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ABSTRACT

Positioning technology is performing important functions in augmented reality, smart factory, and autonomous driving.
Among the positioning techniques, the positioning method using beacons has been considered a challenging task due to
the deviation of the RSSI value. In this study, the position of a moving object is predicted by training a neural network
that takes the RSSI value of the receiver as an input and the distance as the target value. To do this, the measured
distance versus RSSI was collected. A neural network was introduced to create synthetic data from the collected actual
data. Based on this neural network, the RSSI value versus distance was predicted. The real value of RSSI was obtained
as a neural network for generating synthetic data, and based on this value, the coordinates of the object were estimated
by learning a neural network that tracks the location of a terminal in a virtual environment.
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