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Abstract Gesture recognition analytics through a camera in real time have been widely studied in recent
years. Since a small number of features from human joints are extracted, low accuracy of classifying
models is get in conventional gesture recognition studies. In this paper, CBAM (Convolutional Block
Attention Module) with high accuracy for classifying images is proposed as a classification model and
algorithm calculating the angle of joints depending on actions is presented to solve the issues. Employing
five exercise gestures images from the fitness posture images provided by AI Hub, the images are applied
to the classification model. Important 8-joint angles information for classifying the exercise gestures is
extracted from the images by using MediaPipe, a graph-based framework provided by Google. Setting
the features as input of the classification model, the classification model is learned. From the simulation
results, it is confirmed that the exercise gestures are classified with high accuracy in the proposed

model.
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Fig. 6. Physical exercise gesture dataset.
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