 | 0.00996 | 0.00809 | 0.00934 | 0.00872
0.01681 | 0.17933 | 0.09278 | 0.0193 0.00934 | 0.00809 | 0.00747 | 0.00809
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Fig 2. Real-time operation accuracy of the proposed system
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