Journal of Digital Convergence ISSN 2713—6434 / eISSN 2713—6442
Vol. 19. No. 2, pp. 1-12, 2021 https://doi.org/10.14400/JDC.2021.19.2.001

By ndly 7149k o 9]
=)
1__'

SsHloly ATt 5% Bal

1 ]2 O 3%
syl @l Aas
logre)stin Aedstat sy, 2

stu At} s,

g AE e

Topic Modeling—Based Domestic and Foreign Public Data
Research Trends Comparative Analysis

Dae—Yeong Park!, Deok—Hyeon Kim?, Keun—Wook Kim®*
"Undergraduate, School of Business, Yeungnam University,
*Undergraduate, Department of Statistics, Kyungpook University,
*Director, Big Data Center, Daegu Digital Industry Promotion Agency

9 o H 4z gy o vdelH ] At 7RE AEH o Frkekar glom, R E FE oy /it
g A=A o wsta vk SN o138 AEe] FEulold &8 QFFEelE AA sk dEeln,
H Al A FEdolE okl A5 shetdt b WEks RS Aot glrh ofd  AFx e FEElolE %}
A A7 TS Fofsbr] A BiE whold JellA F2 EEE= B RARS &835to] 248 ol&
el 9] SHrwi 5 FadolEl’, Public Data'e] 7|9 =7t E3HE =8-S 1,4377, 9] 9,60771)S =35}
o] LDA €atg]s 7|vke] B mEllgS Faaiglon, e g3dleld A7 $3FS Bl EAstke] A AA S
AT B4 A o] A FEiol A At 5 olFa Ao, ol o, 1A B At =4

SER T

=
H, == AR A A=,

i
>,
S
i
fr
>
&
f
e
Hl
il o
rlr
L
ro
o
s
T
ot
4
ol
o,
o
)

Abstract With the recent 4th Industrial Revolution, the growth and value of big data are continuously
increasing, and the government is also actively making efforts to open and utilize public data. However,
the situation still does not reach the level of demand for public data use by citizens, At this point, it
1s necessary to identify research trends in the public data field and seek directions for development.
In this study, in order to understand the research trends related to public data, the analysis was
performed using topic modeling, which is mainly used in text mining techniques. To this end, we
collected papers containing keywords of ‘Public data’ among domestic and foreign research papers
(1,437 domestically, 9,607 overseas) and performed topic modeling based on the LDA algorithm, and
compared domestic and foreign public data research trends. After analysis, policy implications were
presented. Looking at the time series by topic, research in the fields of 'personal information
protection', 'public data management', and 'urban environment' has increased in Korea. Overseas, it
was confirmed that research in the fields of 'urban policy', 'cell biology', 'deep learning', and 'cloud -
security' is active.
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Table 6. Number of papers published by domestic and
foreign public data journals

Domestic Foreign
Rank
Journal Name Num | Journal Name Num
1 Journal of Digital 34 Scientific 330
Convergence Reports
Journal of the Korean Nature
2 Society for Information 29 .. 211
Communications

Management
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3 and Information Science 28 BMC Genomics 204
Society

Journal of the Korean Biblia BMC
4 Society For Library And 27 .. . 191

. . Bioinformatics
Information Science

5 International Journal of 07 Nature 91
Contents

Journal of Korean
6 Association for Regional 22 | Genome Biology 87
Information Society

Journal of the Korean
7 Society for Library and 19 Scientific Data 76
Information Science
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