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Abstract In order to increase the probability of success in big data projects, quantified techniques are
required to analyze the root cause of risks from complex causes and establish optimal countermeasures.
To this end, this study measures risk factors and relationships through SNA analysis and presents a way
to respond to risks based on them. In other words, it derives a dependency network matrix by utilizing
the results of correlation analysis between risk groups in the big data projects presented in the
preliminary study and performs SNA analysis. In order to derive the dependency network matrix, partial
correlation is obtained from the correlation between the risk nodes, and activity dependencies are
derived by node by calculating the correlation influence and correlation dependency, thereby producing
the causal relationship between the risk nodes and the degree of influence between all nodes in
correlation. Recognizing the root cause of risks from networks between risk factors derived through SNA
between risk factors enables more optimized and efficient risk management.

This study is the first to apply SNA analysis techniques in relation to risk management response, and
the results of this study are significant in that it not only optimizes the sequence of risk management
for major risks in relation to risk management in IT projects but also presents a new risk analysis
technique for risk control.
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Table 1. Risk classification table of big data Project[3]
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Table 2. Correlation analysis result by risk group of big
data project[‘”

R1 R2 R3 R4 R5 RG
R1 1
R2 | 679 1
R3 | 775" | .825™ 1
R4 | 749" | 777 | 877 1
RS | 668 | 774 | .796™ | .809** 1
RG | 723" | 812 | .826™ | .839™* | .844™ 1

**p<0.01
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Table 4. Partial correlatlons of Risk group

0 R R2 R3 R4 RS R6
RLRI | NaN 1 1 1 1 1
R1,R2 NaN NaN 0.111 0.2326 | 0.3437 | 0.228
R1,R3 NaN 0.5178 NaN 0.3711 | 0.5401 | 0.4566
RLR4 | NaN | 04791 | 02283 | NaN | 04769 | 0.3788
RLR5 | NaN | 0.3065 | 0.1336 | 0.1595 | NaN | 0.156
R1,R6 NaN 0.4006 | 0.2326 | 0.2624 | 0.3989 NaN
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