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Abstract

Non-destructive inspection using X-rays is used as a method to check the inside of products. In order to
accurately inspect, a X-ray image requires a higher spatial resolution. However, the reduction in pixel size of the
X-ray detector, which determines the spatial resolution, is time-consuming and expensive. In this regard, a DMM
has been proposed to obtain an improved spatial resolution using the same X-ray detector. However, this has a
limitation that the motion blur phenomenon, which is a decrease in spatial resolution. In this paper, motion blur
was removed by applying Non-Blind Deconvolution to the DMM image, and the increase in spatial resolution was
confirmed. DMM and Non-Blind Deconvolution were sequentially applied to X-ray images, confirming 62 % MTF
value by an additional 29 % over 33 % of DMM only. In addition, SSIM and PSNR were compared to confirm
the similarity to the 1/2 pixel detector image through 0.68 and 33.21 dB, respectively.
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Fig. 2. Experimental setup
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