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ABSTRACT

COVID-19 occurred in China in December 2019 and spread to the world. Untact culture becoming commonplace due
to the spread of COVID-19, is accelerating digital transformation across society. The government is increasing government
fund to overcome national crisis situations such as COVID-19. In order to efficiently execute these government funds, the
government and policy financial institutions need to come up with two measures. One is to establish a transparent
government fund execution process, and the other is to secure the objectivity of the review process. In this paper, to solve
this problem, we designed the execution process of government funds from the government to end users with Consortium
Blockchain, and designed a machine learning algorithm for internal review of policy financial institutions. The research
data proposed in this paper will be helpful in setting the future government policy direction for government fund execution.
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Fig. 1 Deep Learning and Machine Learning
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Table. 1 Components and Roles of Hyperledger Fabric

Components Roles and Functions
Client Transaction creation
Peer Verify and propagate the requested
Physical transaction, Ledger Update
component Agreement algorithm role,
Orderer Transaction sorting,
Block creation, sharing
1Ch; 11 L
Channel Channe edgc?r, .
Logical Peer-to-peer communication
component | Organization Peer and orderer grouping
Transaction Event on Network
Digital certificate use,
PKI . .
Encryption/Decryption
rtificati ; - :
Certification Fabric CA | Digital Certificate Management
factor
Set network management
MSP ; &
authority and scope
/ S e Org1 \
PN orderl
I car .
D-el = Chain ===
R s | code1
N = >
Sk ‘ Peerl (@ Ledger1|
T
) ‘— Channell @ Org2
' l l CA2
DApp1 Chain
R s code1l
\_ 1k

s Peerz . Ledger1
11K

Fig. 3 Example of network construction process
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Fig. 4 Transaction process
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Participants Roles
Government
Channel 1 | Policy Financial Institutions, | Transfer of Funds
End Users
Policy Financial Institutions, .
Guarantee against
Channel 2 | Guarantee Agency
End users
End users
Channel 3 Policy F inancial Insptutlons, Fund Supervision
Supervisory Authority
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Fig. 5 Blockchain Channel and Chain Code
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Table. 5 Comparisons between Statistical Model and Al
Model

Statistical Model Al Model
Use of variables Limited Non-limited
Function Linear Non-linear
prejudice Yes No
Interpretation of .
Results Easy Difficulty
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