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p—value 0
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At 27|
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( Abstract )

A Study on Utilization of Vision Transformer for
CTR Prediction

Tae—-Suk Kim', Seokhun Kim , Kwang Hyuk Im

Click-Through Rate (CTR) prediction is a key function that determines the ranking of candidate items in the
recommendation system and recommends high-ranking items to reduce customer information overload and achieve profit
maximization through sales promotion. The fields of natural language processing and image classification are achieving
remarkable growth through the use of deep neural networks. Recently, a transformer model based on an attention mechanism,
differentiated from the mainstream models in the fields of natural language processing and image classification, has been
proposed to achieve state-of-the-art in this field. In this study, we present a method for improving the performance of a
transformer model for CTR prediction. In order to analyze the effect of discrete and categorical CTR data characteristics
different from natural language and image data on performance, experiments on embedding regularization and transformer
normalization are performed. According to the experimental results, it was confirmed that the prediction performance of the
transformer was significantly improved when the L2 generalization was applied in the embedding process for CTR data input
processing and when batch normalization was applied instead of layer normalization, which is the default regularization
method, to the transformer model.

Key Words: Click—Through Rate, Deep Neural Network, Recommender systems, e—business
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