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Abstract Linked Data allows structured data to be published in a standard way that datasets from
various domains can be interlinked. With the rapid evolution of Linked Open Data(LOD), researchers
are exploiting it to solve particular problems such as semantic similarity assessment. In this paper, we
propose a method, on top of the basic concept of Linked Data Semantic Distance (LDSD), for
calculating the Linked Data semantic distance between resources that can be used in the LOD-based
recommender system. The semantic distance measurement model proposed in this paper is based on
a similarity measurement that combines the LOD-based semantic distance and a new link weight using
TF-IDF, which is well known in the field of information retrieval. In order to verify the effectiveness
of this paper's approach, performance was evaluated in the context of an LOD-based recommendation
system using mixed data of DBpedia and MovieLens. Experimental results show that the proposed
method shows higher accuracy compared to other similar methods. In addition, it contributed to the
improvement of the accuracy of the recommender system by expanding the range of semantic distance

calculation.
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Fig. 1. An example of reachable resources
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Fig. 2. Example Linked Data Graph
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