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Abstract In this paper, we evaluate Boosted 3-D PCA as a Dataset and evaluate its performance. After
that, we will analyze the network features and performance. In this paper, the learning was performed
using the 300W-LP data set using the same learning method as Boosted 3-D PCA, and the evaluation
was evaluated using the AFLW2000 data set. The results show that the performance is similar to that of
the Boosted 3-D PCA paper. This performance result can be learned using the data set of face images
freely than the existing Landmark-to-Pose method, so that the poses can be accurately predicted in
real-world situations. Since the optimization of the set of key points is not independent, we confirmed
the manual that can reduce the computation time. This analysis is expected to be a very important
resource for improving the performance of network boosted 3-D PCA or applying it to various

application domains.
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