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Objectives: The coronavirus disease 2019 (COVID-19) pandemic is a public health emergency posing unprecedented challenges for 

health authorities. Social media may serve as an effective platform to disseminate health-related information. This study aimed to as-

sess the extent of social media use, its impact on preventive behavior, and negative health effects such as cyberchondria and informa-

tion overload.

Methods: A cross-sectional observational study was conducted between June 10, 2020 and August 9, 2020 among people visiting the 

outpatient department of the authors’ institution, and participants were also recruited during field visits for an awareness drive. Ques-

tions were developed on preventive behavior, and the Short Cyberchondria Scale and instruments dealing with information overload 

and perceived vulnerability were used.

Results: The study recruited 767 participants with a mean age of about 45 years. Most of the participants (>90%) engaged in preven-

tive behaviors, which were influenced by the extent of information received through social media platforms (β=3.297; p<0.001) and 

awareness of infection when a family member tested positive (β=29.082; p<0.001) or a neighbor tested positive (β=27.964; 

p<0.001). The majority (63.0%) of individuals often searched for COVID-19 related news on social media platforms. The mean±stan-

dard deviation scores for cyberchondria and information overload were 9.09±4.05 and 8.69±2.56, respectively. Significant and mod-

erately strong correlations were found between cyberchondria, information overload, and perceived vulnerability to COVID-19.

Conclusions: This study provides evidence that the use of social media as an information- seeking platform altered preventive behav-

ior. However, excessive and misleading information resulted in cyberchondria and information overload.
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INTRODUCTION

A novel coronavirus (now known as severe acute respiratory 
syndrome coronavirus 2, or SARS-CoV-2) was first reported in 
Wuhan, Hubei Province, China in December 2019 and has rap-
idly spread to the rest of the world. The World Health Organi-
zation (WHO) declared the disease a pandemic on March 11, 
2020 [1]. The coronavirus disease 2019 (COVID-19) pandemic 
has since reached unprecedented magnitude, with approxi-



23

Social Media and Preventive BehaviorJournal of 
Preventive Medicine 
& Public Health

22 Copyright © 2021  The Korean Society for Preventive Medicine

mately more than 29 million cases and around 1 million deaths 
worldwide, and more than 5 million cases and 83 198 deaths 
in India as of late September 2020 [2]. Governments across the 
world implemented and enforced quarantine, social distancing, 
and isolation measures to reduce the risk of infection.

During pandemics, the public needs access to timely and re-
liable information about the causes, manifestations, and pre-
vention of the disease. Since little is known about COVID-19—
an issue that was particularly prominent early in the pandem-
ic— it is essential to provide correct information obtained from 
authentic sources. Mass media have long been considered to 
be vital shapers of the public’s risk perceptions [3]. Currently 
social media are often seen as fast and effective platforms for 
searching, sharing, and distributing health information among 
the general population. Despite the importance of rapid ac-
cess to information in these critical situations, poor compre-
hension and inaccurate or false information in the form of ru-
mors or unreliable news can lead to misunderstanding in the 
community, which makes the situation worse [4,5].

The WHO has recently spoken about the need to fight not 
only the current COVID-19 pandemic, but also the related info-
demic. The perceived quantity and credibility of information 
received are correlated with adherence to infection prevention 
behavior [6]. Obsessive online searching for health-related in-
formation, typically about specific symptoms, leads to an in-
crease in anxiety or worry that persists as one continues to 
search; this phenomenon is termed as cyberchondria [7]. Al-
though cyberchondria does not appear to be a distinct disor-
der, it has been associated with functional impairment and in-
creased healthcare utilization, which has significant public 
health implications [8]. Information overload is a condition in 
which one cannot process all the communication and infor-
mational input [9].

In the wake of the pandemic, this study aimed to assess the 
amount of information received online related to COVID-19 
from both active searches and passive exposure, preventive 
behaviors among members of the general public, and the neg-
ative health effects of social media usage (namely, cyberchon-
dria and information overload).

METHODS

Study Setting
A cross-sectional study was conducted from June 10, 2020 

to August 9, 2020 in the city of Imphal in Manipur State, India. 

Participants aged 18 years or above who agreed to participate 
were included in the study.

Study Procedure
A convenience sampling method involving multiple strate-

gies was used to recruit participants for the study. Patients vis-
iting the general outpatient department of the homeopathic  
research institute in Imphal, a center of complementary and 
alternative medicine, were recruited on-site using the assess-
ment questionnaires. People were also approached during an 
awareness drive for COVID-19 in villages through home-to-
home visits and were recruited for the study with their consent. 

The socio-demographic characteristics of the subjects were 
collected in a predesigned format. A self-reported question-
naire on preventive practices was developed following the 
recommendations of the Ministry of Health and Family Wel-
fare of the government of India [10]. It consisted of 13 ques-
tions measured on a 5-point Likert scale with response options 
of “not at all=1,” “rarely=2,” “sometimes=3,” “very often=4,” 
and “always=5”. The numerical responses to each question 
were added to give a final score that ranged from 13 points to 
65 points. Higher scores indicated better preventive practices. 
The draft questionnaire was sent to 5 experts and the final 
version was prepared after the consensus of the experts. 

There were 18 questions on social media, which were based 
on several validation studies on cyberchondria, information 
overload, vulnerability to COVID-19, and the extent of infor-
mational support received online [11-14]. The questions were 
framed to obtain information on the time that participants 
spent daily on social media platforms, which information they 
searched for most and how often, and whether they experi-
enced panic due to social media use. Four questions enquired 
about the extent of information received online about COVID-19 
with responses of “didn’t receive at all,” “received occasionally,” 
“received rarely,” “received regularly,” and “received a great deal” 
[11]. Cyberchondria was measured using the Short Cyberchon-
dria Scale, which consisted of 4 questions [12]. Information 
overload and perceived vulnerability to COVID-19 had 3 ques-
tions each [13,14]. The response options for all three sections 
were “completely disagree =1,” “somewhat disagree =2,” 
“somewhat agree=3,” “mostly agree=4,” and “completely 
agree=5”. The numerical responses to the questions in each 
section were added to give a total score for the respective sec-
tion, with higher scores indicating a more severe problem.

The questionnaire was in the English language and the par-
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ticipants marked their responses on their own. Any assistance, 
if needed, was provided by a member of the research team 
and the response was then cross-checked for completion and 
correctness.

Statistical Analysis
The information gathered was entered into a spreadsheet 

and statistical tests were performed using Microsoft Excel soft-
ware (Microsoft, Redmond, WA, USA). The descriptive analysis 
gave frequency, percentage, mean scores, and standard devia-
tion (SD) of responses under each section. Analysis of variance 
or the t-test was performed to identify any significant differenc-
es in preventive behavior and social media components de-
pending on demographic variables. The post-hoc test revealed 
groups that were significantly different from each other. Re-
gression analysis was performed to evaluate the relationships 
among preventive practices, social media use, and awareness 
of infection. Pearson correlation analysis was conducted to de-
termine correlations between different social media variables. 
A p-value<0.05 was considered to indicate statistical signifi-
cance.

Ethics Statement 
The study was approved by the Institutional Ethical Commit-

tee of the Regional Research Institute for Homoeopathy, Imphal 
(approval No. 168).

RESULTS

The study recruited a total of 767 participants, of whom 543 
were recruited from the institute’s outpatient department and 
224 from home-to-home visits. The demographic characteris-
tics of the study participants are given in Supplemental Mate-

rial 1. The study participants were evenly distributed among 
all the age groups, with the highest percentage of participants 
in the age group of 41-50 years (n=178, 23.2%). The mean 
age of the study participants was 45 years. The majority of 
participants were women (n=433, 56.4%), married (n=622, 
81.1%), and lived in urban localities (n=589, 76.8%). Further-
more, 61.7% (n=473) of the population did not take any pro-
phylactic medicine, while 37.3% (n=286) of people took ho-
meopathic medicine as a prophylactic measure against COV-
ID-19. Only 13 (1.7%) of the participants had been tested for 
COVID-19 and only 1 (7.7%) of those participants had a posi-
tive result. At least 1 of the family members of 6 (0.8%) sub-
jects had tested positive, while a neighbor of 17 (2.2%) partici-
pants had tested positive for COVID-19.

Preventive Practices Among the Study  
Population

As shown in Supplemental Material 2, that the people of 
Manipur followed preventive practices to a large extent, such 
as wearing face masks in public places (n=755, 98.4%), avoid-
ing shaking hands and other contacts with people (n=728, 
93.9%), and avoiding crowded or public places (n=706, 92.0%). 
The participants were less diligent in cleaning or disinfecting 
objects and surfaces touched by them or others (n=457, 59.6%). 
It was observed that preventive practices were significantly 
associated with the number of hours spent on social media 
(β=0.874; p=0.003), how often subjects sought information 
on COVID-19 (β=1.387; p<0.001), the extent of information 
received online related to COVID-19 (β=3.297; p<0.001), cy-
berchondria (β=0.255; p<0.001), and panic caused by news 
on COVID-19 in social media (β=3.445; p<0.001). The most 
significant relationship with preventive practices was found 
for an awareness of infection in one’s surroundings, as evidenced 

Table 1. Regression analysis showing relationships among preventive behavior, social media, and awareness of infection

Preventive behavior β1 SE
95% confidence interval

p-value
LCL UCL

No. of hours spent on social media 0.874 0.292 0.301 1.447 0.003

Frequency of seeking information on COVID-19 on social media 1.387 0.227 0.941 1.833 <0.001

Extent of information received 3.297 0.268 2.770 3.824 <0.001

Cyberchondria 0.255 0.059 0.140 0.370 <0.001

Panic due to social media use 3.445 0.468 2.527 4.363 <0.001

Family member tested positive for COVID-19 29.082 0.128 28.830 29.333 <0.001

Neighbor tested positive for COVID-19 27.964 0.178 27.615 28.313 <0.001

SE, standard error of the coefficient; LCL, lower confidence limit; UCL, upper confidence limit; COVID-19, coronavirus disease 2019.
1Regression coefficient.
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by a family member testing positive (β=29.082; p<0.001) or a 
person in one’s neighborhood/locality testing positive (β=  
27.964; p<0.001) (Table 1).

The mean±SD score for preventive behavior in the study 
sample was 58.04±6.64 with a 95% confidence limit of 0.47. 

Preventive practices were significantly more commonly prac-
ticed by women (p=0.009) and persons living in a nuclear fam-
ily (p<0.001). Significant differences in practices were found 
among demographic groups according to the type of area 
(p=0.003), education (p=0.040), and occupation (p=0.007) 
(Table 2). The post-hoc analysis showed that subjects living in 
rural areas (vs. urban areas, Q=4.113; p=0.010), with a gradu-
ate education  (vs. higher secondary, Q=4.109; p=0.031), with 
a government job (vs. a private job, Q=4.185; p=0.026), as 
well as homemakers/housewives (vs. private job, Q=4.192; 
p=0.026) and those who were unemployed (vs. private job, 
Q=4.689; p=0.008), showed significantly higher levels of pre-
ventive practices (Table 3).

Social Media Use
The majority of the participants (n=395, 51.5%) spent on an 

average upto 1 hour a day on social media platforms and 63.0% 
(n=483) of individuals searched for COVID-19–related news 
on these platforms during the pandemic. Fewer than half (43.3%) 
of the participants believed that COVID-19 news on social me-
dia spread panic among the public. To a greater extent, infor-
mation on scientific facts related to the pandemic was received 
by 58.5% (n=449), on preventing contracting the virus by 49.7% 
(n=381), on the spread of the virus by 49.3% (n=378), and re-
sources to give and receive social support during the pandem-
ic by 41.7% (n=320) of participants. With the array of informa-
tion available on social media platforms, the majority of people 

Table 2. Comparison of mean scores for preventive behavior 
across demographic variables (n=767)

Variables n (%)
Preventive behavior

Mean±SD t / F1 p-value

Total 58.04±6.64

Age (y)

   18-30 155 (20.2) 58.94±6.38 1.935 0.103

   31-40 147 (19.2) 57.72±7.60

   41-50 178 (23.2) 58.57±5.64

   51-60 166 (21.6) 57.12±6.85

   >60 121 (15.8) 57.78±6.66

Gender

   Men 334 (43.5) 57.33±6.76 -2.601 0.009

   Women 433 (56.4) 58.59±6.49

Marital status

   Married 622 (81.1) 57.83±6.67 -1.890 0.060

   Unmarried 145 (18.9) 58.96±6.43

Type of area

   Rural 135 (17.6) 59.43±6.63 5.787 0.003

   Urban 589 (76.8) 57.60±6.66

   Semi-urban 43 (5.6) 59.77±5.40

Education

   Up to junior high school 116 (15.1) 57.35±7.50 2.525 0.040

   High school 156 (20.3) 58.19±6.93

   Higher secondary 131 (17.1) 56.71±6.80

   Graduate 304 (39.6) 58.72±6.04

   Postgraduate and above 60 (7.8) 58.48±6.23

Occupation

   Government job 130 (16.9) 58.64±6.45 3.590 0.007

   Business 129 (16.8) 58.04±6.32

   Private job 151 (19.7) 56.30±6.77

   Homemaker 225 (29.3) 58.36±6.72

   Unemployed 132 (17.2) 58.91±6.56

Type of family

   Nuclear 269 (35.1) 59.44±5.70 4.596 <0.001

   Joint 498 (64.9) 57.29±6.98

Chronic illness

   Yes 174 (22.7) 57.94±6.20 1.355 0.259

   No 548 (71.4) 57.94±6.79

   Don’t know 45 (5.9) 59.62±6.31

SD, standard deviation.
1t-test or analysis of variance.

Table 3. Post-hoc analysis of preventive behavior, cyberchon-
dria, information overload, and perceived vulnerability

Preventive behavior Q-value1 p-value

Rural vs. urban 4.113 0.010

   Higher secondary vs. graduate 4.109 0.031

   Government job vs. private job 4.185 0.026

   Private job vs. homemaker 4.192 0.026

   Private job vs. unemployed 4.689 0.008

Cyberchondria

   Rural vs. semi-urban 4.550 0.004

   Urban vs. semi-urban 4.090 0.011

Information overload

   Junior high vs. higher secondary 4.255 0.023

   Chronic illness: yes vs. not sure 3.611 0.029

Perceived vulnerability

   Rural vs. urban 3.505 0.036

   Urban vs. semi-urban 3.519 0.035
1Tukey honest significant difference q-statistics.
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experienced cyberchondria, as 42.8% (n=328) felt frightened, 
42.1% (n=323) felt frustrated, 34.2% (n=262) felt confused, 
and 35.7% (n=274) felt that once they started reading infor-
mation about COVID-19 online it was hard for them to stop. 
There was information overload about COVID-19, as shown by 

the fact that 48.2% (n=370) of the participants were distracted 
by the excessive amount of information, 72.5% (n=556) were 
overwhelmed by the amount of information that they processed 
daily, and 82.5% (n=633) participants could not form a coher-
ent picture of what was happening. A small number of partici-

Table 4. Comparison of mean scores of cyberchondria, information overload, perceived vulnerability across demographic vari-
ables (n=767)

Variables
Cyberchondria Information overload Perceived vulnerability

Mean±SD t / F1 p-value Mean±SD t / F1 p-value Mean±SD t / F1 p-value

Total 9.09±4.05 8.69±2.56 6.65±2.40

Age (y) 0.587 0.672 1.284 0.275 1.210 0.305

   18-30 9.29±4.61 8.37±3.02 7.08±2.82

   31-40 8.83±4.08 8.58±2.57 7.29±2.352

   41-50 9.29±3.90 8.97±2.36 7.63±2.36

   51-60 9.18±3.67 8.79±2.29 7.45±2.08

   >60 8.75±4.00 8.68±2.55 7.48±2.32

Gender -1.792 0.074 1.261 0.208 2.487 0.013

   Men 8.79±4.36 8.82±2.73 7.64±2.66

   Women 9.33±3.79 8.58±2.42 7.20±2.16

Marital status 0.897 0.371 2.562 0.011 2.607 0.010

   Married 9.16±3.95 8.81±2.46 7.51±2.32

   Unmarried 8.80±4.47 8.14±2.92 6.88±2.66

Type of area 5.235 0.006 2.439 0.088 5.543 0.004

   Rural 8.64±3.26 8.29±2.15 6.98±1.84

   Urban 9.07±4.24 8.80±2.70 7.54±2.52

   Semi-urban   10.91±3.15 8.42±1.50 6.60±1.88

Education 0.886 0.472 2.742 0.028 1.363 0.245

   Up to junior high school 8.71±3.78 8.18±2.38 7.02±1.89

   High school 9.03±3.35 8.58±2.25 7.51±2.20

   Higher secondary 9.50±3.91 9.16±2.51 7.62±2.31

   Graduate 9.00±4.40 8.65±2.79 7.43±2.689

   Postgraduate and above 9.60±4.69 9.10±2.43 7.08±2.34

Occupation 0.587 0.672 1.657 0.158 0.956 0.431

   Government job 8.85±4.30 8.58±2.73 7.40±2.60

   Business 8.82±4.03 8.79±2.55 7.72±2.55

   Private job 9.09±4.07 9.06±2.58 7.40±2.30

   Homemaker 9.40±3.53 8.67±2.18 7.32±1.98

   Unemployed 9.08±4.61 8.30±2.94 7.17±2.77

Type of family 2.430 0.015 -1.492 0.136 0.485 0.628

   Nuclear 9.59±4.24 8.51±2.30 7.45±2.31

   Joint 8.83±3.92 8.78±2.70 7.36±2.44

Chronic illness 0.893 0.410 3.834 0.022 2.033 0.132

   Yes 9.13±4.13 9.07±2.49 7.71±2.37

   No 9.15±4.06 8.63±2.62 7.31±2.44

   Don’t know 8.31±3.60 7.98±1.95 7.18±1.81

SD, standard deviation.
1t-test or analysis of variance. 
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pants (n=217, 28.2%) agreed that they were vulnerable to con-
tracting COVID-19 in the given circumstances (Supplemental 
Material 3). The mean±SD scores of cyberchondria, information 
overload, and perceived vulnerability were 9.09±4.05, 8.69±

2.56, and 6.65±2.40, respectively. Cyberchondria was signifi-
cantly higher among nuclear families (p=0.015) and informa-
tion overload was experienced more by married individuals 
(p=0.011). Men (p=0.013) and married persons (p=0.010) 
perceived significantly higher vulnerability to COVID-19. Sig-
nificant differences were found in scores for cyberchondria 
(p=0.006) and perceived vulnerability (p=0.004) by type of 
area. Information overload was significantly different among 
various education groups (p=0.028) and in persons with chronic 
illnesses (p=0.022) (Table 4). The post-hoc analysis revealed 
that participants living in semi-urban areas (vs. rural, Q=4.550; 
p=0.004; and vs. urban, Q=4.090; p=0.011) showed signifi-
cantly higher cyberchondria, while those living in urban areas 
(vs. rural, Q=3.505; p=0.036; and vs. semi-urban, Q=3.519; 
p=0.035) experienced significantly higher vulnerability to CO-
VID-19. Similarly, information overload was significantly high-
er among persons with education up to higher secondary (vs. 
junior high school, Q=4.255; p=0.023) and those with chronic 
illnesses (vs. not sure, Q=3.611; p=0.029) (Table 3). Moderate-
ly strong and positive correlations were found between cyber-
chondria and information overload (r=0.595; p<0.001); cy-
berchondria and perceived vulnerability (r=0.503; p<0.001); 
and between information overload and perceived vulnerabili-
ty (r=0.588, p<0.001) (Table 5).

DISCUSSION

In recent years, a series of infectious disease outbreaks around 
the world have shed light on the significance of effective com-
munication strategies [15]. An emerging infectious disease 
threatens the health of large numbers of people and requires 
urgent action to stop the disease at the community level [16]. 
Difficulties in an outbreak’s initial stage mainly arise from high 

levels of uncertainty about the exact route of contamination, 
treatment, and recovery [17]. In this study, the amount of CO-
VID-19 related information participants received online, from 
both active searches and passive exposure of social media, was 
associated with the adoption of preventive behaviors. On av-
erage, participants were middle-aged (around 45 years) and 
the predominant gender was woman. In previous studies, it 
has been stated that women access social networks more fre-
quently than men [18].

During recent infectious disease outbreaks, social media 
networking sites have functioned as first-hand information 
channels from which the public can obtain disease-related in-
formation [19]. Although the role of social media has been es-
tablished, the question of how informational support received 
might lead to an overload of information for an individual, 
which in turn may result in cyberchondria, remains unanswered. 
This study showed a correlation between information overload 
and cyberchondria, which aligns with the findings of another 
study [11]. Furthermore, studies investigating the public’s re-
sponse to the information received and searched during such 
outbreaks are limited. To fill this gap, this study examined how 
social media use influenced the degree to which members of 
the public received correct information, which in turn predict-
ed their preventive behaviors and resulted in cyberchondria. 
The extent of information received online in this study led to 
fear, frustration, and confusion, which were aggregately termed 
as “cyberchondria,” among 42.8%, 42.1%, and 34.2% of partici-
pants, respectively. Self-relevant emotions such as fear or an-
ger can strongly shape people’s beliefs about how risks influ-
ence them and mediate the influence of media exposure on 
personal-level risk perception and, in turn, increase desirable 
preventive behaviors [20,21]. This fact was corroborated by 
the present study, which showed a significant relationship be-
tween cyberchondria and preventive behavior (p<0.001).

In this study, the majority of participants (63.0%) only read 
COVID-19 related information on social media platforms, spend-
ing up to 1 hour (51.5%), 2 hours (25.3%), and 3 hours or more 
(23.2%) per  day on these platforms. Recent research has also 
showed that people rely heavily on the Internet to search for 
relevant COVID-19 health information [22,23]. Besides acquir-
ing information through active searching, people are also inci-
dentally exposed to health information online [24]. The remark-
able overall preventive behavior among the participants of this 
study is consistent with findings from other studies on individ-
uals’ engagement in preventive measures against COVID-19 

Table 5. Correlations between cyberchondria, information 
overload, and perceived vulnerability

Variables r 1 p-value

Cyberchondria and information overload 0.595 <0.001

Cyberchondria and perceived vulnerability 0.503 <0.001

Information overload and perceived vulnerability 0.588 <0.001
1Pearson correlation coefficient.
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[25,26]. Similar to other studies, the practices followed by more 
than 90% participants were covering one’s  mouth while sneez-
ing/coughing, wearing a facemask when in public places [27,28], 
avoiding shaking hands with other people, avoiding crowded 
places [28], avoiding non-essential social and cultural events, 
and avoiding public transport and non-essential travels [27]. 
Although the majority of participants showed good preventive 
practices, disinfecting surfaces or objects was found to be lack-
ing (59.6%), perhaps because disinfection requires particular 
effort. Overall, some preventive measures require greater ef-
fort (e.g., cleaning frequently touched surfaces) or pose greater 
difficulties (e.g., staying home) than others and are thus deemed 
less feasible.

It has been documented that fearful people tend to perceive 
greater risk because they have a sense of uncertainty and little 
control over their situations [29,30]. The health belief model, 
protection motivation theory, and precaution adaption process 
model have theorized that a person’s perceived risk of a par-
ticular health hazard motivates him or her to engage in pre-
ventive behaviors as a way to reduce the risk [31-33]. Accord-
ing to the inverted U-shaped fear drive model, a moderate 
level of fear can engender a motivational state for adaptive 
coping behaviors, but when fear levels are too low or high; in-
dividuals may not attend to or avoid such behaviors [34]. This 
finding was substantiated in the present study, as the majority 
of people experienced a moderate level of fear (mean, 2.37±

1.12), which led to preventive behavior in more than 90% of 
people.

Awareness of infection in one’s social surroundings, includ-
ing family, friends and relatives, and local communities, are 
likely to affect people’s risk perceptions and their engagement 
in preventive behaviors [11]. The findings of this study showed 
a significant and strong relationship between preventive prac-
tices and awareness of infection, such as a family member 
testing positive (β=29.082; p<0.001) and a person in the 
neighborhood/locality testing positive (β=27.964; p<0.001).

Using social media as an information source increases both 
cyberchondria and information overload and the extent of in-
formation received online had an impact on fear among mem-
bers of the public, which was found to motivate the adoption 
of preventive practices. Furthermore, people who experience 
cyberchondria and information overload feel more vulnerable 
and at risk of contracting COVID-19. This study attempted to 
extend the connections among social media use, risk percep-
tion, and preventive behaviors. However, some limitations of 

this work should be considered. As this was a cross-sectional 
study, we could not assess the causal relationship between 
preventive practices and social media exposure. This study 
was conducted mostly among people visiting a healthcare fa-
cility, which may limit the generalizability of the results to the 
general population. Nonetheless, participants were also re-
cruited from home-to-home visits during an awareness drive 
for COVID-19, which balanced the study sample. Another limi-
tation of this study is that the Likert scale used in the ques-
tionnaire may have had a bias towards agreement, as there 
was no midpoint (neutral).

Social media platforms have emerged to be a necessary tool 
for the public, as they help information to quickly reach peo-
ple at all levels. Through social media, the health system and 
resources of India  have provided access to knowledge and in-
formation about COVID-19 among a larger population. How-
ever, the perceptions of this information by the population 
need to be evaluated, as negative effects are emerging. The 
purpose of this study was to examine the effects of social me-
dia on preventive behavior adopted by the general population 
of Imphal during the COVID-19 pandemic, as mediated by the 
negative effects of social media (namely, cyberchondria and 
information overload). It follows from the findings that, although 
cyberchondria and information overload are generally regard-
ed to be negative, during the COVID-19 pandemic they con-
tributed to the widespread adoption of recommended preven-
tive behavior by the population of Imphal. The finding that us-
ing social media as a source of information gave rise to both 
cyberchondria and information overload invites further research 
on the impact of social media on human behavior, especially 
during pandemics.
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