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Abstract

Since the Fourth Industrial Revolution, various changes have occurred in society as a whole due to
advance in technologies such as artificial intelligence and big data. The amount of data that can be
collect in the process of applying important technologies tends to increase rapidly. Especially in
academia, existing generated literature data is analyzed in order to grasp research trends, and analysis
of these literature organizes the research flow and organizes some research methodologies and
themes, or by grasping the subjects that are currently being talked about in academia, we are making
a lot of contributions to setting the direction of future research. However, it is difficult to access
whether data collection is necessary for the analysis of document data without the expertise of ordinary
programs. In this paper, propose a text mining—based topic modeling Web application model. Even if
you lack specialized knowledge about data analysis methods through the proposed model, you can
perform various tasks such as collecting, storing, and text—analyzing research papers, and researchers
can analyze previous research and research trends. It is expect that the time and effort required for
data analysis can be reduce order to understand.
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