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Abstract e —

In the presidential political system, the word of the president has great influence on the for-
mation of national policy and the decision-making process. Policy priorities are determined accord-
ing to the president's ideology and core values, and various policies are established and executed
according to the priorities. Therefore, this paper analyzes the contents of the president's speech.

Since the president's speech is a semantic datum, in order to analyze unstructured text, big data
analysis is conducted through the methods of machine learning and deep learning. In this study,
the president's speech at the “National Sea Day’ commemoration was obtained 1996 onwards
and analyzed using topic modeling.

As a result of the analysis, all the presidents speeches were delivered with a view of the
ocean that was consistent with the direction of their administration. It was confirmed that the
ocean-industry-resource topics, which are the intrinsic values of the ocean, were not damaged and
consistently emphasized by all presidents,

Key words: Text Mining, Speech, Topic Model, Content Analysis

=8 2020, 04, 08, > alALREE: 2020, 06, 17, > ARHEFE: 2020, 09, 283,

=
= AgEriegsta 58T AL Al1A1A}, altasea@naver,com
= AGsy|edistn AN Zug, AR} taylor@gntech ac kr



40 stRstokzn|&t5(X|, HS6Z MBS

A e
5= 44 (presidential system)©] 2] 2] 7] ol
A dEEe) ot wARA] Wt e
Aol At dFE mAA Ho]  Atkling,
1985). ERe] o7} FAAA Rolelslel o
gt A deerE 2AH $dE9lel what
TFeE AAo] L AP
e el BA ST o Age shof
Sadt she w2o] ofe] ATAT ols WY
a ek o] 7kt iEge] AdES EANeR
A dhERe) AR, A, e ATERe 7t
Selveteld e WY ek (HEE, 2000; oF
4, 20100 wEY - 55U - 29 - B - 03
g, 2017; A= - olH
gEdsl AuES BAS] selde e
(content analysis) ¥'H-& o]-&3}e] Zt Atgol
$ FALoln AW EAstolo} S4B A
A 2Aws A A7ledl olEee] A AF
el AglBstd Aot oleg FaAlE o
g 93] e dFBA FE(causal in-
ference)o] 223tk o=, W Azr} A
o= viasolol su BRE AmzyE Ul
Ante WAk 2RSS wESE A3 ATl

2 HoFE WgRNe FF A7

]
[\
S
=
NI/

Ak ¥ldo]El (big data)e] A7} =este] 47
HAFH T AEVee] eHer dAFH AR
stelT el dAE HoMe WHEe] =Y
ATt %*?3 S5 WulolE o] 80%olde] HAE
tolH R T4 o] Qith(Economist,
2015). Ei‘ Ex AFHE AZE & = "=
AE 2, = dol ARt doAse WY

dlolElo]7] wjiEo] Y2E 5o B Fad
A3 g},

H2E 25 742 & dolEuo]2z R
B ofr] Sl S dElE 2Ase dolEntoe]
J(data mining)e] LFo|th(Hearst, 1999), H|AE
Hl7z3t | o] AuE ARgEte ov] e 7=
gb FEdAE wWele dTiHoss Ednd
(topic model)o] ©]-&= 1 9t} 7]Ag <5 (machine
learning) 7|He] T AL Yehd wolE
sk A oulE = 2AS FgsH
28k glet,

g 3ol wiE =2 glon wis S
TAFAE Tl FHE AEse vt Sl
oA ¥ F& vite IR Fagk vt
Atk AAl AR=FEC] Bivkel #-HE ddES 2
I e FEvEr 9] vivke] Y Al S
4 3195 wid 7idatar vk =R id el
7] wizel 7lglels tiEEe] sk 7d A

oH L sl ZUAL 7HJJE]_TJ. Ut olzfgt =7t

A:_L
12
ol
Fr

2o} A
49 SRS 90 5 Sle Fag el
gl

ool ¥ ol vithe] ol YlEeel A4
§oAUES FoE AR BURT Aol
ugle FxE serstud @k ol $lstel
1906 E 245 AHSE Hiehe] W 71
dEE QuEe Fusa grevlelde Al
e

B AT A 1o s s
AL A E e AREE ke
Hejgirel WHles PRSI HxiEvtold o
TUEE olgahel AmAOIN Selvere] o)

=

Foe) HEe BAska Avgeld sjel that
onlg gelstgon AVl A2 vt



drEviolde olgd @3 thERe) sl B A7 41

11, o]2A w73 53] ted ddES 7, I9He, 34

71Z, T T IHEAdA dAgee el

1. QEF9 <9 R - el - A - @51 - 284, 2017)

FelvEtel 22 diEed FAA AAAAE 2t

el oA FAdIEe WA o7t Akt 9= U= 8 2o g4 4A oA}

Ha a2 s @Ae] FAStE 2 o]l gk A]A] AR FA| WA= AFL wje AiEich EL

7} EatEo] dFstd ol ARoAZ HAYEA Z2A sl E A mAlele] oldd Adky zyAl

Ht}. Cobb, Ross and Ross(1976)e] JAEA =3 2ghel 2 FA A o] et <12 7)o wat F

o wzw FFArE A He Ao 5 Aursre. o]y 7}z wWekow mEdE Zeube] gtk
Aol 2y o]BFL=3(outside initiative model), (3, 2014).

=9% (mobilization model), WHFEF (inside ac- 22 71HE UEsE= gt AEE oM x

cess model) 0.2 EFHT} PEy AdEe YEgo] ZypmA, =P A

oq7)ellM FAE2 AR W AAAAHA(EAA A7)z 5o ZuSol AGEy] 9 A= B4
2t HudezhEdd ofste] oAt Fry =

e ooz, Y AR w9 2
73S FE AAANEAE] AAlo] olate] ALEEA] ke WEstaL gltk(e]32, 2010).
7h kR ARoAR AP, duid Fo AAE HEY - f35A - A - F3 - 2 RIS
A7) Al Aol efmAel wFel o BT gew quimge Ay dTe 24E u
2 ke Atk BAMHoZE Y=FE-S(word cloud),
B MayA9DE= ofr] Wl AAF 22 goy winna vl 7k dATE BHS A
AgAel dete] A7t 1 e TR WA oy 2o gia Weke Ao glo] A% =
S AEde F3oE T8 EF(consolidation A= dolSS YEHT AR 2R ol
model)& 37} 3Hgich. ahoict,
A gIge] f8e s (& DI Lo ol FZ0102 =1d tiEHe] FeiArel of

tl, AR7F diFe AAE AFstazt sk ol
o] AAE o]F H3Ps= Ao Falslr] ul o2 dof YEYZ H2(semantic network analy-
olct, sis)S el AR x7)o] JFA RS AL

&8 selsst.

M e

H 1. oM&YntYel 7 AE8H2000) imf FE9719 o]F AdT o
5o #d= FHol AlZE AdFA|E(casual map)E FAS}7]
=2 v Al tHEsd AL olF B, AHE, =739,

o)Al o] wzk EFE IR s F3) dels Egig2 435100}
Fa} P 273} | A= ol F (2019 IV =Y HEHIE
2Ztg: Howlett, and Ramesh(2003), p.141. HlA AFste T35 FRAY 7F2oA LE



[ﬁl]
o
ra
o
>
o
o
>
X
o)
D
A
Rl
@
ol

(word network)E (¥ 1)3} Zo] FAFEFHT)
BRe) 24 dols Raboln] o] sgke o)

AA EFAEE A

3 slea Aol
e o] Hole] VER B vehta 9)

I8 1, 2Lzt tiSde SR oHES=a
et [
7t
0; . [
- 2, ® 32
@ ° e W
28 ® BEND o
L ] » Il 1=
e et
et =
HyH Il
[ Lo | ®
e as e -4
am b @ ] -
® ° Rap e~ : @
sy @ . —5 ® T ous
AR : . .a‘:' > e
S gy “ =
o Theaz g
e ® | “ ¥ Pyt
o= EE L -
et 2
ol AR
=& !
®
ay,
®
=0

4E Auz
(Campbell and Jamieson, 1990).
Seeks UER s1Sdel HUA, wHIA,
AAAL, AAE, AW, ©@ERE, wHEEAL, @A, 71E
o

A el gerdt 4Rem o dEde) aw

o

= A=
o] 7k Hl sg&d 7I'daolM sk AHE
o] AeE dER sgas Flsk=d M
gek Amrt 2 Zloltt o]gk ofuloA] af e
A L 4 =7e] s Tt Fag
Aghs g
(F 2)9F Zo] Al F877}F 7k v=e 5
4 229, g7 6¥8Y, dEe 7Y AAF 2
AL wirke] g A o felvets Alg
Al 373 RV g ghwe] Hzle AA
g 2@28d 5¥9)2 7Idste] 59 31dR HIn
"t 1Y Sol B 1H(1996.5), o <3l
HA7Ed = ATt
H 2, Fo=o| dict 23 7|8
H w3 | wR | AW LR
National 1819¥  Savannah&7}
o) | Maritime | 59229 | 1933 |&57]153008 Ay 3
Day ol gagh g
19924 koAl 7
a0 | qusn | 1y [ PP e
Ak
gl TRT) 199 if;i&gﬁg?g i
A% 7d
2=2|FH D e 2008 ggﬁ?ﬁ?ﬂﬁ?%%ﬁé Xé
((PITHEED 2
828 Alete] ARz}
Shaulche) & | 59319 | 1996 [SHAEGAE  AHeAe
AR
b = RS b B
A AAE HEE Bl FASRE] 54
wstel] A= Ak, s el T4 vkt
of tigk =wlel Q1Y it F PSS Fs)
™, FARRLY] AgAlE Aarsly] fAgteltt. 4% 7]



H9d Tl @ AACEEE A27619%,
2016.11.30. A1) A2z=A1%el 3] FEFA= 3
Feabioln  mitk @Y AQle] FaAF ooE
=olal wRle| A nFsH, AAFALE
=5 fEde AP & doh 19960d A3
vite] g 7ige] Rk AlddiRsEela it
Egol ArketA ths® A= 7HH =AY
2019\ A 229 ] mirte] i 7ol (& 3)
7 2ol MHHAJY. 20009 1435} 2014 19F]
e 474 Al SR Ads Ak
2 YA TR A SRR ARPAEAE 7}

4 2 #e 7ol

Lo

A= | 3= | R 7194 gAY
1996 | 13] | HG4t T4 AAdESE
1997 | 23] | AF4 |3 AHRF

1998 | 33 | Az |#4F AuEE

1999 | 43 | Az vkt ASEF

2000 | 5% | Adis |[A& AFEH

2001 | 63 | Adis |d¢ o5&

2002 | 73] | s |AE& ASEM3I|E
2003 | 83] | =Fd [AH ASHEE

2004 | 93] | =Hd |EF tdafeER

2005 | 103] | =Fd |24 ke

2006 | 113] | =8& |A

2007 | 123 | wwa |23 dudgials

2008 | 13%] | o|ul |of
2009 | 143] L

2010 | 153] | o]ga}t |A

2011 | 16%] | o4

7
2012 | 173] | o|Hut |
2013 | 18%] | "3 |Hf

2014 | 193] | d9tE| (HEE AR FHa

2015 | 203] | vF2d)

S
2
H
i)
o,
o2
1z
it
o | rid

2016 | 213 | ¥ | ==Y

2017 | 22%] | ARl |wAF AR
2018 | 238] | =AIL |1 HF8EE

2019 | 243] | wAIQL | 2AF mlExA

As AR 24,

drEviolde olgd % thERel sl Bek A7 43

1, B2Enbolg dpuby

W85 (content analysis)S A, M3, 7=
A, AE 59 2L 4E AR Uyss 7AF
olm AFe 2L WE Eol BEH AR

s

£ R UESE SHske] UE o 9

A eluit B4E stelsl e Weleh s
AEA WeR e o4 BEgel A, @

i
Y

w5y, AFA ol
o] @A oR A2

H-g-o] A &4, A
AR gk o
2 QtHDanowski, 1993),

e ek w2 #Ed AsEiE
T HE Abelo] BAZE Al AFel dAE 18
317] fI8te] o]&d| 2A% M EIFES AT
Ack(Box, 1987). A& gdst A11g S8 =&
gUle FFozAe AFRTA
ference)S FA4ld T JAH(Hume, 1978).

E3] A7 A¥Hor e AAAAE oY
AE T8t oA dazxrd ol A
3 94tH(Song, Kim and Bhattacherjee, 2014), we}
Al AEAA AR FEA AT olEA o] A

3}E PEOIREAE s, 1 7AE ANSH:

rh
oX,
offt

ZF2(causal in-

o



44 s=slorEmisisix|, M36H HdE
ol27 =o7} 9lojol FtF(Marini and  Singer,
1988).

e §H, 1%H Aekse] 2AAUY A
54 AR AT BAR FHEFE, 7
Asts, Q¥ AT (artificial intelligence)o] =&}l
Atk olHg T|ee AFTA e X Aw
2 AusHA FHsta 4% 5 A HA wiE
of AEa ApEjHeta Ao Alalela Hlojd
ATH(EH21E, 2015).

Halevy, Norvig and Pereira(2009)= HlH|o]g]
A 2e ATeR QA FH, FHo=
wAoz guidl Awsl WA Fee] A4
BrelE 5] MEUGL FRFRA ol

7} =

Ao rE FEI AlZF HAdtkar FE9

tlolE7} 23] Folxlvtd Ayt 222 2]
of715 & 4 AA HrhAnderson, 2008), &t
A7t JAFBAE dASHA Har, daS 2t
Foluk FHE ol T AAH dHe] glo]
e wAsuE Sl

uebr] 2 AFA AEde H2E nlolde
AEA Abs|Het AT WA o] ofyetal &t
dele AdedTe] #AAS sHstu BAstast
3t} Lazer, Pentland, Adamic, Aral, Barabdsi,

oy
i

ki
_E

Brewer, Christakis, Contractor, Fowler, Gutmann,
Jebara, King, Macy, Roy and Van Alstyne(2009)2]
7‘;(]-“4_ ;_}o] :LEO} L=R=5l %OJE—] Hl—tﬂoe ?_Z_]:
AAE &2 & 5 o= 7IdizE 29 A 3=
WE Aze Adel EAwEos d7E 29ty

A gk 2y Fm).

a2 2. Xizo| Faat 24

Style of Source of
research evidence
Survey Questionnaires,
research interviews
@A AT AR
Ethnography Observations
research

@& AT @D

Documentary
research

@ 97 (@25

Texts

Type of Type of
data analysis

Attribute Variable
—

(&EA) analysis
s CEER
| _, Ideational _ Typological

(@A) analysis
N )

Relational _ Network
(FAA) analysis
(VIESRS)

ZF&: Scott(2000), p.3.

18
o
1,
o,
o
r
N
g
l>

3 (topic, %xﬂobola}%

Fo| BAoIM FAE 75
=

@%% A7 ol gt

5 2helo] Az RofolA

24 A% 399

FAE L] 91 $AH RdRA giE &

£ $77 ov 78

HE] Sl ARSEE

d2E vlo]d(text mining) 7]Wo|tH(Steyvers and

Griffiths, 2007).
Egrdgel g2l

71 ¢l LDA(latent di-
(O™ I Zo] £A
o= 7|Heg, A

FA &, Zk FA £



38 3. EETE(LDA) X

o Enfo]

aliNalNa O e e
N N L% \_/ . /'I
@ ba | Zan Win B 0l
1D K
K: 299 ¢

a @ FAYE EY k¢ Dirichlet prior weight, © <
AR = sein g

n : E¥d o] w9 Dirichlet prior weight, B 3%
AA 3= v E

0d : EAE E¥e HE

Ok XY do] we AAHEE

Zdn - EA 49 ndA @o]ol E8(index)

Wdn @ 24 d9 n¥s dol(EAd #SHE ¥

index)
Z}&: Blei, Ng and Jordan(2003).

HolA]
TAE
Awgy,, )=
FZ317]
5

5 g 24

o=
na

ol A HS(latent varia-
ble)o]th. D LDACA B2 tho] PAER] B9
Dirichlet £¥7} ZAE, 7} tojo] EXS YEl
W #el zo =2 o] u]&l Bgtol wel ¢
o w7t ZHEL}?

2. B9 e 24

1) Zmi7H<S(hyperparameter) 2 , 18 ToE FE3)
A3l AMgEE 747 UH7H‘ﬂ-r(h1dden parameter)¢l g7}
k. Ml d(machine learning)ollX  hyperparameters=
AAY g=s B By wt A3} okl Fuls
7} olgt 8 Amgolut duksl WA, AlgESe] A

HA AHog 4HE AU e Y Bl
Bl AseE HAel  He wWFE Tt
Aggarwal(2018), p.125,

2) LDAON A, 716 7} URMEIEES uzr] wjio|
Dirichlet ®¥5 AMSH| =W A58 B¥e Uikt
27 it RBr} ek IDA Bl =F 3242 Ble,

Ng and Jordan(2003)2] Ajotmelojx geldt 4= u}

e ol 8% = e sl B AT

2 AFolA e AFEEVE dd diEEY A
2ol et ATol7] wiiEel (E 4 Fe Vx
AnE EYQE B3 A4 ARg-sk)
B3 BAd ARS =e S
Cyram(2015)2] NetMiner 4(Ver.4.4)5 AR&3}3Ic),
2 VESR 48 48 LZES ]
2A] gh=o] A7t Jhssivh. H2 Akdo] Aot
HEld(deep learning)oll 2@t z}o]xd(Python) 7]
v 23 ES} F2agls Algsta ik

B AT EA oM ALgshe tiEa e nitte]
20199 7)1ZFo=Z 11742 R T
AR, tEHo] FHlow MR odgtd 7)d
2ol F2 71dAk 7, AR JIEAE e &
Hato] A8kt

gt 71715 (www.archives, go. k) ol A &
Fol nitte] & 7IgAkE gEsEA ek Al7]ele
Az tiE=Hol| uich #H PAfol]l FAFHA
AREEE 71 E S WSSt FAIH R Sk
Sl 92 23], g s F, BAF ARAE
A, E=EA] 2 ddE T e o

Ee] Quron vrgsharh

zZ2 o]

NetMiner=

o
AL EL

e

&

A

7182 TN



shaatatdmtEx|, M6 HM3E

— Ef HHZJE 2 HME JIXXIE ARAHoZE YR AL EFe oyl FHEo0
il X _C"_ = =] -
1996 ;1 e i 148hs Aol 2eata Exjo] Uy ARst d 7
ElE= o 5
de A HEyl Zol=ul= AE =
1997 | 23] | hEw : 3 1o e weEae BEAE e
1995 | 391 [z AT ARk (default)o] 47ho]ct,
°° drd HMe = <
1999 | 431 | e [T 20 A o1 xama o e ogoadls sl v
(ﬁ?g'iﬁ)i EE) Fol AT 1996 89 8ol HPALRL o)
2000 | 53] |opse [TAL AEAE 7154 53 5
o | e | (500,11, D)= rﬁiﬂ]“ 9 59y A51355d o8 BEH7e] s
2001 | 6% | o5 o7} 53 gla 7 Be WEE Bt
2002 | 73 e |SEAREE EY4] A
A | WD | 2002.5. 140 A
2003 | 83 | ke
2004 | 93] | opEE H 5 ¢E=Y S| sHUtE Exm
2005 | 103] | chE= e | =9 s
- ' Ist 2nd 3rd 4th 5th -
2006 | 113] | %= el | Sk | AA | A4 | 9w | 34 |10
2007 | 123] | &= 1996 Top?cz ? & A 3 AR | ey | 14
2008 | 133] | =y Topks 5‘:% Ad | AP | dR | A 9
- - ETI e e e I I A B & B B &
2009 14? X_O]—I— Topiel | HjTh e A TR [
2010 | 15%] | &g o L mopiez | EEER | AA | Eie | der | A |8
2011 | 163] | opeay |ANEEEE & 71d4] Ad s | BF | T | A4 | et | 22 |6
§] EHO e] (2011 9 16); q_]%lt][ - = Topicd LA af|oF 71= =] =
201 5] | 2 et
2 1 7Q % Topicl H]—E} /\1 \;H sz oo}: 7H ;3‘ /\_“ 7] 13
2013 | 18%] | ¥ U I I I I O O O O
B} — Topic3 ¥ == N ot
2014 | 19 e = e o D e B - = v |
o | W8 | Cota.210)= H vt | AA | 9% | g5 | $U4 | 84 | 10
2015 ZOﬁ EH%% Topicl B wjch A3 2 zo 19
2016 | 213] | ti5 P L L5 iy £ | ARI | semer
2017 | 223] | o5 L L I e s
- ‘o 3 Topicd 23t olx o1 g s | 17
2018 | 233 | &7 Topiel | FAF | AL | A | A" | EE |12
2019 | 243 | 7 R ETE R ETNEE
QAE T 24(HED: 16_ %2l T A ) e e e EE BERE
s - Topicd = A HAY B a2 | 26
Topicl ajck AA ult3 SoF 2 |97
ERdys o3 EMAAE (& 5)9k 2ol o |t | B | A7 | e | Al | A | 19
- Topic 5= o= -
dedz Aeser. £de Ars Iz A e e
. = =% |21
o] AASGT. PREe AFE=RA F)Y== Topicl | =8l wal | dw | 23 o];— 9
4~5ME hFste] AAlBR= Aol #eHst = 9l7] o T“ gug | oo | s | A |18
= IS = =] Topic s st A S 1=
mEo] ol7te] BEHL UE3= EFo g 4/)E A Topict | Fofj | = le &l l}j o
e b = 3y | 33
Q‘}O]—T: 3-1% = l%g]j}_ 3}]\]:]' 2003 Topicl AlA vt T A FEOF | 17
Topic2 2+ e SIEES] 74 Jar 7




drEviolde olgd @5 UEH el B A7 47

Topics | FHO} | 24 2= 11 Topicl =4 i AE e A4 1
et | G | 2w | oAt 19 NEEETEEEEE NI IR
Tl | Wi | e | oo 9 T e | A | e | A | @4 | AA | 4

NEEFECEED 2 Tt | WP | =W | Zet | oA | 94 | 3

T 2 wic | AA | et | e | mw [ @3 |1
Topicd Hjch Bk ZAF 4 ‘ Topic2 El=s gl % =3t ug | 5
T | A | A% | A% | a4 1 T e | o | wd | AA | BA | AW | 8

e | A [ AA [ | e 4 et | vhek | a9l | sE | @ [ &St | 0

e | wit | &9 | =a | wA 6 SR
Topicd El=s AA =3 AL 4 | opicz =1l AA L} =7 Ad | 14
Tl | SF | oA | ®w | 274 T e | e | ae | =4 | AW | = |14

) Topic2 AR | oge | B4 o4 Topicd Llp= A Qe | ARk | =7 | 35

NEEEEEEEETEEE Tt | o | P | AR | @ | S |07
it | A | 2= | ore | A e | AA | B | FE | Aw | wa | 7
Topicl ok ]3a E1 2= e Topic3 djoF Ak B auk | & | 7
Topic2 o Llp= Pany i) Topicd o S Q1 Llp=s A |21

NIRRT Toel | weew | e | WA | W | R
Topicd El=s AA Ele] DA | Topie 28 214 iy A9 | =
Topicl | Bk ulck =7t o ko e Topics | HITH AF ok azk | ok | 15

) Topic2 Ak R 714 ARl Topicd i | 2287 A5 E2pE P | 22

T e | 9 | A RS
Topic4 AH e ;g‘ 5 ure]

Topicl FjoF 34 G | AF

2009 Topic2 Lla=s 7194 e v tﬂ%—%‘q 5“0(;':33:

Topic3 AA el % ’
Topicd af|oF YA A&
Topel | =Rl | EF =3 1. 53 ALE 4

oo |_Topie2 AA o A}

oo || Y| 98 e dEol wug virte @ Aupg s
Topicd ujch k] +E
Topiel | awaw | =wl EXS 25 (F o) 2ok At disEe vl

o LTz | AE | B =% -RS, F-2G-87, deE-Ald-AA, vick-=7}-
Topic3 Llp= A oAt
PRI E— Ty ) ZRle] EFog AFert. o] rkdl Fg-Aldl-
Topiet | AA | Hie o | 9 AAZE 73 e HES BEtd olde A

B L N 23 ] 8 AAS A e FAASI} AvHE FAlsh
Topics | A |l A
ETEEE % | 6 BRI
Toel | Mtk i A5 A ds8e kAR, s9-g5-3,
Topic2 ajoF Ak A |8

e Topic3 =3 et AL |9 Gk, kS Tke) B olwet
Topiet | AY | o HE Ak, mitkel & 71@AE #rER Eslke] Ak
Topicl 2 713) 7] 3
Topic2 ki3 714 9= | 4

e T o | e a9z | 2 3) T AE (hup://kysed.org)e] Aol w2 7lgxt
e T P £a9 FagHon gAY A, AR A, 44

W8 A=), GrptRAe7), AAs 75 B o



AH|8t8|X|, H|36%] MBS

Beta 2414 0 W APAY 1A AuE
Agstel et 2AHNS Aow AAHY Hus

3 Aol mAAIRA IRl-EE-HE e FA7E |
aH go] AR it

78 e viokvd-gAL, s
AA-HF-=1, SHot-rl-E R
Aol FAHC Stk A EH%%M g9y =
F 29E 8oE ARSIl 71 NES EYos
vehdth, o7l =4d diEgel 2000 8€ 7
HE 2001 39 25U7HA] HGFAIRTRS o
g AdF SHobERTAHTIIe TS
= Edolt}s)

_f]‘_ﬂ-_j\}_% )

b}

Efoz o

— =

[R)
e,

juies

153

ojet iEe whrhA e, sled R
W, iR, S Adtde] Ee F
2 olgataiul 20119 163] kel & 1A o
Aol syaze] & /N Qu chAlske] e
A% Edo] ) 248 Aoz mAY &N
sigAeaelel E3e 7 gl uehtiy) ol

Hep-AH-7)1A), wic-Za-ete] Ele] A 5
st glek, uh2aE] tis® AdAlel 2014delE Al
43 Alazh olA mitkel & Z1dAL gl d=
H7|A F2 AR diAste] 3 Bl I}

 F4E Aoz Hln sfjdatd-aate] A9

o~

4) AZH3ANE (hitp://www. kdjpeace,com)e] w2 6,15
GERYEE T HaAAe Tloet g Fadk gHow

£31 9tk
5) w=nd UERe Aol BHol AAFHIIES W)
= % FHob B5A Add A% o2 AT gt

EFAYGNE, 2003 2.25.),

6) olel g 20079 A7AEY ThEslelA A}
2le] 9441-%“ A3 s ‘%EB}UW ARl A
gRE 9t duA] daz= 75 Wi g B34
H ATzt AF3ArE %f& fEgs Wxlom B

As}EIrhH Y7, 2013).

-2,

AL FARA o)

SR, s A AW o welal s
S o] ERAAYAN FAZEQE  F2A
A= deRpdA gt

20199 744 £A9 BEPel e vehel
Ar)-sh s, vhrh-l-Seh e

=)
0%,
'

R EC T 91 R

Edo] 7p¢ &
L3l 74 5
o) A}%Elﬂ

i

a9 E5o] ¥

QUL Jhed BEIA et AR e dol
£ 2geoduhd 2 WA BEsh wule] F9lol
A% & yrgsta Qoo
H 6. iSE9| st Ex
- Keyword s
B 1st 2nd 3rd 4th 5th
Topicl | Wit} | ujg] | 9IE | AF | FLE| 16
@ [ ropicz | ¥ [ A1 | V3 |9AA| @4 | 21
A | Topic3 | SOF | Al | AIAL | A7l | Uk | 22
Topicd H]'E]’ '1[1‘7}‘ '-—HLE'_] ijg O]%‘ 18
Topicl | FAF | AWl | sfiF | AlA | Xl | 33
Z‘]j_]] Topic2 '——HLE'_]_ 1E]"l':]i‘ %Eﬁﬂ (?_]'—L—f]— ‘T'C‘.'Zﬂ 71
% | Topic3 SieF | AlA | Bt | A7 | AR 7T
Topic4 H]'E]‘ 3HT'—;L '-—‘:7'7]' ’{'“74] XH 144
Topicl | Hfck | wlgf | A} | vbd | 713] | 35
i,: Topic2 3H001: '/F‘ﬂ' Z]'% 7HH}‘ ‘T'C‘.'a] 32
a | Topiea | AL | ek | =9 | e |24 | 98
Topic4 %’Lﬂ?o]’ H]'E]' =5 =4 ’-7:"1‘6_]’ 47

8)

) Br2E] diE e FAuEe FRIgE, e AjA”
o= Al A WA IAEIER YA A ARF
A" & AABI F27AC diste] gk o8-8 Bt
G - fA4, 2013).

A thEEe =4 ERE @ =Iilo] Flol AR, @
gEo] = A4, @ J & AdAe w7 @ 1=
A FHeRE A9, G Halo} e sHzolt(=73713
AR 93], 2017).



grEviolde olgdt @5 gl sl Bt AP

Topicl | Hfth | AA | Y2t | FA |u#sEl| 58 H 7. 32 (E3o| iU £
;] Topic2 | d¥a= | =9l | ZA} | =3} Hl | 48 = Keyword -
}:‘y Topic3 | BFCF | dfF | =7} | A | A | 22 - 1st 2nd 3rd 4th 5th -
Topicd | i | A | AF | AIA | B | 115 Topict | =91 | siF | ¥t} | £4 | 44t | 150
Topict | HIT} | mjef | 3% | =% [seed| 9 Topic2 | AIA | vk | 3l | BA | E5F | 169
| ropicz | Sk | A¥1 [ G4t | wbd | AA [ 18 Topic3 | WFCF | A | FS} | wlE |yt | 999
& | Topics | 28} | A | 714 | H= [(BER] 10 Topicd | S | AFY] | A | AF | 1A | 489
Topic4 H}l‘% -—'ZT—S EH?_}_' —6—]%}' }‘ﬂzﬂ 16
Topicl | HJT} | Q1R | &§ | AA | 57| 48
fﬁ‘ Topic2 | AF | Bl | sloF | 241 [ AuH] 36
ol | Topic3 | HFCh | =gl | #etesm | 287] | ¥ | 30 EAETAA  AASE 7I9=e] EY FA
Topicd | S | SAF | BH | TAF [akd] 76 =% #E(opic probability)¥} EZ dAFA=
(topic degree)x= (E 83 o] AL 3L
o GME A" ol F 1,637/ o
2, g diE%e] Q1 71 ol uERd doje  mltk(3027K)elw
2ol 247 IS BAE 7+ =uE o o2 FKosh,  AAIasl),  =R(T9
7f AHEE 248 =
I NSO E RS ER ER T EY
s (ad 99 22 fEEFSeEE depd
ek, B S wolo] WENEd mel 2 # 8 =4 JIHE 7Y
- EA]%@ Q% Topic
X2 = ok E=PN FAD = Hle © D
SR dehdedl S, vk, e =, g ! Topicl | Topic2 | Topic3 | Topic4 | desree
AR, &4 5o 71927t FEA vk o | 295 0 0 | 01 0 4
vtk | 302 0 0 0.1 0 3
AA | 152 0 0 0 0 2
O3 4, iSHEe st =ZeteE a9 | 66 0 0 0 0 9
: 29 |79 0 0 0 0 1
! o = S2AF 69 0 0 0 0 1
gt | 56 0 0 0 0 1
4 AFes AA | 55 0 0 0 0 1
ol Ok : A5 | 54 0 0 0 0 1
% O =
' ; A | 50 0 0 0 0 1
A =o b | a4 0 0 0 0 1
o) | 42 0 0 0 0 1
g8 | 37 0 0 0 0 1
e viete] & A1dA EEe BE 5 | % | 0 J 00 |0 |1
= &7 | 31 0 0 0 0 1
3] bz R Res KoX A=(E VI 2o T3 = ©
sted Frislde Aol ] go] = 1 =4 31 0 0 0 0 1
F-utet, AlAl-Rke-s g, vl ARESE, s Ak s | 81 0 0 0 0 1
A BEZlog YJAHI g B} g | 31 0 0 0 0 1
o] 7}ed sok- At -SAk A A EZo] 74 sEoH| 28 0 0 0 0 1
ok’ | 24 0 0 0 0 1
ool o JEd o]AL § HEo
] o] &=L Sl l 13 TEME‘r s HE0] e o1 0 0 0 0 1
7V wol QlAsta



SER ERECIE R qa}ﬁu}.

QA Hl=rh 7P wol

g W olgh old] Hlale] s & wl
o oEthe WEsl Sgw ol Eu m
% QA 71 Fad 719=7) A

a3 5, sl SR £ YEYD

—4./
/%.
?ﬁo/
:“I;ﬂ.

UEASE BE FAH0] e dolt S
o WE EIS AANE F
gom Wi b yhel Edw Adsel gk
WA Sh e e FW ERS QANE 8
22 sl gk,

23 o) 5l FEY s

s FAoR AAE AFAIE oM A
Aoz =7} mg o F8eH 27, e, 4,

QHEA gl Fodtthehe <12
Aoz M, wEbA gl A el <
2o whgt FAFNME AFEAS WA WEFS
AFSHAGL S 5 ek oL

o Blste] thEd FAAE RS Heh s}

Al Aotst7] wizell 7lsstet.

AT Are) fde AdHoz AR AR
Sol s olRolAL wE @RRA FAE
QA el Qo] thE FE Stk B AF
e dERe AR FAoE sne st
s v A% PP FFe FA o
otahe] W BARTE wr} ofn] gl AP} @
5 gtk gFol ATelE du QEEI R

= el dhgol
2 APudel Fa4e 7]
GH A HER)

A AEE IS

o
0
QL
fir
Y

3 WAR dog o

g Evfoly e EQE%%}OIE}—E— g

& o7} ek,
v 8 3 s}s]o]
oz el 9l

Hurlze wae ol A7y



%ﬁéﬂwﬁ%ﬁﬂﬁv1ﬂﬁﬂdr%§aﬁﬁff
2 FAsteeh. AR S

& e g A AR aEe
Q1Mo] BAYdE IUED THLY WP} P
e AFFhe ol 34

el WA A2 s

FaEd

% 719d ol #S AAMEHEHE  A27619%,
2016.11,30.A13).

717159, 738Uk 2019, 12, 10, hitp://www,archives, go, kr

A7 AL D3 (2017), BALARE 1429 s/ Al
g g o100t FEIA, Mg Fo.

Al EBs4H
2020.3.20.

AEE2000), AT HEBY AAAE: 19979% 5§
A719] Al FEe| #g s tE5E A
28 AR, g Al2E dholuimle A, A1
A%, 5-28.

AN FAE hitp://kysed.org A2 A 2020.3.20,

A8 014), hEHe] Ui FAAALGLe ol sk

7 Ao EHEY F8 ddEe g e

s AR, S=AAAT, A23F Az,
77-102.

HE5#715d, AA8dak 2020, 2. 10. htp://pa.go.kr/re-

search/index.jsp

Q)
=

1

http://www_kdjpeace.com el

drEviolde olgd @3 RSl sl B A7 51

F5d- e 3e 380 B (2017), HER A7

E YWEEAS T8 9 disHEY A A

#e)3tslR], A7 A2E, 57-78.

Cyram(2015), NetMiner X213 WA]: Introduction to
NetMiner 4, A]-&: Alo]&

o] (2010), AAZ719 7P AR FAMES): 3o
gmsl olgupgRe] Ao v, @
=P H, A44P 11]31,165—189

ATl T Q019), YAET S olgd YEHe &

=5
=1

T B #Ag AT, = H%% 8+3] 2019

WEZAg 718k 3], Mg FYueha, 1-26,
AA-H7H5(2012), AOMEHIEANS o83 FAE

Y824, SAAT, A17d A23, 53-66.

AR - FAIA2013), F2BA N Fo5 AAETY,
R L E L )

HY71(2013), oBek FFof odA oum FA: Hrie}
BAA A, =7k A, A3 A3E,
77-108.

FAUANE(2003.2.25.), AYNE B FhHel T .

§HA17H2015), Wejolelst Abslzhakab): Az oluke] s
o Bl AT, B, A0y A2
3, 161-192,

Aggarwal, Charu C.(2018), Neural Networks and Deep
Learning: A Textbook, New York: Springer
International Publishing.

Anderson, Chris(2008), The End of Theory: The Data
Deluge Makes the Scientific Method Obsolete,
WIRED, 16.07,
https://www, wired,com/2008/06/pb-theory/

Blei, David M.(2012), Probabilistic
Communications of the ACM, 55(4), 77-84.

Blei, David M., Andrew Y. Ng, and Michael I,
Jordan(2003), Latent dirichlet allocation, Journal

top  models,

of machine Learning research, 3. 993-1022.
Box, George(1987),
Response Surfaces, New York: Wiley.

Empirical Model-Building  and

Campbell, Kathleen
Hall(1990), Deeds Done in Words: Presidential

Rhetoric and the Genres of Governance,

Karlyn Kohrs and Jamieson,

Chicago: University of Chicago Press.
Cobb, R., J. K. Ross, and M. H. Ross(1976), Agenda
building as a comparative political process,

American  Political ~ Science Review, 70(1),



52 sh2stnt|sts|x|, M36E H3E

126-138.

Danowski, J.(1993), Network Analysis of Message
Content, Progress in Communication Sciences,
12, 198-221.

Economist(2015), The data deluge: Five vyears on.
http://www ., veritas,com/con-
tent/dam/Veritas/docs/re-
ports/ElU-veritas-data-deluge. pdf/(FA4 d: 2020,
2. 29).

Halevy, A., Norvig, P. and Pereira, F.(2009), The
Unreasonable  Effectiveness of Data, IEEE
Intelligent Systems, 24(2), 8-12,

Hearst, Marti A.(1999), Untangling Text Data Mining,
Proceedings of ACL'99: the 37th Annual
Meeting of the Association for Computational
Linguistics, University of Maryland, June 20-26,
3-10.

Howlett, Michae and Ramesh, M.(2003), Studying
Public  Policy: Policy Cycles and Policy
Subsystems, 2nd edition, Toronto: Oxford
University Press,

Hume, David(1978), A Treatise of Human Nature, 2nd
edition. Oxford: Oxford University.,

Lazer, D., Pentland, A., Adamic, L., Aral, S., Barabasi,
A.L., Brewer, D., Christakis, N,, Contractor,
N., Fowler, J., Gutmann, M., Jebara, T., King,
G., Macy, M., Roy, D. and Van Alstyne,
M.(2009),
Science, 323, 721-723.

Linz, J.(1985), Democracy: Presidential or Parliamentary

Computational  Social ~ Science,

does it make a difference?, Connecticut: Yale
university press,

Marini, Margaret M, and Singer, Burton(1988). Causality
in  the  Social
Methodology, 18, 347-409.

May, Peter J.(1991), Reconsidering Policy Design:

Sciences, Sociological

Policies and Publics, Journal of Public Policy,
11(2), 187-206.
Scott,  John(2000),  Social
Handbook,  2nd
Publications,
Song, J., Kim, M., and Bhattacherjee, A.(2014), Social

Science Research: Principles, Methods, and

Network  Analysis: A

edition, London: SAGE

Practices [In Korean], KOCW Open Access

Textbooks, Daegu, Korea: Korea Open
Courseware,

Steyvers, M., & Griffiths, T. (2007), Probabilistic topic
models, in Landauer, T. K., McNamara, D, S,,
Dennis S, and Kintsch, W, (Eds.), Handbook
of latent semantic analysis, Lawrence Erlbaum
Associates Publishers,  427-448.

NetMiner 4(Ver.4.4)http://www.netminer,com



grErtode o|§3 A thEA Yol Bt A7 53

dienlolds olgd @ tiEHe] S|yl
A4 - olel3]

@ a7

ry

R I 11

O

HE® SHAL] FAAA NN HEFe] Aozt 7 del 33 oabary gl At JFE
mAA ok, WERe] olda FAZA Ol wE @ﬁ-]'?‘)ﬂ A7F AR O e weh o
Ao F£HEL HPArk WA theBe TS WEEHss A7t B tidel Ha Slnh
HEHel dHES Ao Agel7] wlE HVéfﬂolf‘W Hl72st | H92ES B4 HSHH% 71
A&t Jedel wie F3 ddHo ]Ei Aol o]FojAaL glrk, B AFelME 1996'dFH 24d7tk
AA kel @ 7PEAe] EE QEES gt PxErtoly W UF EQEEﬂ_a«l ks

Hoz FAsT

AE% Al REEe BT Ao Y W FEEE jFEE T QEES ERE
AL delatgitt. sldel TR7FAIQ] AFEAE-AD B AEHA ¥ AEHer oo diF
Ho] B Hxsta & <lskyith

o

FAo): HAER]Y, i, EHRY, &Ry






