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Snoring sound detection method using attention-based
convolutional bidirectional gated recurrent unit
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ABSTRACT: This paper proposes an automatic method for detecting snore sound, one of the important
symptoms of sleep apnea patients. In the proposed method, sound signals generated during sleep are input to detect
a sound generation section, and a spectrogram transformed from the detected sound section is applied to a classifier
based on a Convolutional Bidirectional Gated Recurrent Unit (CBGRU) with attention mechanism. The applied
attention mechanism improved the snoring sound detection performance by extending the CBGRU model to learn
discriminative feature representation for the snoring detection. The experimental results show that the proposed
snoring detection method improves the accuracy by approximately 3.1 % ~ 5.5 % than existing method.

Keywords: Snoring detection, Sound activity detection, Attention mechanism, Convolutional bidirectional gated
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