
Ⅰ. Introduction

Technological advancements and mobile develop-
ments changed the way in which financial services 
are offered and used (Alkhaldi and Kharma, 2019; 
Avornyo et al., 2019; Foroughi et al., 2019; Hajiheydari 
and Ashkani, 2018; Li et al., 2019; 2019; Malaquias 

and Hwang, 2016; Rahi et al., 2018; Singh and 
Srivastava, 2018). The banking industry is the leading 
sector in taking advantage of such advancements 
in technology (Alalwan et al., 2017; Alalwan et al., 
2018; Alkhaldi and Kharma, 2019; Avornyo et al., 
2019; Sharma et al., 2020; Susanto et al., 2016), espe-
cially when we consider mobile banking (m-banking) 
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services (Alkhaldi and Kharma, 2019; Asnakew, 2020; 
Foroughi et al., 2019; Malaquias and Hwang, 2016). 
In fact, banks have integrated m-banking services 
in their systems and a lot of financial and technical 
resources have been devoted in this regard (Alalwan 
et al., 2017; Alalwan et al., 2018; Alkhaldi and Kharma, 
2019; Asnakew, 2020; Poromatikul et al., 2020).

M-banking is a technological platform delivered 
by financial institutions or banks, the main focus 
of this research, that permits its users to perform 
various financial transactions, such as: balance enqui-
ries, transferring money, making transactions, and 
paying bills, remotely at any time and place by adopt-
ing a mobile device like a mobile phone or personal 
digital assistants (PDA) (e.g., Alkhaldi and Kharma, 
2019; Baabdullah et al., 2019). Therefore, this technol-
ogy can respond to some customers’ needs, such 
as performing banking activities without going to 
an ATM or a physical bank branch (Foroughi et 
al., 2019), banking customers today are looking for 
access to their accounts around the clock with the 
same services offered on their mobile devices as are 
being offered at the physical bank branch (Arab times, 
2019). As such, m-banking services have considerable 
value for both banks and customers. This technology 
benefits banks by reducing their operating costs and 
improving service quality and it also benefits custom-
ers through great convenience and interactivity, less 
fees, instant connectivity, immediate information and 
time optimization (Foroughi et al., 2019, p. 1015). 

According to Statista (2019c), around 4bn people 
across the world now use smart mobile phones and 
tablets. Almost two-thirds of the world’s population 
now has a mobile phone, and more than half of 
the world’s web traffic now comes from mobile 
phones (Arab Times, 2017). Juniper Research (2019) 
estimated that 1.75bn people worldwide would be 
using m-banking services. According to the National 

Bank of Kuwait (NBK), the year 2018 witnessed 
strong growth in m-banking services, which increased 
by 40% since its introduction in 2012, compared 
to 27% growth in 2017 (NBK, 2018). Today, over 
43% of all banking customers globally use m-banking 
services on a daily or at least weekly basis (Arab 
times, 2019). In 2018, m-banking use in Kuwait, 
a Middle Eastern developing country, ranged from 
11% to 92% of total banking customers, depending 
on the bank. Whereas, online banking use ranged 
from 7% to 39% of total banking customers over 
the same period (Arab times, 2019). Thus, it is evident 
that that m-banking use has become more popular 
than traditional online banking.

While the use of m-banking services rate seems 
to be high, the long-term viability of an information 
system (IS) and its success depends on its continued 
use rather than first-time adoption (e.g., Baabdullah 
et al., 2019; Bhattacherjee, 2001a; Foroughi et al., 
2019; Patel and Patel, 2018; Susanto et al., 2016). 
Banks can only achieve success and recover their 
substantial investment in m-banking services by re-
taining their users (Foroughi et al., 2019). In fact, 
despite the apparent advantages of m-banking serv-
ices, many bank users still prefer ATM banking serv-
ices and physical bank branches (Susanto et al., 2016) 
due to perceived lack of trust, lack of controllability, 
lack of satisfaction, security and privacy concerns 
(Baabdullah et al., 2019; Foroughi et al., 2019; Susanto 
et al., 2016). Actually, many users who have tried 
m-banking services have switched back to old 
PC-based online/internet banking (Susanto et al., 
2016; Yang et al., 2015). Therefore, if users’ interest 
over the initial adoption diminishes after they have 
gained usage experience, banks will suffer from de-
creased usage of m-banking services concerns 
(Foroughi et al., 2019; Hsu et al., 2014; Liao et al., 
2009; Patel and Patel, 2018; Susanto et al., 2016). 
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The majority of IS literature in the m-banking 
context focusses on the adoption or acceptance phases 
of m-banking service. Only few studies (e.g., 
Baabdullah et al., 2019; Bhattacherjee, 2001a; 
Foroughi et al., 2019; Susanto et al., 2016) examined 
post-adoption intentions and behaviors. In fact, stud-
ies of post-adoption intentions and behaviors in the 
context of m-banking services are limited (e.g., 
Asnakew, 2020; Foroughi et al., 2019; Oertzen and 
Odekerken-Schröder, 2019; Susanto et al., 2016; Tam 
and Oliveira, 2017a; Tam and Oliveira, 2017b). As 
such, there is a need to study IS continuous use 
intension in the post-adoption phase (Susanto et al., 
2016, p. 509). More specifically, in the context of 
m-banking services, Asnakew (2020, p. 125) stated 
that “although recently, there has been a growing interest 
among researchers to understand customers’ post-adop-
tion behavior, to date, limited number of studies are 
available in this specific topic”. Additionally, theories, 
used by IS scholars to investigate continuous use 
intensions, such as: the unified theory of acceptance 
and use of technology (UTAUT) and its extension 
(UTAUT2), technology acceptance model (TAM), 
innovation diffusion theory (IDT), theory of planned 
behavior (TPB), and task-technology fit (TTF) are 
primarily used to explain users’ adoption behaviors 
(Foroughi et al., 2019) in the early stages of acceptance 
and adoption, and has numerous limitations in pre-
dicting the users’ continuance behaviors in the 
post-adoption stage (Joo et al., 2018). Prior studies 
(Bhattacherjee, 2001a; Oertzen and Odekerken- 
Schröder, 2019; Oghuma et al., 2015; Patel and Patel, 
2018) argued that users may start using more func-
tional digital features only in the post-adoption 
phase, after they have gained some experience with 
the technology. As such, this research study adapt-
ed the Expectation-Conformation Model (ECM) 
(Bhattacherjee, 2001a), as its theory-base, to inves-

tigate the determinant factors which influence users’ 
continuance intension to use m-banking services in 
the post-adoption phase. The ECM is focused on 
post-acceptance and post-consumption expectation 
factors (e.g., Foroughi et al., 2019; Rahi et al., 2018). 
For instance, the ECM focuses on factors that influ-
ence constancy and retention since prior literature 
argued that the long-term success and viability of 
an IS are determined by continued use rather than 
initial adoption or usage (Foroughi et al., 2019, p. 
1017).

The objectives of this study are in fivefold. First, 
this study seeks to investigate users’ continuance in-
tension to use m-banking services, in the State of 
Kuwait, in the post-adoption phase. Second, since 
successful scenarios of users’ continuance intension 
to use m-banking services cannot be directly used 
in different cultural contexts, due to the varying mar-
ket constraints in terms of economic, infrastructure, 
and social as well as cultural aspects (Slade et al., 
2014, p. 861; Slade et al., 2014, p. 210); then examining 
this topic in the context of Kuwait, where to date, 
and to the best of our knowledge, no similar research 
study has been conducted, is an important contribution. 
Third, this study attempts to enrich the Expectation- 
Conformation Model (ECM) (Bhattacherjee, 2001a) 
literature, in the context of m-banking, by extending 
the model with important variables relevant to the 
study context, such as perceived security and privacy, 
self-efficacy and facilitating conditions. Fourth, in 
line with Shao et al. (2019) argument, for an emerging 
country like Kuwait, given its relatively weaker in-
stitutional and legal environments, perceived trust 
plays an important salient role in promoting users’ 
behaviors. Hence, perceived trust was also added 
to the research model of this study. Finally, in light 
of increased competitions between banks and grow-
ing as well as unpredictable customer demands, this 
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study aims to assist Kuwaiti banks in understanding 
users’ continuance use intention of m-banking 
services. Therefore, the research question of this study 
is: What are the determinant factors that influence 
Kuwait users’ behavioral intension to continue using 
m-banking services?

The paper has been organized as follows. In the 
next sections, the theoretical background, the con-
ceptual model, and hypotheses development are 
discussed. Then the methodology section details the 
data collection procedure and the participants’ 
profile. This is followed by a detailed discussion of 
the results. Finally, this paper concludes with a dis-
cussion of the implications for theory and practice, 
limitations, and directions for future research.

Ⅱ. Literature Review 

2.1. Theoretical Background

In the context of m-banking services, information 
systems (IS) literature provides a considerable num-
ber of studies, in different countries, which inves-
tigated factors that impact the adoption or acceptance 
phases of m-banking services. For example: Alalwan 
et al. (2017), Alalwan et al. (2018) in Jordan; Hanafiza-
deh et al. (2014) and Hajiheydari and Ashkani (2018) 
in Iran, Sharma et al. (2017) in Oman; Afshan and 
Sharif (2016) in Pakistan; Akturan and Tezcan (2012) 
in Turkey; Alkhaldi (2016) in Saudi Arabia; Yuan 
et al. (2016) in China; Koenig-Lewis et al. (2010) 
Germany; Singh and Srivastava (2018) in India; 
Masrek and Razali (2013) in Malaysia, Faria (2012) 
in Portugal, and Mutahar et al. (2018) in Yemen. 

Information system scholars have also used differ-
ent theoretical models to investigate the factors that 
impact the pre-adoption or adoption phases of 

m-banking services. For example: Yu (2012) em-
braced the unified theory of acceptance and use of 
technology (UTAUT); Alalwan et al. (2017), Alalwan 
et al. (2018) adopted the unified theory of acceptance 
and use of technology (UTAUT2); Tam and Oliveira 
(2017a) used the DeLone and Mclean (D&M) IS 
Success Model; Abbas et al. (2018) and Mutahar 
et al. (2018) implemented an extended technology 
acceptance model (TAM); Oliveira et al. (2014) used 
the task technology fit (TTF) model; Kapoor et al. 
(2015) embraced Innovation Diffusion Theory (IDT); 
Chawla and Joshi (2018) extended the TAM and 
IDT. However, very few studies have investigated 
the main determinant factors that influence custom-
ers’ continuous intensions to use m-banking services.

Chen (2012) extended the expectation-confirmation 
model (ECM) with service quality, perceived risk 
and technology readiness to study continuance in-
tention of m-banking in Taiwan. The study results 
found that technology readiness and service quality 
has indirectly significant influence on continuance 
intention through the mediation of relationship qual-
ity, consisting of satisfaction and trust. The study 
results also revealed that perceived risk had no sig-
nificant impact on relationship quality. Kumar and 
Ravindran (2012) examined the factors influencing 
the continuance decisions of the early adopters of 
m-banking services in India. The study integrated 
constructs from TAM along with constructs of per-
ceived service quality, perceived credibility, and per-
ceived risk to empirically establish the influence on 
satisfaction and continuance usage intentions. The 
study results found a strong linkage between per-
ceived service quality, satisfaction, and continuance 
intentions. The study also confirmed that after adop-
tion of the technology, the customer finds satisfaction 
in the quality parameters of the service. Also, con-
tinuance intentions were found solely dependent on 
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satisfaction.
Susanto et al. (2016) developed and validated an 

extended framework, based on the ECM, to inves-
tigate continuance use intention of m-banking serv-
ices at the post-consumption phase in Korea. The 
results of their study revealed that users’ confirmation 
after the initial use of smartphone banking services 
has significant impact on perceived security, per-
ceived usefulness, trust, and user satisfaction. Their 
results also demonstrated that perceived security sig-
nificantly influences trust while perceived usefulness 
significantly influences trust, user satisfaction, and 
continuance use intention. Moreover, both user sat-
isfaction and self-efficacy also significantly influence 
continuance use intention. Finally, trust was found 
to exert significant impact on user satisfaction. Yuan 
et al. (2016) integrated factors from the ECM, TAM, 
and TTF models to predict continuance intention 
of mobile banking in China. The authors also test 
the paths onto continuance intention for moderation 
by Gender. The study results found that satisfaction 
and perceived risk have the strongest total effect on 
continuous intension. Additionally, while the impact 
of perceived risk is stronger in men, no other moder-
ation effects by gender are statistically significant.

By extending the technology continuance theory 
(TCT) with self-efficacy and channel preference, 
Foroughi et al. (2019) investigated the determinants 
of m-banking continuance use intention in Malaysia. 
The study results confirmed that the TCT model 
had a high exploratory power in explaining users’ 
perceived usefulness (PU), satisfaction, attitude, and 
intentions to continue to use m-banking. Moreover, 
self-efficacy and channel importance were important 
drivers of continuance intention in the context of 
m-banking. However, according to the results, per-
ceived ease of use has no effect on PU and attitude 
in the post-adoption stage. Albashrawi and Motiwalla 

(2019) integrated privacy and personalization into 
TAM theoretical model to examine continuous use 
intensions of mobile banking services in the US. 
The results of their study revealed that perceived 
usefulness and perceived ease of use are significant 
predictors of satisfaction, while satisfaction can de-
termine continued usage intention of mobile bank-
ing services. However, the interaction effect shows 
statistical significance for privacy, but not for 
personalization.

Drawing upon the TAM and trust theory, Asnakew 
(2020) developed a model to examine the effects 
of antecedent variables in customers’ continuance 
intention to use mobile banking service channels. 
The study results revealed that perceived ease of use 
and perceived usefulness from TAM explained 68.9% 
of the variance in attitude, and attitude and trust 
were found to jointly explain 50% of variance in 
continuance intention to use mobile banking. 
Moreover, 53.2% of the variation in trust was jointly 
explained by structural assurances and bank’s 
reputation. Poromatikul et al. (2020) examined the 
drivers of continuance intention with mobile banking 
apps in Thailand using the ECM as the theory base. 
Their study results found that the top three factors 
directly affecting continuance intention toward 
m-banking are satisfaction, trust, and expectancy 
confirmation. However, image and perceived risk 
have an impact on continuous use intension.

2.2. The State of m-banking in Kuwait

Kuwait, a Middle-Eastern rich country, with well- 
educated citizens as well as well-advanced technology 
infrastructure, its citizen are also much technology 
savvy compared to the citizens in many other develop-
ing countries (Rabaai et al., 2017; Statista, 2019b; 
Statista, 2019a), and enjoys one of the highest internet 
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and mobile penetration levels in the world (NBK, 
2018; KFAS, 2019). However, Kuwait, in comparison 
to its Gulf Countries Council (GCC) compatriots 
such as UAE and Bahrain, is lagging behind in terms 
of economic competitiveness and attractiveness. 
Consequently, Kuwaiti government launched Kuwait 
Vision 2035 initiative. This vision aims to improve 
Kuwait competitive standards by digitalizing the 
economy, diversifying the income away from oil, 
which is currently account for 90 percent of the 
country’s national production, and transforming the 
country into a regional financial and commercial 
hub (Arab times, 2019; Central Bank of Kuwait, 2019).

A study by the Kuwait Foundation for the 
Advancement of Sciences (KFAS) (2019) concerning 
the Future of Financial Services, revealed that over 
50% of the Kuwait population fall between the 15-39 
years age group, who are adept at embracing techno-
logical changes (NBKCapital, 2019). Further, nearly 
70% of those who fall under the age group of 15 
to 24 years have a banking relationship as against 
33% for the Middle-East region and world average 
of 54% (KFAS, 2019). This young generation in 
Kuwait is digitally literate, expect on-demand serv-
ices, look online first and do not mind to change 
for a better platform (Central Bank of Kuwait, 2019). 
Kuwaiti young generation needs from financial in-
stitutions, such as banks, have shifted dramatically, 
as they value digital offerings that would satisfy their 
needs with the least amount of friction and that 
would complement other solutions they use. They 
are looking for a digital offering that would allow 
such things as: fast account opening, access to loyalty 
programs, incentives and discounts, sensible savings 
plans, and reliable mobile payment solutions that would 
complement their e-commerce needs (NBKCapital, 
2019; The Times Kuwait, 2019). 

Additionally, KFAS(2019)’s study pointed out a 

number of interesting statistical findings pertain to 
m-baking services in Kuwait, including: mobile pene-
tration stands at 146.6% - it is relatively higher than 
most developed countries and the world average of 
64.5%, ownership of smartphones is also high at 
99.7% of households, mobile network infrastructure 
is well developed and 100% of land area and pop-
ulation is covered, while 4G LTE network has 97% 
coverage, 8 out of 10 households have access to the 
internet - the remaining non-internet households’ 
access internet through their mobile phones, and 
the penetration of mobile broadband in Kuwait is 
healthy at 66.8%. In fact, “Kuwait is one of the most 
interesting markets in the Middle East and North 
Africa region, as it influences purchases all across 
the GCC […] Despite being a small market, Kuwait 
has amongst the highest adoption rates of new tech-
nology and highest revenue per user for tech compa-
nies” (Global Finance, 2020).

Given the Kuwait 2035 Vision goals to diversifying 
the income away from oil and to transform the coun-
try into a commercial, cultural and financial hub 
in the region, banks and financial services are critical 
to Kuwait’s economy (The Times Kuwait, 2019). 
Hence, realizing the shift in customers’ demands, 
the growing competition, and considering the oppor-
tunities as well as capabilities of m-banking services, 
Kuwaiti banks embraced and adopted technological 
advancements to offer a customer-centric strategy, 
retain market share, drive opportunities, manage risks 
and improve their efficiencies (The Times Kuwait, 
2019; KFAS, 2019).

Ⅲ. Conceptual Model and 
Hypotheses Development 

Users’ continued use of different technologies has 
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become a main focus of investigation by scholars, 
as it shows whether a particular technology is really 
valuable or nothing more than a gimmick (Rahi et 
al., 2018, p. 24). Early academic efforts in IS continued 
use research adopted the same set of motivational 
variables to explain both acceptance and continuance 
decisions, treating continuance as an extension of 
the initial adoption (Ding, 2019). However, initial 
acceptance has not naturally translated into the con-
tinued use of technology, evidenced by the phenom-
enon that some users accepted the technology initially 
but discontinued its use at a later stage (Dai et al., 
2020). In fact, it is argued that users’ intention to 
use a technology suggests only their positive attitude 
toward the technology and their affiliated desire to 
use it (Huang, 2019), but does not necessarily guaran-
tee their continued use of it (Wang et al., 2019). 
Since people tend to be curious about a novel technol-
ogy, they will have a positive attitude toward the 
technology, followed by the intention to use it (e.g., 
Alraimi et al., 2015; Rahi et al., 2018). Therefore, 
this will not automatically translate into a continuous 
use of the technology, because users will carefully 
assess whether they really need the technology or 
they use it as a transient stage (e.g., Huang, 2019; 
Merikivi et al., 2017). More specifically, users will 
continue to use the technology as long as it satisfies 

their expectations (Huang, 2019), and will stop using 
the technology when it neither matches their expect-
ations nor fulfills their needs (Bhattacherjee, 2001a).

The Expectation Confirmation Model (ECM) is 
focused on post-acceptance and post-consumption 
expectation factors (e.g., Foroughi et al., 2019; Rahi 
et al., 2018). For instance, the ECM focuses on factors 
that influence constancy and retention since prior 
literature argued that the long-term success and via-
bility of an IS are determined by continued use rather 
than initial adoption or usage (Foroughi et al., 2019, 
p. 1017). The ECM, developed by Bhattacherjee 
(2001a) and adapted from the Expectation-Confirma-
tion Theory (ECT) (Oliver, 1980), is supported by 
four main constructs, namely: confirmation, per-
ceived usefulness (or performance expectancy), sat-
isfaction, and continuance intention (Bhattacherjee, 
2001a). <Figure 1> depicts the ECM.

The ECM was mainly employed to examine a 
user’s continuance intention to use a system, suggest-
ing that users’ satisfaction could be regarded as the 
most important factor that determines a user’s in-
tention for continuous use (e.g., Bhattacherjee, 2001a; 
Foroughi et al., 2019; Huang, 2019; Rahi et al., 2018; 
Susanto et al., 2016). In this model, confirmation 
is positively associated with performance expectancy 
and satisfaction; performance expectancy is positively 

Confirmation

Perceived 
Usefulness

Satisfaction Continuous 
Intension

<Figure 1> The ECM (Bhattacherjee, 2001a)
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influencing satisfaction and continuance intention; 
and satisfaction is positively associated with con-
tinuance intention. The ECM has been used to inves-
tigate individuals’ continuous use intension of differ-
ent technologies, for example: digital libraries (Cheng, 
2014b); cloud services (Huang, 2016); mobile gaming 
wearable technology (Nascimento et al., 2018); travel 
apps (Choi et al., 2019); mobile communication appli-
cations (Wang et al., 2019); and mobile banking serv-
ices (Susanto et al., 2016). 

Confirmation (CON) is defined as the extent to 
which user perceives that their initial expectations 
are being confirmed during actual use (Rahi et al., 
2018). In m-banking services context, users’ sat-
isfaction reflects the level of their expectation, which 
matches experience (Susanto et al., 2016). According 
to Bhattacherjee (2001a), user satisfaction was de-
termined by confirmation of expectations from prior 
use and perceived usefulness (i.e., performance ex-
pectancy). In other words, users will be satisfied, 
when m-banking services meet their expectations 
which they had toward m-banking (Foroughi et al., 
2019). Prior studies demonstrated the significant rela-
tionship between confirmation and satisfaction as 
well as performance expectancy (e.g., Alraimi et al., 
2015; Cheng et al., 2019; Foroughi et al., 2019; Fu 
et al., 2018; Shin et al., 2011; Susanto et al., 2016). 
As such, we argue that when users’ confirmed that 
m-banking services meet their expectations, they tend 
to believe that these services are beneficial, effective, 
convenient, and useful; and this, in turn, will promote 
their satisfaction toward these services. Susanto et 
al. (2016, p. 513) stated that, as a general motivation 
and a belief, perceived security and privacy and per-
ceived trust are an important confirmation for users 
after using m-banking services. For instance, 
Foroughi et al. (2019, p. 1019) postulated that users 
may poorly perceive security and privacy as well 

as trust of m-banking services only because they 
are not sure about what to expect from these services 
in terms of security and privacy measures. 
Nevertheless, users are still willing to accept using 
m-banking services so that they could build their 
usage experience as a basis for forming more tangible 
perceptions (Foroughi et al., 2019; Susanto et al., 
2016). As a result, we argue that confirmation of 
expectation in using m-banking services will increase 
users’ perceptions towards security, privacy, and trust. 
Accordingly, we posited the following hypotheses:

H1: Confirmation of expectation positively enhances 
performance expectancy.

H2: Confirmation of expectation positively enhances users’ 
satisfaction.

H3: Confirmation of expectation positively enhances 
perceived trust.

H4: Confirmation of expectation positively enhances 
perceived security and privacy.

Performance expectancy (PE), similar to perceived 
usefulness and relative advantage (Alwahaishi and 
Snásel, 2013; Huang, 2016; Saadé and Bahli, 2005; 
Teo, 2011; Venkatesh et al., 2003), refers to the extent 
to which the individual believes that usage of a partic-
ular technology will provide benefits to him/her in 
performing certain activities (Venkatesh et al., 2012). 
For instance, PE can form individuals’ perceptions 
toward the improvement of performance by using 
a specific technology (Rauniar et al., 2014). In the 
original UTAUT, performance expectancy is the 
strongest predictor of behavioral intention (Beh et 
al., 2019). Venkatesh et al. (2003) argued that PE 
is found to be stable variable to investigate user behav-
ior, both initial and post-adoption stages. Hong et 
al. (2006) and Dia et al. (2020) reported that user’s 
perceived PE of a technology is a key determinant 
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of satisfaction and continuance intention. PE was 
found to be an important predictor of behavioral 
intentions in many research contexts including: web 
portals (Lin et al., 2005); internet banking (Martins 
et al., 2014); e-government (Rabaai, 2015; Rabaai 
et al., 2015; Rabaa’i, 2017b), mobile reading (Gan 
and Xiao, 2015); web-based learning management 
systems (Lwoga and Komba, 2015; Zogheib et al., 
2015); healthcare (Gilani et al., 2017); Facebook 
(Chang, 2016), mobile wallets (Rabaa’i, In press); 
and mobile commerce (Shaw and Sergueeva, 2019). 
Additionally, PE was found to influence users’ sat-
isfaction in different studies (e.g., Bhattacherjee, 
2001a; Kumar et al., 2018; Lim et al., 2019; Oghuma 
et al., 2016; Rezvani et al., 2017). Finally, PE was 
found to affect trust in intent banking (Suh and 
Han, 2002) and m-banking (Susanto et al., 2016). 
Based on the above literature discussion on PE, we 
argue that the more users feel that m-banking services 
are useful, convenient and beneficial, the greater: 
(1) users feel safe and secured in in conducting differ-
ent financial transactions using m-banking services, 
(2) satisfied users will be, (3) the likelihood that 
will continue using these services. Accordingly, this 
study posited the following hypotheses:

H5: Performance expectancy positively enhances perceived 
trust.

H6: Performance expectancy positively enhances users’ 
satisfaction.

H7: Performance expectancy positively enhances continuous 
intension to use m-banking services.

Satisfaction (SAT) refers to “a psychological or 
affective state related to and resulting from a cognitive 
appraisal of the expectation-performance discrep-
ancy (confirmation)” (Bhattacherjee, 2001a, p. 354). 
According to Foroughi et al. (2019), the level of 

customers’ satisfaction with a product or service could 
be the primary reason for making repurchase deci-
sion, which is in fact the same concept as continuance 
intention towards using technology (Tran et al., 
2019). Alraimi et al. (2015) and Cheng et al. (2014b) 
argued that users will have a sense of satisfaction 
about a particular technology and when they find 
it actually useful, they will have the intention to con-
tinue using it. Hence, banks must try to ensure con-
sumers’ satisfaction with unique m-banking services 
to motivate users to continue using these services. 
Prior studies in different technological contexts have 
shown the significant effects of satisfaction toward 
continuance intention to use technology, for example: 
digital libraries (Cheng, 2014b); mobile instant mes-
saging (Oghuma et al., 2016); mobile social apps 
(Hsiao et al., 2016; Rabaa’i et al., 2018); mobile shop-
ping (Shang and Wu, 2017) and m-banking (Foroughi 
et al., 2019; Susanto et al., 2016). As such, the study 
posited that:

H8: Satisfaction positively enhances continuous intension 
to use m-banking services.

This study aims at investigating users’ continuance 
intension to use m-banking services in the post-adop-
tion phase by extending the ECM. However, despite 
its strong theoretical foundation, “the ECM has been 
found to be parsimonious in explaining post-adop-
tion dynamics” (Gupta et al., 2020). As such, re-
searchers in different contexts have added various 
factors to better investigate users’ continuance in-
tention, for example: trust (Asnakew, 2020), per-
ceived security and privacy (Susanto et al., 2016), 
attitude (Ding, 2019), effort expectancy (Foroughi 
et al., 2019), perceived value (Hsiao and Chang, 2014), 
self-efficacy (Hsu and Chiu, 2004), and social norms 
(Kim, 2010). Our proposed model added perceived 



Exploring the Determinants of Users’ Continuance Intention to Use Mobile Banking Services in Kuwait: Extending 
the Expectation-Confirmation Model 

150  Asia Pacific Journal of Information Systems Vol. 31 No. 2

security and privacy, effort expectancy, perceived 
trust, self-efficacy and facilitating conditions as cru-
cial factors that are important to continue using 
m-banking services. The research conceptual model 
of this study is depicted in <Figure 2>.

Chong (2013) argued that security and privacy 
concerns tend to be higher with monetary trans-
actions through mobile devices, as individual and 
private information is stored on users’ mobile phones. 
Security breaches were considered to significantly 
prevent consumers from providing sensitive in-
formation online (Merhi et al., 2019). For instance, 
security issues remain the biggest concern facing 
m-banking services adoption due to the possibility 
of data leakage or theft by hackers for example (Merhi 
et al., 2019). This has been reported in many research 

studies, listing security as one of the most critical 
barriers facing m-banking acceptance and growth 
(e.g., Maduku, 2016; Sun et al., 2017). In their study, 
Hoehle et al. (2012), found 63 studies out of 247 
peer-reviewed articles stating that security was a ma-
jor factor influencing consumers’ intentions to use 
the electronic banking systems. Prior studies found 
security concerns as a significant factor in mobile 
shopping (Huseynov and Özkan Yıldırım, 2019), in 
mobile wallets (Routray et al., 2019), in digital curren-
cies adoption (Roussou et al., 2019), in e-payment 
systems (Xena and Rahadi, 2019), and m-banking 
adoption (Changchit et al., 2019). For instance, the 
issue of security, as a key factor in influencing con-
tinued intention to use m-banking, has been thought-
fully examined in the literature (e.g., Haider et al., 

<Figure 2> The Research Model
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2018; Sharma and Sharma, 2019). 
Moreover, while privacy concerns are not new 

issues to businesses and customers, advancements 
in technology and mobile developments have im-
proved gathering, saving, applying, and sharing per-
sonal information (Dixit and Datta, 2010). The im-
portance of privacy in the online area, in general, 
has been widely studied (Damghanian et al., 2016). 
For instance, customers find more unreliability and 
worry about privacy issues in online areas when work-
ing on the Internet (Casaló et al., 2007). Privacy 
refers to “the ability of the individual to control when, 
how, and to what extent his or her personal in-
formation is communicated to others” (Hong and 
Thong, 2013, p. 276). Previous studies reported pri-
vacy concerns as one of the main barriers of electronic 
banking (e.g., Kassim, 2017; Laforet and Li, 2005), 
mobile cloud storage services (Arpaci, 2016), online 
travel shopping (Cui et al., 2018), mobile self-check-
out systems (Johnson et al., 2020), and m-banking 
adoption (Merhi et al., 2019). Further, users’ per-
ceived privacy can generate trust and satisfaction, 
which in turn will lead to continuous intension to 
use m-banking services (Zhou, 2012a). Moreover, 
privacy concerns were indicated as an efficient pre-
dictive factor over continued intention to use 
m-banking services (e.g., Choudrie et al., 2018; Farah 
et al., 2018). 

Susanto et al. (2016, p. 511) stressed the need 
for banks to urgently address the issues of security 
and privacy concerns in m-banking context, as they 
are the major factors leading to large number of 
people who are still unwilling to utilize m-banking 
services. In fact, security and privacy concerns play 
a critical role in making users prefer to use 
non-m-banking services such as physical bank 
branches and traditional ATMs (e.g., Hanafizadeh 
et al., 2014; Merhi et al., 2019). The literature showed 

that the perception of security and privacy influence 
users’ continued intension to use m-banking services 
(Sharma and Sharma, 2019), and the lack of security 
and privacy decreases users’ satisfaction and per-
ceived trust in the context of such services (e.g., 
Choudrie et al., 2018; Susanto et al., 2016). As such, 
banks should invest in comprehensive security sys-
tems and ensure the privacy of users’ information 
and transactions, this in turn will motivate users’ 
intension to continue using m-banking services 
(Boonsiritomachai and Pitchayadejanant, 2017). 
Accordingly, we integrated perceived security and 
privacy into our extended model of ECM and follow 
the same argument presented by Susanto et al. (2016, 
p. 512), users who have good perceptions toward 
security and privacy conditions of m-banking services 
will have higher affective evaluation toward these 
services. Previous studies indicate that perceived se-
curity and privacy is an important antecedent of 
trust (Centeno, 2004; Kim et al., 2011; Liébana‐
Cabanillas et al., 2013). Moreover, perceived security 
and privacy will drive users’ satisfaction and repeated 
use of m-banking services (e.g., Hanafizadeh et al., 
2014; Susanto et al., 2016). Accordingly, the following 
hypotheses are posited:

H9: Perceived security and privacy positively enhances 
perceived trust.

H10: Perceived security and privacy positively enhances 
users’ satisfaction.

3.1. Effort Expectancy (EE)

Effort expectancy, similar to perceived ease of use 
(e.g., Huang, 2019; Teo, 2011; Venkatesh et al., 2003), 
represents the extent of the ease associated with in-
dividuals’ use of technology (Venkatesh et al., 2012). 
Effort expectancy, in this study, is introduced to 
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measure individuals’ perceived ease of use of m-bank-
ing services. Prior studies have confirmed the signifi
cant relationship between effort expectancy and con-
tinuous intention in different technological contexts, 
such as in: e-learning (Cheng, 2014a), blog sharing 
(Lu and Lee, 2012), Wiki system (Yueh et al., 2015), 
mobile reading (Gan and Xiao, 2015), online banking 
(Alalwan et al., 2016; Alalwan et al., 2017; Alalwan 
et al., 2018), e-government (Rabaai, 2015; Rabaai 
et al., 2015; Rabaa’i, 2017b), and m-banking (Foroughi 
et al., 2019). Moreover, many studies have found 
a significant effect of effort expectancy on performance 
expectancy in different contexts including m-banking 
(e.g., Alalwan et al., 2016; Alalwan et al., 2018; 
Alkhaldi and Kharma, 2019; Alsheikh and Bojei, 2014; 
Alwahaishi and Snásel, 2013; Jaradat and Al Rababaa, 
2013; Rabaa’i, 2017b; Saadé and Bahli, 2005). As such, 
we argue that if users believe m-banking services 
are easy to use and effortless, they will not only perceive 
the use of such services to be beneficial and con-
venient but will also promote their behavioral in-
tensions to continue using these services. Accordingly, 
this study posited the following hypotheses:

H11: Effort expectancy positively enhances performance 
expectancy. 

H12: Effort expectancy positively enhances continuous 
intension to use m-banking services.

3.2. Perceived Trust (PT)

Perceived trust can be defined as “the degree to 
which users have attitudinal confidence for reliability, 
credibility, safety, and integrity of mobile banking 
system from the technical, organizational, social, and 
political standpoints and also from the effective, effi
cient, prompt, and sympathetic customer service re-
sponse, if required” (Shareef et al., 2018, p. 57). The 

authors stated that numerous studies have identified 
that trust has a more important role in transaction 
behavior, like m-banking, than behavior for tradi-
tional banking. Alalwan et al. (2017, p. 103) argued 
that perceived trust, in the m-banking context, can 
be “operationalized as the accumulation of customer 
beliefs of integrity, benevolence and ability that could 
enhance customer willingness to depend on m-bank-
ing to attain the financial transaction”. Due to the 
high degree of uncertainty and perceived security 
and privacy in m-banking services, perceived trust 
becomes an important factor for a person to obtain 
confidence in an exchange partner (Zhou, 2012b). 
Trust often includes three beliefs: ability, integrity, 
and benevolence (Choudrie et al., 2018). Ability is 
defined as service providers having the knowledge 
and ability necessary to fulfil their tasks. Integrity 
means that service providers keep their promises 
and do not deceive users. Benevolence means that 
service providers are concerned with users’ interests, 
not just their own benefits (Choudrie et al., 2018, 
p. 454). For instance, Jøsang et al. (2005) stated in 
their study that the lack of trust is like sand in the 
social machinery and represents a real obstacle for 
the uptake of online services. Therefore, banks are 
encouraged to maintain a relationship, based on trust, 
with m-banking users to motive them to continue 
using such services. Past studies have confirmed the 
significant influence of trust on behavioral intention 
in different technological contexts, such as in: E-com-
merce (Li and Yeh, 2010), online social networks 
(Wu et al., 2014), m-banking (Hanafizadeh et al., 
2014; Susanto et al., 2016), wearable payments 
(Rabaa’i and Zhu, In press), and mobile network 
quality (Maduku, 2016). As such, we argue that per-
ceived trust plays a critical role in motivating users 
to continue using m-banking services. Therefore, the 
study hypothesizes that:
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H13: Perceived trust positively enhances continuous intension 
to use m-banking services. 

3.3. Facilitating Conditions (FC)

Facilitating conditions means that users possess 
the required resources and expertise to use a given 
technology (Cheng et al., 2020). This construct is 
similar to perceived behavioral control in the Theory 
of Planned Behavior (TPB) (Boonsiritomachai and 
Pitchayadejanant, 2017). Aziz (2015)’s study rejected 
the significant positive correlation between facilitat-
ing conditions and continuance intention to adopt 
smart devices, as e-learning tools. The author argued 
that this influence is only presented among older 
women, but the respondents were mostly young 
students. However, various studies have verified the 
significant relationship between facilitating con-
ditions and continuous intention across different 
technological contexts, such as in: mobile shopping 
apps (Tak and Panwar, 2017), mobile wallets (Madan 
and Yadav, 2016), mobile apps in general (Hew et 
al., 2015), social networks (Wu et al., 2014), broad-
band internet technology (Lurudusamy and Ramayah, 
2016), and e-Government (Rabaa’i, 2017b). In the 
m-banking context, facilitating conditions are related 
to the availability of resources, complete support, 
favorable conditions, technological infrastructure, 
compatibility support the use of m-banking and or-
ganizational development (Alalwan et al., 2017; 
Dwivedi et al., 2017; Shaikh and Karjaluoto, 2015). 
Facilitating conditions, in this study, reflects the effect 
of resources availability, internet accessibility, com-
patibility with other smart devices such as mobile 
phones, and required knowledge and skills to engage 
with m-banking services. Therefore, we argue that 
the more facilitating conditions are available to users, 
the greater the likelihood they will continue using 

m-banking services. Accordingly, a hypothesis is pre-
sented as follows:

H14: Facilitating conditions positively enhances continuous 
intension to use m-banking services. 

3.4. Self-efficacy (SEF)

Originated from the Social Cognitive Theory 
(SCT), Bandura (1977) argued that self-efficacy re-
lates to one’s perception of his/her effectiveness in 
executing a particular task. Bandura (1986) asserted 
that self-efficacy pivots an individual’s conviction 
on his or her capabilities rather than the actual abil-
ities possessed. Further, Bandura (1994) discussed 
how self-efficacy influences individual’s thinking, 
motivation and behavioral intention. Self-efficacy 
may also include social behaviors and cognitive proc-
esses that are influenced by users external experience 
and self-perception when making a decision about 
a particular event (Susanto et al., 2016). Users with 
high level of self-efficacy are more confident in their 
ability to conduct a particular act; hence, they are 
motivated to be persistent in their endeavors (Hsiao 
and Tang, 2015). Susanto et al. (2016, p. 512) argued 
that self-efficacy may build one’s ability to complete 
different tasks after learning how to perform activities. 
It will control one’s behavior such as motivation, 
persistence, endurance, and diligence to overcome 
difficulties that may appear. Moreover, self-efficacy 
refers to users’ abilities and skills that they are cogni-
zant of after first-time use, but before making a sen-
sible decision about their continuance behavior 
(Foroughi et al., 2019). As such, the concept of self-ef-
ficacy was linked to IS continuance intention and 
behavior (Bhattacherjee et al., 2008). Self-efficacy, 
in this study, reflects a person’s determined decision 
to continue using m-banking services. Thus, we argue 
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that the higher the perceptions of self-efficacy that 
users possess, the greater the likelihood users will 
continue using m-banking services. Prior studies have 
confirmed the significant relationship between 
self-efficacy and behavioral intention in different 
technological contexts, such as in: using knowledge 
sharing (Cheung et al., 2013), various computer tech-
nologies (Agarwal et al., 2000), internet banking 
(Chan and Lu, 2004), web-based learning (Chiu and 
Tsai, 2014), social networks (Wang et al., 2015), mo-
bile library applications (Hu and Zhang, 2016), learn-
ing management systems (Rabaa’i, 2016), e-govern-
ment (Rabaa’i, 2017b), and m-banking services 
(Alalwan et al., 2016; Foroughi et al., 2019; Gu et 
al., 2009). As such, the study posited that:

H15: Self-efficacy positively enhances continuous intension 
to use m-banking services.

Ⅳ. Methodology

An empirical study was conducted with an ob-
jective to test the relationships between the constructs 
of the conceptual model depicted in <Figure 2>. 
To achieve this objective, a survey-based study was 
employed to collect the needed empirical data. This 
section describes the measurement items, data collec-
tion, the study sample, and the techniques followed 
to control common method bias (CMB).

4.1. Measurement Items

The survey instrument had 31 items for the 9 
constructs of this study. The measurement item scales 
for the constructs were adapted from prior literature, 
with slight wording modifications to fit the study 
context. <Table 1> shows the constructs, the measure-
ment items for each construct and the sources, where 

the measurement items were adapted. Each item, 
except for the Satisfaction construct measurement 
items, was measured with a seven-point Likert scale, 
ranging from ‘‘strongly disagree’’ (1) to ‘‘strongly agree’’ 
(7). The Satisfaction construct adopted, based on 
Spreng et al. (1996)’s dimensions, has been validated 
in the IS context (Bhattacherjee, 2001a; Bhattacherjee 
and Premkumar, 2004; Premkumar and Bhattacherjee, 
2008; Rabaa’i, 2012; Rabaa’i, 2017b; Rabaa’i et al., 
2015). This construct captures respondents’ sat-
isfaction levels both in intensity and direction (Oliver, 
1997) along 7-point scales anchored between four 
semantic differential adjective pairs: “frustrated/con-
tented,” “displeased/pleased,” and “dissatisfied/sat-
isfied” (Bhattacherjee, 2001a). 

Pre-test and pilot test were employed. In the 
pre-test, four expert academics were involved to verify 
the measurement scales, assess the suitability, rele-
vance, readability of the questionnaire, and discuss 
possible changes to be implemented in the questions 
to clarify any ambiguity of the questionnaire. Then, 
to ensure the adequacy as well as reliability of the 
measures and to avoid any confusion or misinter-
pretations of the survey questions, a pilot study was 
conducted before the main study. Thirty-two ques-
tionnaires were used for the pilot study. The ques-
tionnaires were given to senior students at a private 
American university in the State of Kuwait, who 
were asked to fill the given questionnaire and provide 
any comments or concerns about it. Twenty-six ques-
tionnaires were returned. Noticeably, all respondents 
indicated that the questionnaire is easy, clear and 
did not required much time to be filled. Cronbach’s 
alpha was used to check the reliability of the con-
structs’ scale used. Values for all constructs were 
higher than 0.70 as suggested by Nunnally and 
Bernstein (1994).
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<Table 1> The Constructs, the Measurement Items, and the Sources

Constructs Items Sources

Perceived 
Security and 

Privacy (PSP)

PSP1 I think m-banking services have mechanisms to ensure the safe 
transmission of its users’ information

Susanto et al. (2016)PSP2 I feel secure to perform transactions using m-banking services
PSP3 m-banking services are secure to send sensitive information
PSP4 m-banking services are secure and safe to transmit sensitive information

Confirmation
(CON)

CON1 My experience with using m-banking services was better than what I had 
expected 

Bhattacherjee (2001a)
CON2 The service level provided by m-banking services provider was better than 

what I had expected 
CON3 The expectations that I have about M-banking services were correct 

CON4 Overall, most of my expectations from using m-banking services were 
confirmed

Performance 
Expectancy 

(PE)

PE1 I find m-banking services useful in my daily life.

Venkatesh et al. (2012)
PE2 Using m-banking services increase my chances of achieving things that are 

important to me.
PE3 Using m-banking services help me accomplish things more quickly.
PE4 Using m-banking services increase my productivity

Effort 
Expectancy 

(EE)

EE1 Learning how to use m-banking services is easy for me.

Venkatesh et al. (2012)
EE2 My interaction with m-banking services is clear and understandable.
EE3 I find m-banking services easy to use.
EE4 It is easy for me to become skillful at using m-banking services.

Perceived 
Trust (PT)

PT1 Overall, m-banking services are reliable.

Shareef et al. (2018)PT2 The bank takes full responsibility for any type of insecurity during operation 
at m-banking services.

PT3 Legal and technological policies of the bank adequately protect me from 
problems during operation at m-banking services.

Satisfaction
(SAT)

SAT1 frustrated/contented Bhattacherjee (2001a); 
Rabaa’i (2012); 

Rabaa’i et al. (2015); 
Rabaa’i (2017b, 2017a)

SAT2 displeased/pleased

SAT3 dissatisfied/satisfied

Self-Efficacy
(SE)

SEF1 I can perform my banking needs using m-banking services even if there 
is no one around to help me 

Bhattacherjee (2001b); 
Suh and Han (2002)SEF2 I can perform my banking needs using m-banking services with only a simple 

manual or online help for reference

SEF3 I am confident enough in my ability to perform my banking needs using 
m-banking services

Facilitating 
Conditions

(FC)

FC1 I have the resources necessary to use m-banking services 
Venkatesh et al. (2012)FC2 I have the knowledge necessary to use m-banking services

FC3 m-banking services are compatible with other technologies I use
Continuous 
Intension

(CI)

CI1 I intend to continue using m-banking services in the future. 
Bhattacherjee (2001a)CI2 I will always try to use m-banking services in my daily life 

CI3 I will keep using m-banking services as regularly as I do now
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4.2. Data Collection

The data collection took place in the State of Kuwait 
between January and February 2020. Both pa-
per-based and online questionnaires were developed 
and distributed. The items in both survey ques-
tionnaires were in English language only. The survey 
instrument consisted of two sections, with two types 
of response options: multiple choice and a 7-point 
Likert-type and semantic differential scales. Multiple 
choice questions were related to demographics, in-
cluding gender, age, m-banking services experience, 
m-banking services usage, and monthly income. 
Followed by measurement scales questions for-
mulated to test the hypotheses. In both ques-
tionnaires, an explanatory section was included to 
explain the study’s purpose, describe the functionality 
and features of m-banking services, provide examples 
of m-banking services applications. Additionally, par-
ticipants were informed that the participation in this 
study was voluntary and no rewards or incentives 
were offered. Participants were also ensured that the 
confidentiality of the responses is maintained, and 
only aggregated results will be used and reported. 
They were notified of their rights to withdraw from 
this study whenever they want. Data for this research 
study were collected by sending an email invitation 
with a link to the online questionnaire or distributing 
the paper-based questionnaire manually to students, 
alumni, faculty members, staff, at a private American 
university in the State of Kuwait, and they were also 
asked to forward the invitation to their friends and 
relatives. We have also sent WhatsApp and Instagram 
messages, with a link to the online questionnaire, 
to the research team’s contacts who reside in Kuwait. 
We have also invited people randomly, outside uni-
versity and academic context, to take part of this 
study.

4.3. The Study Sample

Since the population size is unknown for this study, 
a convenient sampling method was adopted 
(Liébana-Cabanillas et al., 2018; San Martín and 
Herrero, 2012; Sharma et al., 2019). Moreover, as 
suggested by (Liébana-Cabanillas et al., 2018; San 
Martín and Herrero, 2012; Sharma et al., 2019), the 
quota sampling method was conducted to match 
the target population structure in both age and 
gender. A total of 389 questionnaires were collected. 
Of the submitted questionnaires, 86 were excluded 
because of incomplete answers, leaving 303 usable 
survey responses. SPSS 20 was used to perform the 
descriptive statistical analysis. 

Only 46 percent of respondents are males while 
majority of 54 percent are females. 9 percent of the 
respondents were aged less than 18 years; 37 percent 
were aged between 18-25, 28 percent were aged be-
tween 26-30 years; 11 percent were aged between 
31-40 and 15 percent were above 40 years of age. 
Most of the respondents have been using m-banking 
services between 3–5 years with 42 percent, while 
only 10 percent have been using m-banking services 
for less than a year. About 47 percent of the re-
spondents have been using m-banking services be-
tween 2-3 times a week, and only 7 percent have 
been using m-banking services more than 7 times 
a week. As for the respondents’ monthly income, 
the majority of the respondents, around 33 percent, 
have less than 1,000 Kuwaiti Dinars (KD) as a monthly 
income, while only 16 percent have more than 3,000 
KD as a monthly income. <Table 2> shows a snapshot 
of the respondents’ demographic data.

4.4. Common Method Bias 

Following Podsakoff et al. (2003) suggestions, this 
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study used four main approaches in controlling com-
mon method bias (CMB). Firstly, in the survey design, 
all survey measurement items were written using 
simple and concise language. Secondly, the scale items 
of corresponding constructs were mixed throughout 
the survey as a technique to reduce the likelihood 

of CMB (McLean et al., 2020). Thirdly, we used 
a different measurement scale for the satisfaction 
construct as a technique to reduce the likelihood 
of CMB (Leong et al., 2020). Finally, we apply a 
common latent factor (CLF) with all indicators of 
the constructs included in the model. The CLF pro-

<Table 2> Demographic Data of the Respondents

Data Frequency Percentage
Gender

Male 139 46%
Female 164 54%
Total 303 100%

Age
Less than 18 years 27 9%
18 – 25 years 113 37%
26 – 30 years 85 28%
31 - 40 years 33 11%
More than 40 years 45 15%
Total 303 100%

m-banking services usage
Less than a year 30 10%
1–2 years 109 36%
3–5 years 126 42%
more than 5 years 38 13%
Total 303 100%

Weekly usage of m-banking services
Once a week 64 21%
2-3 times a week 141 47%
4-7 times a week 78 26%
more than 7 times a week 20 7%
Total 303 100%

Monthly Income
Less than 1,000 KD 99 33%
1,000 – 2,000 KD 85 28%
2,001 – 3,000 KD 71 23%
More than 3,000 KD 48 16%
Total 303 100%
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duced a value of 0.5117. To calculate the common 
method variance, 0.5117 was squared, which yields 
a value of 0.2620 (26.2%). A value which falls below 
the recommended 50% (McLean et al., 2020), suggest-
ing the unlikelihood of CMB in this study.

Ⅴ. Results

The research model presented in <Figure 2> was 
analyzed using SmartPLS 3.2.9 (Ringle et al., 2015), 
a software that relies on partial least squares structural 
equation modelling (PLS-SEM) technique. IS re-
searchers have justified the use of PLS-SEM for the 

following reasons, including: PLS delivers latent vari-
able scores, i.e., proxies of the constructs, which are 
measured by one or several indicators (manifest varia-
bles); PLS path modeling avoids small sample size 
problems and can therefore be applied in some sit-
uations when other methods cannot; PLS path model-
ing can estimate very complex models with many 
latent and manifest variables; PLS path modeling 
has less stringent assumptions about the distribution 
of variables and error terms; PLS can handle both 
reflective and formative measurement models 
(Henseler et al., 2009, p. 283) and PLS focuses on 
prediction (Hair et al., 2012). In this study, PLS-SEM 
was used as the research model, presented in Figure 

<Figure 3> The Measurement and Structural Models
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three below is complex with many latent and mani-
fest variables and this research study focuses on 
the prediction of determinant factors which influ-
ence Kuwaiti users’ behavioral intentions to continue 
using m-banking services. The justifications to use 
PLS-SEM in this study are consistent with the justifi-
cation reported in marketing and information sys-
tems research (Hair et al., 2012; Henseler et al., 2009).

Hair et al. (2017a) suggested that the first phase 
in PLS-SEM is to specify a path model that connects 
the measurement items with the constructs. The mod-
el specification is concerned with setting up the outer 
(i.e., measurement) model and the inner (i.e., struc-
tural) model. The outer model presents the relation-
ships between the measurement items and constructs, 
while the inner model presents the relationships be-
tween the constructs. <Figure 3> presents the model 
specification (measurement and structural models) 
of this study.

After specifying the research model, Hair et al. 
(2017a), Hair et al. (2017b) recommend the validation 
of the model by: 1) assessing the outer (i.e., measure-
ment) model then (2) assessing the inner (i.e., struc-
tural) model. 

5.1. Measurement Model

Hair et al. (2017a) argued that both reliability and 
validity have to be verified during measurement mod-
el assessment. Measurement model reliability is meas-
ured by utilizing both Cronbach’s alpha (CA) and 
composite reliability (CR) Hair et al. (2017b). <Table 
3> shows that the CA and CR values for all the 
latent variables are above the threshold measurement 
of 0.7 (Henseler et al., 2009; Henseler et al., 2015).

Measurement model validity is evaluated by assess-
ing convergent validity and discriminant validity. 
Henseler et al. (2009, p. 299) argued that convergent 

validity is established when “a set of indicators repre-
sents one and the same underlying construct”. The 
convergent validity was assessed using the average 
variance extracted (AVE) and factor loadings. The 
AVE should be at least 0.50 and above (Hair et al. 
(2017a); Henseler et al., 2015). The loadings of all 
measurement items (i.e., indicators) should be 0.50 
or above on their hypothesized construct and they 
should be significant (p < 0.05) Hair et al. (2017b). 
These two criteria have been fulfilled as shown in 
<Table 3>.

Discriminant validity refers to “the extent to which 
a construct is empirically distinct from other constructs 
in the path model” (Sarstedt et al., 2014, p. 108), 
and can be assessed by the Fornell and Larcker (1981) 
criterion. The Fornell and Larcker (1981) criterion 
requires constructs’ AVE values to be greater than 
the squared inter-construct correlations. As seen in 
<Table 4>, when comparing the square roots of the 
AVE values with the other values on each column, 
the square roots of the AVE values for each latent 
variable are greater than any correlation relating to 
each latent variable.

As Fornell and Larcker criterion overstate the pres-
ence of discriminant validity, Henseler et al. (2015) 
recommended the use of Heterotrait–Monotrait 
(HTMT) criterion to test the discriminant validity. 
Using a Monte Carlo simulation study, Henseler et 
al. (2015) found that HTMT is able to achieve higher 
specificity and sensitivity rates (97% to 99%) com-
pared to the Fornell-Lacker (20.82%), the most com-
monly used method to assess discriminant validity. 
The results shown in <Table 5> demonstrated that 
all the HTMT values were lower than the recom-
mended threshold 0.90 (e.g., Gold et al., 2001; Grewal 
et al., 2004; Hair et al., 2017b; Teo et al., 2008; 
Voorhees et al., 2016). Hence, the criterion for dis-
criminant validity was achieved.
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<Table 3> Items Loading, Significance Level, Cronbach’s Alpha, Composite Reliability, and AVE.

Items Loading p-value Mean Std. 
Deviation

Cronbach’s 
Alpha

Composite 
Reliability AVE

Perceived Security & Privacy (PSP) 0.917 0.941 0.801
PSP1 0.862 0.000 5.97 1.16
PSP2 0.882 0.000 6.11 1.08
PSP3 0.924 0.000 6.20 1.07
PSP4 0.911 0.000 6.24 1.03

Confirmation (CON) 0.875 0.914 0.728
CON1 0.836 0.000 5.56 1.22
CON2 0.813 0.000 6.07 1.04
CON3 0.899 0.000 5.84 1.11
CON4 0.863 0.000 5.64 1.28

Performance Expectancy (PE) 0.897 0.928 0.764
PE1 0.858 0.000 6.04 1.14
PE2 0.904 0.000 5.65 1.31
PE3 0.895 0.000 5.84 1.28
PE4 0.839 0.000 5.64 1.30

Effort Expectancy (EE) 0.920 0.943 0.806
EE1 0.875 0.000 5.96 1.20
EE2 0.901 0.000 6.03 1.07
EE3 0.895 0.000 6.11 1.06
EE4 0.920 0.000 6.08 1.05

Perceived Trust (PT) 0.957 0.972 0.920
PT1 0.967 0.000 5.53 1.44
PT2 0.968 0.000 5.58 1.37
PT3 0.943 0.000 5.37 1.54

Satisfaction (SAT) 0.852 0.911 0.775
SAT1 0.768 0.000 5.85 1.36
SAT2 0.929 0.000 6.15 1.13
SAT3 0.933 0.000 6.16 1.14

Self-Efficacy (SE) 0.960 0.974 0.926
SE1 0.954 0.000 5.27 1.54
SE2 0.962 0.000 5.16 1.54
SE3 0.971 0.000 5.21 1.51

Facilitating Conditions (FC) 0.841 0.895 0.684
FC1 0.915 0.000 6.01 1.00
FC2 0.929 0.000 6.11 1.11
FC4 0.843 0.000 6.01 1.09

Continuous Intension (CI) 0.916 0.947 0.856
CI1 0.909 0.000 6.16 1.16
CI2 0.922 0.000 5.64 1.57
CI3 0.944 0.000 5.81 1.46
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5.2. Structural Model

After ensuring the reliability and validity of the 
measurement model, the structure model is then as-
sessed (Hair et al., 2017a; Henseler et al., 2009; 
Henseler et al., 2015). As suggested in SEM literature 
(e.g., Chin, 2010; Hair et al., 2017a; Hair et al., 2017b; 
Henseler et al., 2009; Henseler et al., 2015; Rabaa’i, 
2017a), the assessment of the structural model entails: 
Estimates for path coefficients (β), Determination 
of coefficient (R2), Predictive relevance (Q2), and 
Estimates for total effects (f 2) and (q2). 

The first step in assessing the structural model, 

using PLS, should be based on the path coefficient’s 
(β) direction algebraic sign, magnitude and sig-
nificance (e.g., Chin, 2010; Hair et al., 2017b; Henseler 
et al., 2009). In PLS, the individual path coefficients 
of the structural model can be interpreted as stand-
ardized beta coefficients of ordinary least squares 
regressions (Henseler et al., 2009, p. 304). Path co-
efficients should exceed .100 to account for a certain 
impact within the structural model (Urbach and 
Ahlemann, 2010). Furthermore, path coefficients 
should be significant at least at the .050 level (Henseler 
et al., 2009; Urbach and Ahlemann, 2010). A con-
sistent bootstrapping process with 5,000 samples was 

<Table 4> Fornell and Larcker Discriminant Validity Criterion

 CON CI EE FC PSP PT PE SAT SEF
CON 0.853         

CI 0.765 0.925  
EE 0.584 0.624 0.898  
FC 0.650 0.565 0.555 0.897  
PSP 0.608 0.622 0.636 0.644 0.895  
PT 0.628 0.683 0.567 0.423 0.525 0.959  
PE 0.718 0.709 0.642 0.550 0.597 0.657 0.874  

SAT 0.716 0.692 0.570 0.599 0.710 0.592 0.670 0.880  
SEF 0.612 0.637 0.482 0.459 0.453 0.671 0.659 0.498 0.962

<Table 5> Hetrotrait–Monotrait Ratio (HTMT) Test

 CON CI EE FC PSP PT PE SAT SEF
CON  

CI 0.851  
EE 0.649 0.676  
FC 0.738 0.627 0.619  
PSP 0.677 0.673 0.691 0.720  
PT 0.687 0.730 0.605 0.464 0.557  
PE 0.807 0.779 0.708 0.620 0.657 0.708  

SAT 0.823 0.780 0.642 0.689 0.797 0.661 0.765  
SEF 0.666 0.681 0.513 0.501 0.479 0.701 0.708 0.558  
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employed to examine the significance levels of path 
coefficients (Hair et al., 2017a; Hair et al., 2017b). 
<Table 6> presents the path coefficient, t- statistics 
and p-values for the proposed hypothesis. The path 
coefficient provides the significance of the hypothe-
sized relations connecting the constructs. <Table 6> 
reveals that all hypotheses, except H18, were supported.

In PLS, R2 values represent “the amount of variance 
in the construct in question that is explained by the 
model” (Chin, 2010, p. 674). <Figure 4> shows the 
correlation R2 values for performance expectancy 
(R2 = 0.591), perceived security and privacy (R2 = 
0.370), perceived trust (R2 = 0.492), satisfaction (R2 = 
0.650), and continuous intension (R2 = 0.667) and 
with the results of all path coefficients. The R2 value 
of CI (66.7%) clearly indicates that the proposed 
structural model could offer ample explanation on 
continuous intention to use m-banking services.

Predictive relevance (Q2) values were also assessed 
by running a blindfolding procedure and calculated 

using the cross-validated redundancy approach. The 
findings show that the predictive relevance (Q2) for 
the continuous intension to use m-banking services 
(0.560), performance expectancy (0.443), perceived 
security and privacy (0.289), perceived trust (0.449), 
and satisfaction (0.492) are bigger than zero as sug-
gested Chin (2010), Fornell and Cha (1994) and Hair 
et al. (2014). This indicates that the model has a 
significant predictive relevance.

As described by Hair et al. (2012), effect size f 2 

“considers the relative impact of a particular exoge-
nous latent variable on an endogenous latent variable 
by means of changes in the R2”. Similar to the effect 
size f 2, effect size q2 shows an exogenous variable’s 
contribution to an endogenous variable’s Q2 value 
(Hair et al., 2012). Cohen (1988) suggested that f 2 
effect sizes of 0.02, 0.15, and 0.35 are termed small, 
medium, and large, respectively. However, Aguinis 
et al. (2005), based on a 30 years review, has shown 
that the average effect size in tests of moderation 

<Table 6> Hypotheses‘ Path Coefficients, t-statistics, and p-values

 Hypothesis No. Path coefficient t-statistics p-values Supported
CON → PE H1 0.520 9.140 0.000 Yes

CON → SAT H2 0.342 4.417 0.000 Yes
CON → PT H3 0.275 3.568 0.000 Yes
CON → PSP H4 0.608 10.953 0.000 Yes

PE → PT H5 0.383 5.407 0.000 Yes
PE → SAT H6 0.195 3.036 0.003 Yes
PE → CI H7 0.168 2.454 0.014 Yes

SAT → CI H8 0.250 3.743 0.000 Yes
PSP → PT H9 0.129 2.054 0.041 Yes

PSP → SAT H10 0.386 5.577 0.000 Yes
EE → PE H11 0.339 5.170 0.000 Yes
EE → CI H12 0.130 2.438 0.015 Yes
PT → CI H13 0.207 3.128 0.002 Yes
FC → CI H14 0.091 1.779 0.076 No
SEF → CI H15 0.159 2.553 0.011 Yes
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is only 0.009. As such, Kenny (2018) argued that 
a more realistic standard for effect sizes might be 
0.005, 0.01, and 0.025 for small, medium, and large, 
respectively. The author stated that these values are 
“optimistic” given the Aguinis et al. (2005) review. 
<Table 7> shows the effect sizes results. While, for 
example, the effect size f 2 of perceived security and 
privacy (PSP) on perceived trust (PT) is medium 
(0.019), according to Kenny (2018) standard effect 
size, its effect size f 2 on Satisfaction (SAT) (0.245) 
is large. Similarly, the effect size q2 of PSP on PT 
(0.015) is considered medium, according to Kenny 
(2018) standard effect size, its effect size q2 on SAT 
(0.116) is large.

The study extends the standard reporting of 

PLS-SEM by running the Importance-Performance 
Map Analysis (IPMA). The PLS-IPMA tests the total 
effect of an exogenous variable on a specific target 
endogenous variable (i.e., importance) with the aver-
aged latent variable score of the exogenous construct 
(i.e., performance) (Hair et al., 2017b). This test aims 
at detecting an exogenous variable that more effec-
tively improved the value of the target endogenous 
variable (i.e., behavioral intension in this case) with 
its relatively high importance and low performance 
(Hock et al., 2010). As shown in <Table 8>, to predict 
users’ continuous intension to use m-banking serv-
ices, confirmation has the highest importance (0.473), 
followed by performance expectancy (0.339), sat-
isfaction (0.298), effort expectancy (0.296), and per-

<Figure 4> The Structural Model
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ceived trust (0.188). However, in terms of the per-
formance of these constructs to predict users’ con-
tinuous intension to use m-banking services, per-
ceived security and privacy tops the list (86.073), 
followed satisfaction (85.227), effort expectancy 
(84.723), facilitating conditions (84.327), perform-
ance expectancy (80.476), and confirmation (80.121). 
These results imply that though confirmation is the 
most important predictor of users’ continuous in-
tension to use m-banking services, perceived security 
and privacy should be the highest priority.

Unlike covariance-based CB-SEM such as AMOS, 
PLS does not provide the overall model-good-
ness-of-fit statistics. To address this issue, Hair et 

al. (2017a) and Henseler et al. (2015) suggested using 
the Standardized Root Mean Square Residual (SRMR) 
fit index. For the structural model, the SRMR fit 
index is 0.054 which is lower than the proposed 
threshold value of 0.08 (Hair et al., 2017a; Henseler 
et al., 2015). Additionally, as suggested by Hair et 
al. (2017a), the structural model was also assessed 
through the following measures: average path co-
efficient (APC), average R-squared (ARS), and aver-
age variance inflation factor (AVIF). Hair et al. 
(2017a) recommended that the values for both the 
APC and ARS be significant at least at the 0.05 level, 
whereas the AVIF should be lower than 5. <Table 
9> reveals that the model meets the recommended 

<Table 7> Effect Sizes

 f 2 q2

 CI PSP PT PE SAT CI PSP PT PE SAT
CON 0.587 0.065 0.434 0.145 0.406 0.054 0.237 0.059

EE 0.025 0.185 0.014 0.104
FC 0.014 0.011
PSP 0.019 0.245 0.015 0.116
PT 0.054 0.032
PE 0.030 0.128 0.048 0.018 0.109 0.067

SAT 0.082 0.046
SEF 0.034 0.021

<Table 8> PLS-IPMA Analysis for Continuous Intension to Use m-banking Services

 Total Effect Importance Index Value Performance
Confirmation 0.473 80.121
Effort Expectancy 0.296 84.723
Facilitating Conditions 0.120 84.327
Perceived Security & Privacy 0.160 86.073
Perceived Trust 0.188 76.001
Performance Expectancy 0.339 80.476
Satisfaction 0.298 85.227
Self-Efficacy 0.136 72.414
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threshold values, suggesting that the data is a good 
fit with the proposed model.

Ⅵ. Discussion and Implications

6.1. Discussion

This study aimed at providing further under-
standings in relation to the main factors that could 
predict customers’ intention to continue using 
m-banking services in the State of Kuwait. As such, 
the study adopted the ECM, as a theory base, and 
extended the model with other factors such as self-ef-
ficacy, facilitating conditions, perceived trust, effort 
expectancy, and perceived security and privacy. 
Constructs reliability and validity as well as model 
fit indices and predictive relevance were all achieved. 
As shown in <Figure 4>, the statistical results sup-
ported the predictive power of the conceptual model 
in explaining substantial variance in performance 
expectancy (R2 = 0.591), perceived security and pri-
vacy (R2 = 0.370), perceived trust (R2 = 0.492), sat-
isfaction (R2 = 0.650) and continuous intension (R2 
= 0.667). Such values of R2 were within a highly 
acceptable level, which exceeded all the recom-
mended values in this regard, such as: 40% (Straub 
and Gefen, 2004) and 30% (Kline, 2016). This, in 
turn, provided further evidence supporting the con-
ceptual model proposed in the current study to 
explain customers’ intention to continue using 
m-banking services. As shown in <Table 6>, all study 

hypotheses, except H14 (Facilitating Conditions → 

Continuous Intension), were established and con-
firmed with the results. 

The study results indicated that the confirmation 
construct has a significant positive relationship with 
performance expectancy (H1) and satisfaction (H2). 
These significant relationships were supported in pre-
vious studies (e.g., Al-Emran et al., 2020; Alshurideh 
et al., 2020; Chen et al., 2013; Gupta et al., 2020; 
Hong et al., 2006; Joo et al., 2016; Joo et al., 2017; 
Oghuma et al., 2015; Oghuma et al., 2016; 
Poromatikul et al., 2020; Susanto et al., 2016). These 
results could be interpreted as when customers’ ex-
pectations towards m-banking services’ benefits and 
advantages are confirmed, the system will, in turn, 
influence their performance and satisfaction. 
Moreover, the study results confirmed the important 
role of the confirmation construct in predicting cus-
tomers’ perceived trust (H3) and perceived security 
and privacy (H4). These findings were noted in prior 
studies (e.g., Bhattacherjee et al., 2008; Foroughi et 
al., 2019; Gupta et al., 2020; Hwang et al., 2016; 
Iranmanesh et al., 2017; Susanto et al., 2016; Yuan 
et al., 2016). These results could be due to when 
customers’ expectations, from using m-banking serv-
ices, are confirmed; this, in turn, will exhibit their 
perceived security and privacy as well as perceived 
trust toward such services.

Additionally, the empirical results of this study 
have supported the significant relationships between 
performance expectancy and perceived trust (H5) 
and satisfaction (H6) with m-banking services. These 

<Table 9> Inner Model Evaluation Indices

Average path
coefficient (APC)

Average
R-squared (ARS)

Average variance inflation
factor (AVIF) SRMR fit index

0.279* 0.554* 3.68 0.054
Note: *p < 0.001
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significant relationships were reported in prior stud-
ies (e.g., Al-Emran et al., 2020; Alshurideh et al., 
2020; Asnakew, 2020; Foroughi et al., 2019; Joo et 
al., 2017; Kim-Soon et al., 2017; Marinković et al., 
2020; Oghuma et al., 2016; Poromatikul et al., 2020; 
Sabah, 2019; Susanto et al., 2016; Tam et al., 2018). 
These results could be attributed to the fact that 
when m-banking services enhance the performance 
of customers, they would generally be satisfied with 
and trust such services. Also, the empirical results 
of this study supported the significant relationship 
between performance expectancy and users’ con-
tinuous intension to use m-banking services (H7). 
This finding is in line with prior IS studies (Alalwan, 
2020; Alalwan et al., 2017; Albashrawi and Motiwalla, 
2019; Foroughi et al., 2019; Gilani et al., 2017; Martins 
et al., 2014; Poromatikul et al., 2020; Susanto et al., 
2016; Venkatesh et al., 2011). This result implies 
that our study’s respondents valued the usefulness, 
benefits, and convenience of the m-banking services 
and this promoted their continuous intension to use 
such services. 

Statistical results also recognized the important 
role of satisfaction in influencing customers’ con-
tinuous intension to use m-banking services (H8). 
This result is supported by previous IS and mobile 
banking studies (e.g., Al-Emran et al., 2020; Alshurideh 
et al., 2020; Asnakew, 2020; Foroughi et al., 2019; 
Joo et al., 2017; Kim-Soon et al., 2017; Oghuma et 
al., 2016; Poromatikul et al., 2020; Sabah, 2019; 
Susanto et al., 2016; Tam et al., 2018). This would 
be interpreted as customers’ satisfaction with 
m-banking services will have a strong influence on 
their intension to continue using such services.

The empirical results demonstrated that perceived 
security and privacy significantly influence both per-
ceived trust (H9) and satisfaction (H10). These results 
were previously reported in the context of m-banking 

services (e.g., Albashrawi and Motiwalla, 2019; 
Hanafizadeh et al., 2014; Susanto et al., 2016; Zhou, 
2012b). It is argued that, only when users have high 
confidence toward the security and privacy provided 
by a bank, they will trust the bank enough to use 
its m-banking services (Susanto et al., 2016). 
However, in their study, Susanto et al. (2016) found 
no significant relationship between perceived security 
and privacy and satisfaction. The authors argue that 
“Since security is a must-have in banking services, its 
presence will not affect user satisfaction” (p. 518). On 
the contrary, we argue that security and privacy are 
not guaranteed in the banking sector and since bank-
ing transactions involve critical financial information, 
it is important to assure users that it is secured to 
conduct different m-banking services. Hence, it is 
crucial to assure users of the security and privacy 
measures taken by a bank. These assurances will 
influence users’ satisfaction with m-banking services 
(e.g., Albashrawi and Motiwalla, 2019; Hanafizadeh 
et al., 2014).

Furthermore, the results proved that effort expect-
ancy also has a significant impact on performance 
expectancy (H11). This result can be interpreted as 
if users perceived the use of m-banking services needs 
less effort and is not difficult, they will perceive the 
use of these services as useful and beneficial in their 
lives (Davis, 1989). In other words, users’ perception 
of the system usefulness is influenced by how easy 
the system is to use and does not require too much 
effort to learn and use. These results were reported 
in previous IS literature and mobile banking context 
(e.g., Alalwan et al., 2017; Natarajan et al., 2018; 
Riquelme and Rios, 2010). Additionally, statistical 
results of this study also confirmed the significant 
causal path between effort expectancy and customers’ 
continuous intension to use m-banking services 
(H12). This implies that the respondents of our study 
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were anxious about the difficulty and simplicity when 
using m-banking services. This result is in line with 
prior findings (e.g., Alalwan, 2020; Alalwan et al., 
2017; Hubert et al., 2017; Natarajan et al., 2018; 
Riquelme and Rios, 2010; Yu, 2012), and could be 
interpreted as when customers perceived the use of 
m-banking services to be easy and effortless, they 
will continue using such services

Perceived trust was also found to be a significant 
construct in predicting customers’ continuous in-
tension to use m-banking services (H13). This result 
was confirmed in previous studies (e.g., Alalwan et 
al., 2017; Poromatikul et al., 2020; Susanto et al., 
2016). The result can be attributed to the fact that 
users, in m-banking services context, do not interact 
with bank employees face-to-face. Therefore, it is 
possible that users feel higher level of risk and higher 
uncertainty compared to offline banking at the branch 
of a bank (Susanto et al., 2016). In Kuwait, the context 
of this study, Rouibah et al. (2016) reported that 
customers’ trust is the most important factor affecting 
customers’ intention to use electronic online pay-
ments among Kuwaiti citizen. In fact, Shao et al. 
(2019) argued that for an emerging country, like 
Kuwait, given its relatively weaker institutional and 
legal environments, perceived trust plays an im-
portant salient role in promoting users’ behaviors 
to continue using a technology such as m-banking 
services.

The empirical results of the current study failed 
to confirm the role of facilitating conditions in pre-
dicting customers’ continuous intension to use 
m-banking services (H14). These findings could be 
due the following: Internet accessibility is always 
available in Kuwait, mobile network infrastructure 
is well developed and 100% of land area and pop-
ulation are covered (KFAS, 2019); all m-banking serv-
ices are developed to work with Android or iOS 

operating systems; hence, promoting the compati-
bility with other smart devices customers are using; 
the vast majority of m-banking services offer 24/7 
customers’ support line and frequently asked ques-
tions on their websites to ensure human support 
are available to customers when needed; the massive 
penetration of mobile devices and mobile apps leads 
to a high degree of user confidence and familiarity 
with downloading, configuring, and interacting with 
apps (Okumus et al., 2018); thus, supporting the 
role of facilitating conditions as a limiting factor 
(Okumus et al., 2015); finally, this study’s participants 
are actual adopters, 90% of the participants have 
more than one year experience with m-banking serv-
ices, and have used different m-banking services be-
fore; therefore, with adequate experience level of tech-
nology use, customers are less likely to be influenced 
by the role of facilitating conditions to shape their 
continuous intension to use a particular (Venkatesh 
et al., 2003; Venkatesh et al., 2012). Similar findings 
were reported by Okumus et al. (2018), Shaw and 
Sergueeva (2019), and Alalwan (2020) who found 
a non-significant relationship between facilitating 
conditions and behavioral intension to continue us-
ing mobile food diet apps, mobile commerce, and 
mobile food delivery apps respectively. 

Finally, statistical results empirically affirmed the 
significant influence of self-efficacy on users’ con-
tinuous intension to use m-banking services (H15). 
This implies that users’ capabilities in conducting 
and accomplishing certain tasks using m-banking 
services will impact their continuous intension to 
use such services (Foroughi et al., 2019; Susanto et 
al., 2016).

6.2. Implications

From a theoretical perspective, this study added 
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on the existing knowledge of m-banking services 
and examined different factors predicting customers’ 
intension to continue using these services in the 
post-adoption phase, which, so far, has not been 
studied in the State of Kuwait. Thus, to the best 
of our knowledge, this is the first study that extended 
and empirically assessed the applicability of the ECM 
in the m-banking services context in a developing 
country - Kuwait. Our study has extended the ECM 
by integrating factors that are important to m-bank-
ing services, including: perceived security and pri-
vacy, perceived trust, self-efficacy and facilitating 
conditions. This study investigated how con-
firmation, performance expectancy, and perceived 
security and privacy influenced m-banking custom-
ers’’ perceived trust and satisfaction. We also eval-
uated how performance expectancy, effort expect-
ancy, perceived trust, satisfaction, self-efficacy and 
facilitating conditions predict customers’ continuous 
intension to use m-banking services. Our study also 
goes beyond what was proposed in the original ECM 
and found that, in Kuwaiti context, perceived security 
and privacy significantly influence both perceived 
trust and satisfaction. Perceived trust was found to 
be a very significant factor in predicting Kuwaiti 
customers’ continuous intension to use m-banking 
services. The study’s results also demonstrated that 
satisfaction is an important factor for Kuwaiti cus-
tomers’ before they decide to continue using m-bank-
ing services. Additionally, this study’s results con-
firmed that only when Kuwaiti customers have high 
confidence toward the security and privacy provided 
by a bank, they will trust the bank enough to use 
its m-banking services (Susanto et al., 2016). The 
results of this study also confirmed that security and 
privacy are not guaranteed in Kuwaiti banking sector, 
as argued by Susanto et al. (2016). In fact, since 
banking transactions involve critical financial in-

formation, it is critical to assure Kuwaiti customers 
that it is secured to conduct different m-banking 
services, hence; these assurances will, in turn, influ-
ence their satisfaction (e.g., Albashrawi and Motiwalla, 
2019; Hanafizadeh et al., 2014).

From a practical perspective, this study shed light 
on different important factors, including perceived 
security and privacy, performance expectancy, con-
firmation, effort expectancy, perceived trust, sat-
isfaction, and self-efficacy, which significantly influ-
ence customers’ intension to continue using m-bank-
ing services in Kuwait. Hence, Kuwaiti banks should 
focus their attention to any aspect relating to these 
factors to motivate Kuwaiti customers to continue 
using m-banking services. With such attention given 
to these factors, banks can improve their m-banking 
services and ensure its continued use after the adop-
tion phase. The results of this study provided evidence 
that customers’ intension to continue using m-bank-
ing services in Kuwait is influenced by perceived 
trust and satisfaction. As such, Kuwaiti banks have 
to ensure that all m-banking services are available 
and running in secured platforms and assure users 
that they can conduct different financial transactions 
effectively, efficiently, and securely using these 
platforms. Additionally, to ensure customers’ sat-
isfaction with m-banking services, banks can expand 
on their financial services provided by m-banking, 
enhance the functionalities and features of m-banking 
services, and maintain the availability as well as the 
performance, effectiveness, and efficiency of m-bank-
ing services 24/7. Foroughi et al. (2019) argue the 
need for banks to establish and maintain relationships 
with m-banking users to ensure that the system is 
able to meet users’ needs and expectations. They 
suggest that banks should meet their users’ pre-adop-
tion expectations. This in turn will positively influ-
enced customers’ satisfaction and achieve the role 
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of performance expectancy (Alalwan et al., 2017; 
Simintiras et al., 2014), which will affect continuous 
intention to use m-banking services. In contrast, if 
m-banking service providers do not meet customers’ 
pre-adoption expectations, then it is possible that 
they will experience a continuing loss of users 
(Foroughi et al., 2019). Finally, to achieve the roles 
of effort expectancy and self-efficacy banks can con-
duct attractive awareness campaigns to demonstrate 
the usefulness, as well as the ease of use and learn, 
of m-banking services, design an easy to use, high 
quality and customizable user interface, and post 
videos that explain how to use m-banking services 
and to increase users’ familiarity with different fea-
tures of these services.

Ⅶ. Limitations and Future Research

While we believe that we invested our best efforts 
in this study to achieve its intended objectives, it 
is constrained by a few limitations. First, this study 
focused on Kuwaiti m-banking services users. Kuwait 
is a rich developing country with well-advanced tech-
nology infrastructure and its citizen are also much 
technology savvy (Rabaai et al., 2015), compared to 
the citizens in many other developing countries, and 
enjoys one of the highest internet and mobile pene-
tration levels in the world (NBK, 2018). Future studies 
should investigate the proposed model in other coun-
tries with additional economic, environmental, and 
technological factors. Second, the majority of this 
study respondents (85%) were aged below 40 years. 
Although the distribution of the respondents’ age 
is representative of the Kuwaiti population, given 
that Kuwait has a young population, with 63% below 
the age of 30 (NBK, 2018), findings might be biased. 
Future studies should validate the proposed model 

among older individuals who are less technologically 
savvy than younger individuals who dominate mobile 
usage in general. Third, this study is cross-sectional, 
and thus it does not demonstrate changes in users’ 
continuous intension to use m-banking services over 
time. Prior studies have found that user expectations 
change over time (Liao et al., 2009). Also, the external 
environment and competitors can influence users’ 
expectations (Hsu et al., 2014). Therefore, a longi-
tudinal empirical study should be conducted in future 
studies to explain how temporal changes affect users’ 
continuous intension to use m-banking services. 
Finally, this study did not examine the quality of 
the m-banking services that users utilize. Future stud-
ies should investigate how satisfaction with as well 
as the quality of m-banking services, such as system 
quality and service quality, may influence customers’ 
continuous intention to use m-banking services.

Ⅷ. Conclusion

This study added on the existing literature of 
m-banking services and examined different factors 
predicting users’ intension to continue using m-bank-
ing services in the post-adoption phase, where, studies 
on this phase are scarce in general, and so far, has 
not been studied in the Kuwaiti context in particular. 
Our study has extended the ECM (i.e., the theoretical 
foundation) by integrating factors that are important 
to m-banking services, including: perceived security 
and privacy, perceived trust, self-efficacy and facilitat-
ing conditions. The main statistical results of this 
study supported the predictive validity and relevance 
of the proposed model by accounting for about 66.7% 
of variance and 56% of predictive relevance of the 
Kuwaiti customers’ continuous intention to use 
m-banking services. Confirmation, performance ex-
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pectancy, and perceived security and privacy were 
all confirmed to be significant predictors of both 
m-banking users’ perceived trust and satisfaction. 
Performance expectancy, effort expectancy, per-

ceived trust, satisfaction, and self-efficacy were all 
significant in predicting customers’ continuous in-
tension to use m-banking services, though facilitating 
conditions were not significant.
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