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ABSTRACT

In this paper, an antenna selection scheme is proposed in massive multi-user multiple input multiple output (MU-MIMO)
systems. The proposed antenna selection scheme can achieve almost the same performance as a conventional scheme while
significantly reducing the overhead of feedback by using deep reinforcement learning (DRL). Each user compares the
channel gains of massive antennas in base station (BS) to the Z-largest channel gain, converts them to one-bit binary
numbers, and feed them back to BS. Thus, the feedback overhead can be significantly reduced. In the proposed scheme,
DRL is adopted to prevent the performance loss that might be caused by the reduced feedback information. We carried out
extensive Monte-Carlo simulations to analyze the performance of the proposed scheme and it was shown that the proposed
scheme can achieve almost the same average sum-rates as a conventional scheme that is almost optimal.
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Fig. 1 Proposed antenna selection scheme for massive MIMO communication systems
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