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ABSTRACT

This study aims to provide implications for establishing support policies for students by empirically analyzing data on
university students dropouts. To this end, data of students enrolled in D University after 2017 were sampled and collected.
The collected data was analyzed using topic modeling(LDA: Latent Dirichlet Allocation) technique, which is a
probabilistic model based on text mining. As a result of the study, it was found that topics that were characteristic of
dropout students were found, and the classification performance between groups through topics was also excellent. Based
on these results, a specific educational support system was proposed to prevent dropout of university students. This study
is meaningful in that it shows the use of text mining techniques in the education field and suggests an education policy
based on data analysis.
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Table. 1 Main fields of raw data for LDA
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Table. 2 Quartile conversion of numerical data

Category Field Category Field
Entrance year Transfer major
Department Code Maj or Cur.rlculum fo'r
connection |teaching profession
Department Linked Major
Name Major
Current enrollment Liberal arts
Outside the fixed Curriculum for
number teaching profession
Basic Number of .
. . L Minor
registrations Acquisition
Current semester grade Multiple major
Re-entry Total
Exchange grade
Drop out (domestic)
Exchange grade
Drop out_semester (abroad)
Drop out_reason GPA
Admission type Grades GPA(Major)
Entrance examination . .
. . Academic warning
classification
. Area Service time
Admission — -
Hieh school Administrative
£ Internship
. Extracurricular
Income decile .
acquisition grade
Off—campys University Extracurricular
scholarship life center
On-carppus- Extracurricular
scholarship_high
Program
Scholarship grade
On-campus
scholarship_Low Dormitory
income
On-campus
scholarship Etc
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Enrolled students | Drop out students .
. = = Service
Quartile Overall | Major | Overall | Major e
Rating | Rating | Rating | Rating

Min. 0.0 0.0 0.0 0.0 0.0

Ist Qt. (25%) | 3.008 29 0.0 0.0 8.0
2st Qt. (50%) | 3.362 | 3.378 | 2.531 | 2.125 24.0
3rd Qt. (75%) | 3.729 | 3.833 3.22 3.25 54.5
Max 4.5 4.5 4.45 4.5 501.0
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Table. 3 optimization of topic number

3|

(parameters : alpha=auto, pass=20, iteration=400)
. Coherence
Num. of topics
Enrolled students Dropout students
3 -9.106 -10.832
5 -3.404 -6.340
10 -3.687 -7.573
15 -3.164 -5.879
20 -3.396 -6.587
25 -3.324 -6.467
30 -3.481 -6.183
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Table. 4 Topic analysis of enrolled students and dropout students(Top 5 words in each topic)

# of Topic Enrolled students Dropout students
I Income decile:6, Income decile:7, On-campus Income decile:8, Income decile:2, AD Department,
scholarship_Low income, Income decile:5, Income decile:8 Off-campus scholarship, 1st year 2nd semester
2 Regular decision-(A)Art, AF Department, Y Department, C | On-campus scholarship Low income, Income decile:4,
Department, I Department Income decile:6, Income decile:7, Off-campus scholarship
3 3rd semester 1st semester, Semester Registration 5, Dormitory, 2nd year 2nd semester, Semester Registration 4, T
Regular decision-(B)General student, AK Department Department, X Department, Drop out_personal issues
4 1“C°me decile:3, In.c ome decﬂ.e: 4 On-campus scholarship TIJOW O Department, Semester Registration 3, 2nd year 1st semester,
income, Extracurricular_Writing counseling, Extracurricular DD .
N . epartment, Regular decision-(A)General student
center Communication Capacity Development Center
Extragumcular center_Department of Teaching, Y Department, Al Department, Income decile:5, Regular
5 Extracurricular_Excellence program, AA Department, decision-(A)General student, Regular decision-(B)Art
Service time Upper middle, N Department - 1e8
Outside the fixed number, Suburban admission type, Early On-campus scholarship_Excellent grades, Drop
6 decision-suburbs, Early decision_Specialized high school, | out_ Admission to other universities, Semester Registration
Vocational high school 5, 3rd semester 1st semester, Major grade:high
7 Ext(r:a;;dlrrécularilegming Program, Extracm‘ri'cular center_ Academic warning, U Department, Drop out_Academic
, Extracurricular center_General Affairs center, . . .
Extracurricular_Total Development, Extracurricular Internship warning, Ist year 2nd semester, Semester Registration_2
3 Income decile:10, X Department, Early decision_Korea Income decile:1, AB Department, Drop out Admission to
SAT, 2nd year 2nd semester, Semester Registration 4 | other universities, Semester Registration 2, 1st year 2nd semester
Extracurricular center Career development center, 3rd Income decile:9, AM Department, Overall grade Lower
9 semester 2nd semester, Semester Registration_6, Extracurricular |  middle, Overseas Koreans, Early decision_Foreigner &
Practical carrer competency, Extracurricular_Carrer program Overseas Koreans
10 Income decile:2, On-campus scholarship_Low income, | Regular decision-(B)Art, AC Department, AH Department,
Administrative Internship, Income decile:3, Income decile:1 AK Department, Transfer major from AB
1 J Department, Transfer major from AL, Transfer major, Busan, Regular decision-(A)Korea SAT, Chungbuk, Y
On-campus scholarship Etc, Income decile:10 Department, Semester Registration_1
2 Early decision_Essay exam, 1st year 2nd semester, Semester| A Department, Semester Registration_1, 1st semester, |
Registration 2, Income decile:0, W Department Department, G Department
3 Income decile:8, Regular decision-(B)Art, AH Department, | Q Department, Daejeon, AG Department, Regular decision-
P Department, Early decision-Art (A)General student, Drop out Admission to other universities
14 Regular decision-(B)Korea SAT, U Department, Income | W Department, B Department, Early decision_Essay exam,
decile:9, O Department, Semester Registration 2 1st semester, Semester Registration 1
Income decile:1, 2nd year 1st semester, Semester 1st semester, Semester Registration_1, E Department, Drop
15 Registration_3, On-campus scholarship_Low income, out_Admission to other universities, Regular
Administrative Internship decision-(B)Korea SAT
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