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2.1. EAITIM RS 27

<Table 1> RH 2018W % ‘AN FEAF
o] 574A AMGFEE Vo E A 719 3
X, A ARG 1732, gk 28 Y 343, FA
2 A9y 282, 8] Ul AEr1E 17349 o
BA 7Y AR E AT AT o]2d HENS -

o EAAM §3e BAYol EAlsH=, 7L
Ao SN FEe F3E ARwol 9
o} <Table 1>014 A% AHo] WE BHE 4

HEH AA 7198 S 507he W), F4] A7HA]
P2 209 e, IRk AL 10~15%hm* W
9, FAA ALY E 5~10¥me 9], 25y 4
7132 5% W elolth (Molit, 2017). 278
Aol SAANAY 8- EA wet AR,
o] Aol wet EAAAY o] WP E = A7 th

FEEo|t} 2018 =AM 7 AMY AAA] 993
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(Table 1) New Deal Urban Regeneration Type and List

New Deal Urban Recommended

Regeneration Type Area Size Regeneration Area List

Local Industry and
Economic Based Economy
(approx. 500,000m?)

Jungheung-dong, Jangseong-dong, Songdo-dong
(3 areas)

Spaldong, Sanyeok-dong, Pojeong-dong, Seoknam-dong,

Center Center Jungheung2-dong, Daecheon-dong, Suseong-dong, Yochong-dong,
Urban District Urban District Geumnam-dong, Gwangyeong-dong, Hwango-dong, Wonpyeong-dong,
(approx. 200,000m?) Nambhae-eup, Dacheung-dong, Saman-an-dong
(17 areas)

Muk 2-dong, Natural-dong, Baegwa 2-dong, Sinpyeong 1-dong,
Dongsan-dong and Jukjeon-dong. Ojeong-dong, Seobu-dong,

Commercial-Residen Eonyang-eup, Chochiwon-eup, Jeonmyeon, Ilsan-dong, Shincheon-dong,

ce, Commercial

General Alle Paengseong-eup, Wolpidong, Gyeongan-dong, Hakseong-dong,
Neighborhood Y Seongnae-dong, Munhwa-dong, Onyang 1-dong, Hwaji-dong, Hwaji-dong,
(approx. 100,000 .. .. .
Hwashun-eup, Gangjin, Gangjin, Winsang-eup, Seosang-eup,
~150,000m?)
Seosang-eup, Seosang-eup, Seosang-eup, Seosang-eup, Seosang-eup
(34 areas)
Suyu 1-dong, Bulkwang 2-dong, Nankok-dong, Geumsadong,
Yeongju-dong, Geoje-dong, Bisan-dong, Shinheung-dong, Hyosung
. . Residence 1-dong, Ganghwa-eup, Dongmyeong-dong, Nongseong 2-dong, Sajik-dong,
Residential
Supportive (approx. 50,000 Samsong-dong, Cheorwon, Yeongwol, Naedeok 1-dong, Eumseong-eup-eup,
upportty ~100,000 m?) Gosu-dong, Tong, Gosu-dong, Tong, Gosu-dong, Gosu-dong, Tong,
Tae-dong, Tae-dong, Gosu-dong, Tong-dong, Tong-dong
(28 areas)
Jegi-dong, Doksan 1-dong, Dongdaesin 2-dong, Bokhyeon 1-dong,
o Small Residence Ichon-dong, Baekryeong-myeon, Daedong, Okdong, Byeongyeong 2-dong,
Town Rehabilitation Daeyodong, Sabuk-eup, Volcano-dong, Hongseong-eup, Bulgyo-eup,
(Under 50,000m2) .
Sinheung-dong, Sancheong
(17 areas)
< B, iR A HA 3 d9F 13 2 AA FA 4 & Adsks AFdolth Al
of sigdtt. ol 2 AAA A =AAY A A A At 2HF e FAASY 544
AE @ 1 SA) S TSR £ o EAE AGL YOE BR4A% 79 g
AAYE & 5 Ae dFd met /S 719 v & FR AAE A2 RS At 35
PR YHoz WAY sFede] EARTE  AE BAASI 94 AL BEshE Aol
A ofrgt o v A {3 FAA ALY L dgd F
AA A 7S =7H=A 2R o] AAH 8 ANFS 98 =52 AR 5 &R T
A7} AR AGe thos BE AN o e vk, AR Y gE A g
TE 5 H(A) AAAEE IHHL IS AT BAAH FF 5O FAX Aty o
FESe Aot deog T4 AVHAES < /Wdske Ardoltt. miARte 2 g-2leul 4
sk EIe] AAE e A AAES 7] 3 LA Yol =2 5 7% 78 Al
SRt d A FY AFHol’, A AE Zta oy T 2, FAA =535te
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SAAE E=AY B4 g EAANE
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Aol ohjet ke FUE, EA]% B

o
i

8 A% s EAANE $EE )
. SAAYE £A9 7%,
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1' N oFr e e
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Aot} (Jeon, 2011). EF AP A3 &
BAA ZHe ﬂéﬁ}%}% LB A Qo] Bg
st S0l =

Aok HA F R ﬁl@,% e A8 E 8

= =N}

5 Hho] A= JAse Ade] FHojop st

(Sang, 2010). W&t sfig Ao EAF Ao
dFlo] IHEHA G FEEe dovia A

Aoy HAEE, U AZE tes EAA

AL HlEEZ Q] EAAAR 0] 2 & St w)
o] Al
F

A A A FRELS 2A olssk =
o} o el AL Aok A% TFs
SAAOR ARWE 5 U Bl

YR P3Av} e £ 27l EL7}
A% Folm, A 27tolEgle] FAZF WBH
o wet 477k et 1% ofnheT) Sof
A 9 ggol i) Asiet web s
o] olgshs AEe Aol Bgol
SA BAL AARO N Fo)
Sick, s BaAs Aele] TS A2
o £5& A W FHL Nxste] o A
& AR, F2AT AG)H eehir 3

_L4

O’]_I’_L.E'_

LA HaL

AH d&7tas MestaM =A7E A A &
Aske A= Qo o™ =AY A EA
oF FRISE 27 olsie 3 11 =AI9h of =gl
EAARE JPstE A2 A% 7Hed =AA
al

Ae B R0 AAl 2dolga & & gl

2.2. TAIRHA o472

Tl EANY FE) B ATE FE
FEILFRNA TEF EANY FH) 7St
of ¢ NG ATEL FEE 54 B4,
Y 4 Be), 54 B4l 42 43 AY
Sog FEsel ANt 4 FEuEY

o=

B §3 BRI obd =49 Eel
Q) 2740 W2 f8¢ BRE Zo] SHolth
olol tial EAAA Bl tE AT EEEL
Be4 279 49 BR WAYS FH31
& R t e,

and Lee (2018)°] =™ & E_A]xﬂ/\g A 3h3
2ol o] FFE Hrlr} o] FoA A gl Yo
o, EAAe) e AsEeE dsAE A

FEEE AAA RS ToEE 29 Fo 3
I Ageioh Beia el g 4 A7
2, o) BN E FHOR BAAY FYE 4

e A5 133k Shin and Shin (2017)% I
2] {FHQ AATNE I FTHANEH Y A
SRR 3+ o= BEA SAHETE= A
S AHP 34L& B3] RAFATh E3) Lee et al.
(2017)= =L =AM AL E AT E4 5
72k RstAol 1 oA &3 EAAAS 5
gt EAY A& TtedE Y T Ade AEF
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EARA L] F¥7 EAS =&
A AAE gEE A% =AM 718 2
AZ B0l tig £33 AFolA = sl A
& 7IWo R SAAA M o] FA S Al
<% SAAN AY 245 BE4stua A
(Lee et al., 2009). =AY H] AALE AS
g A=o wet Als 2 Asly, wst 9 Az
o2 o] =AY SAFe o] F2% 2
2ol el A8kt
SAANY A5 AZhE TASZ AR
3 g Adxg EAS B4 A
At FrEQl AAIREE Y AP A
A E4HAE EAT AdUgozes
ztol7h itk As BAFAUT (Jung et al,
2016). =3 SAAAY A=A A U &
ZIES 79 £F 2 244 g A7E 3
43t Bae and Park (2018)2 HAAE TAA)
A A=A A AHEE Fall, AFY W82 540
w2} 14714 A Z-& 7]1EE AAIS, o] E gt 7]
ol 716k SAAN AR BAS A8t
7t &k w3 SAIAAY 3o Al 24
gk A7 A LA vk AEA A AL
dol &34 A @l sidEThE A& WAl
shar o]of] &k M EAS
2016).

[PARAE &-83to] A=A HF e B4
A A3t it #g ATE FWYF Ryu
and Kim (2018)-> 2] 12714 A8 &40l tf
3 FAES} L ZALE sl oH, 4F A
o] GAsLE A BoF 9A4AE AT =

A Aol et =4 A7 S T AR
b FEhE EA4% A7 o) 9% 249 E
g 2dy 4 7|es &8st g AAH
meto A A ARzt H@ikEs ol A

A &k7 S Lol Rkt (Park et al., 2018). ©]& &
FAE TN ol o, w2 B Rt
g5 ol AR} lthe AS BofF

23. HAE HE] @Y 3 oMY EF
24

B AT BARANAY F3ES FH8] 9
3l 72 HolEHE H2E HEE §3g & w4l
Y &7 2¥S &8stax gk °9AEE 9
HE Zdshs e @3] IEsthe a1y
g HEE B34S &A7A) 23skE 6ld
U 5 Ok WS dFEe 23 ith
2 ATl A H2EqA AMEE Tole wl
Sl met w419 onE BAShE 7R 4
¢] Bag-of-Words 7|%(Zhang et al., 2010)& Et}

QL

B
I T H1E #24(Count Vector)#, Tof-&
g]

F24((Term Frequency-Inverse Document

e

Frequency, TF-IDF)< 33t &A1& HEE W
st Al 3ok (Aizawa, 2003).

EFE A% wAed 232 ulg ot

-85k tlolElel wet ZF darE|E HE Al
2ol & Ho|al )t} (Caruana and Niculescu-Mizil,
2006; Williams et al., 2006). ¥ Ao A= 78
How HAEE HEE W3t ERFEF|
A gt vt mepA, B ATtollA 288k
HAHY EFEES B d7oA 71 H=
T 857} =& SVM, Decision Tree, Random
Forest, Logistic Regression, Gradient Boost®} Z
o] 571A & &-838}31A} 3t} (Ikonomakis et al.,
2005; Khan et al., 2010; Patra and Singh, 2013).
ol EF E¥ TS dla ol Aojzld
(Python Scikit-learn) -\4]7] A& a3yt
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(Table 2) Urban Regeneration Types of Seoul

Urban Regeneration Types of Seoul and Area List (2015)

RegenerationRegeneration
Type Type

Regeneration Area List

Seoul Station StationStationStation, ChangdongSanggye, Kwangwoon University Station,

Under UseUnder Used and Sangam Search, Yeongdong MICE

Developedd and Developed

(4 areas)
Declining IDeclining SewoonSangga, Janganpyeong, Southwest G-Valley
Industryndustry (2 areas)

Sejongdaero, Mapo Petroleum Non-Foreign Base, Nodeul Island, Namsan Yejangjak,
Dangin-ri Power Plant, Nakwon Sangga-Donhwa Munho, Donuimun Historical and
Cultural Park

HistoricaHistorical and Cultural
Resources and Cultural

Resources
(6 areas)
Seonggyo Village, Backsa Village, Haebangchon, Seongsu-dong, Sinchon-dong,
DecrepDecrepit Residenceit Amsa-dong, Jangwi, Sangdo 4-dong, Bukhansan Mountain, Seochon, Changshin
Residence Approved Lead Area, Garibong-dong
(10 areas)
2.4, M#=Rao| RN 3. ¢y
H A= <Table 2>} o] A&A A 2015 -
'?'_ aple Q]"Elii_lli 31 °._°':r1§7<|'
ol S =AY F3l 719 d7E %
gt ok =AY FRol B AP=F 2 AT <Figure 1>3 o] H7RI=ZZ HH
< A ES u), =AY S 7R =4 THE =AY 7E8E w2EHHE Rl e R
AY F8 BHE S ATE QRO AEA EIRYIE 5 43 AolE PA5, ol
BRSE ATE Gt FELEFOIN UE A9 BF LaelEe BEsh] Folzl 54
g EAAN F32 2G| EEF 2 7t o 78 gt= EAAN 73 34 Al=de A
353 BREA =A9 A BHL WY stud d
SHA= Fakal ok WhHol] A& o] TAIR A
TR HARESIAAA A, A o] &-A7NEA S, 4 3.2. HO|E &
A, wFAAGes gl Sh .
LA R AT QA WA BT areE . e e
) 2 =
o NeA 8 BRY BRYE ABsn, e s W AMISS FEsE Bkl A
K= B 2 2= A 2= A8 A
A 99 Actol SA SHE wgse pae ST TAOE AEATIN AT A
e A48T + Ar mue THeag w0 VIS IOl IS 990 raE
AR 28 A% R AT Yo =@ o]
AMulaE AY, W8Y, MAY w25 BT 7
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Aolx - 0F5 - U2  UFA
Text Mining Model Selection Model Verification
Data Collection Data Preprocessing and Conversion and Learning and Analysis
Identifying Recommendation Recommendation
Data Properties System Verification System Verification
Preprocessing of Types using Train Set / using Test Set \
Keyword Analysis
Urban Regeneration X
Region by Type / - LDA TOPIC SVM
Keyword Modeling
Extraction Decision Tree

Deleted Data

Random Forest Verification by Model

BigKinds ——
Removal Bag of Words .
News Data Conversion / Logistics Regression Analysis by Model
Morphological /
Analysis \ . Count Vector / Gradient Boost
+ TF-IDF
- RN J o\ AN /

(Figure 1) Overall Research Process
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(Figure 2 - Results of a search for

HE = AEst] csv FEE thede

AEE Hholy ez &83h7] YA Algst

Sty wEA, Al7|H o R Y gHo g we

ol sl ZEsAl 24 ¢ AT (Lee et
, 2017).
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(Table 3) District and Data Count of Urban Regeneration Types (2016.1,1~2019.5.18)

Number

Urban  Regeneration Type District of Data

Garibong-dong, Baxa-dong, Sangdo 4-dong, Seonggyo-dong,
Decrepit Residence Haebangchon, Seongsu-dong, Shinchon-dong, Amsa-dong, Jangwi 17,919
and Seochon

Declining Industry Zhang Anpyeong, Seun Sangga 2,434
Historical and Cultural Nakwon Sangga, Namsan Yejangjak, Nodeul Island, Dangin-ri 3,673
Resources Power Plant, Mapo Petroleum Non-Factory Base, Sejong-daero ’

Sangam Search, Seoul Station Yeokse-kwon, Young-dong MICE,

Under Used and Developed Chang-dong OFFICE 78,728
“GAPPE AARS W A dolg Fo Uk = JARSAAA SHA Yoz el
SHelck, TS| A o) O] e A Ak A R, el o
golE), olgd ARE TIFL Y= AL X HGHZAH, AET 70| glor], Aol §-A7)
& Q. 0 FAAE R gorea] 42 oA,

Ao BEF arolEe FIZbe HeAle  GEMICE, 3E 4TS BASAT. 2 A
Q025 MeA EAAM ASEAY WE G EFHE 02 GolZE 9IS Aol AL Folx
201549 122 o]F21 20164 19%5H 201949 58 AGHue Bz wHolHE A% st
AAE %33 AL B4 A0S AASGT FAE oF 10919] HolEE A E4S An
WE AW ATHE /1S HAT olfE B4 S HolSo] Auh} SAAY 43S T BR
Aol AAT AL TN O ERE HHo]  H=AE RHSL Qoo 2R Aoz B
b AD Ao BAS 2T s HolEE A w0} A ik fafo] ARG TEEA S
@ olwl, EAAAT AR NG AT F ATS AdshAck
A9 Frx HolHSe] Be oz BEL
Table 3-8 §RW 54 A3} 5 Asz w3 HAE HOIE FH|
G727 et & 207) Ao Ola] & 107754 HFRIZOA 233 ol AL BHad
ael dejee s Po| =Aalr] WRo] B2 mEL vl

A AFAE0] AeA EAAY fPoRE  s]Wo] 28H7] Ao, ABAF Hlo|HES A
WA 25§80 ZASY, B O A9 2@ Bast Jok 72 A 22T oA
o] 79 2005 MeA EAAM AFAL By dolEe] AP BB Urlm AASGON,
NE Bzl A AAol Ust A52AE 4 AR AGEs 8L A2e 92 3715
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(You et al., 2015).
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(Figure 3) Result of Keyword
Distribution- Decrepit Residence
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(Table 4) Results of Topic Modeling - Decrepit Residence

Theme

Topic

Urban Regeneration;
Resident Participation

regions, businesses, Seoul City, residents, cities, support, Seoul, planning,
promotion, rent, creation, regeneration, urban regeneration, residents, villages,
houses, gentrification, zones, district heads, ward offices, host cities

Real Estate;
Reconstruction and Sale

apartments, Seoul, sales, complexes, furniture, areas, scheduled, real estate,
supply, scale, price, reconstruction, dedicated, Seongsu-dong, Gangnam, housing,
neighborhood, rise, location, available

Economy; Finance

branch manager, finance, new building, center head, rm, enterprise, financial
center, tail, team leader, department head treatment, manager, headquarters, member,
support department, law, villas, center, branch office, education, operations

Economy; Retail

Seoul, Seongsu-dong, CEO, company, brand, E-Mart, host, event, market, service,
product, operation, merchandise, sales, support, briquettes, customers, offerings, start-ups

Culture; People and Story

people, thoughts, people, South Korea, Seoul, movies, looks, start, story, self,
space, photography, China, degree, broadcasting, neighborhood, food, cafe,
liberation village, representative

362, 45| U XA =t
51“;%?'
HE G5 ARG A A5 719 £ =x|§-n§
ZE AVEY A9, 2, B4, A=, A e
5 od wAoE A5 Ads veld A9} 5
=22 FAH e & F AUtk BRI &
BN SAA3), 4(38), T3K(18)e] 3
We £9¢ sIg & Aok Aol he F s
A7t RS Selvks Zle 3A BBl WO LS
gakgie Yol MAS AHASHA kgt (Figure 4) Result of Keyword
g 4 ok =3 AT 2o A Qo) Z31A Distribution- Declining Industry
(Table 5) Results of Topic Modeling - Declining Industry
Theme Topic

Urban Regeneration;
Strategies and New Deal

promotion, government, support, Seun Commercial District, residents, New Deal,

business, regional, urban regeneration, Seoul, urban, planning, selection,

one-on-one, market, housing, real estate, progress

Industry; Used Car Market

blockchain, center, business, Seoul, support, planning, creation, sales, services,

used car, Chang An Pyeong, automobile, Seoul City, industry, sales, market,

operations, businesses, parts, vehicles

Industry; Commercial district

Seun Commercial District, Seoul City, Business, Regeneration, Seoul, Project,

Space, Large, Industrial, Daelim Sangga, Jongmyo, Connect, City, Planning,
Section, Formation, Building, Commercial Street, Walk, Drive

Industry; Finance

Blockchain, branch manager, team leader, finance, business, branch, application,

headquarters, support, loan, manager, planning, director, administration, business

Seoul City, Samsung SDS, transaction, branch manager, management,

Culture; Cultural Contents

Seun Commercial District, Seoul, Seoul City, host city, event, participation,
program, citizen, activity, culture, operation, host city, preparation, festival,
education, sharing, fashion show, schedule, site
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(Table 6) Results of Topic Modeling - Historical and Cultural Resources

Theme

Topic

Politics; Government
and Finance

Seoul, government, Sejong Boulevard, minister, support, chairman, Seoul City Hall,
business, photography, day, government office, policy, finance, chairman, meeting,
economy, Shinhan Bank, attendance, society, mayor

Politics; Assembly

Cheong Wa Dae, Park Geun-hye, Sejong-daero, the same day, assembly, police, the police,
Seoul, Seoul, Gwanghwamun, citizens, candles, hosting candlelight vigils, candles, candles,
impeachment, players, demonstrations, participants, demonstration

Culture; Performances
and Events

Seoul, Sejong-daero, events, festivals, controls, sections, Seoul City, streets, performances,
May, citizens, operations, Gwanghwamun, vehicles, progress, downtown, April, reenactment,

participation

Culture; People and

people, thoughts, Korea, beginnings, movies, people, stories, music, Seoul, writers, works,
Story love, oneself, heart, name, world, picture, world, stage

Urban Regeneration;
Culture and Space

Seoul City, business, planning, creation, region, Nodeul Island, city, Seoul, space,
regeneration, one-on-one, drive, history, connection, urban regeneration, culture, paradise
shopping, next year, citizens, management
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(Table 7) Results of Topic Modeling — Under Used and Developed

Theme Topic
location, office-tel, lease, shopping mall, building, KTX, possible, Cheongna, scale, Seoul,
Real Estate; Station Gwangmyeong Station, nearby, ground, first floor, utilization, basement, rent, office, reverse
tax, hotel

business, Seoul, the region, Seoul, Planning, Promotion, City, Seoul Station, Subway Station,
Subway, Market, Greater, Urban Regeneration, Regeneration, Site, Housing, Government,
Selection, Progress, Korail

Urban regeneration;
Station

Changdong, Seoul, Seoul City, Sanggye, Planning, Creation, Culture, Jobs, Regional,
Startups, Cities, Support, Economy, Northeast Asia, Industry, Growth, Space, Citizens,
Centers, Facilities

Economy; Industry and
Jobs

Seoul, Seoul City, Jobs, Citizens, Growth, Markets, Think, District Chief, Economy, Policy,
People, Future, Welfare, Lawmakers, Park Won-soon, North Korea, Innovation, South Korea,
Industry

Economy; Policies and
Jobs

schedule, complex, apartment, sale, utilization, availability, Cheongna, formation, furniture,
Seoul, scale, opening, composition, dedicated area, location, Gimpo, design, Cheongna
International City, Central, Stationary Area

Real Estate; New
Town
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(Table 8) Accuracy Comparison for Test data set

Classifier
SVM Decision Random Logistics Gradient
Tree Forest Regression Boost
Count Word Vector 0.924 0911 0.930 0.934 0.945
TF-IDF 0.966 0.964 0.959 0.962 0.970
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Abstract

Suggestion of Urban Regeneration Type
Recommendation System Based on Local
Characteristics Using Text Mining

Ikjun Kim* * Junho Lee** + Hyomin Kim** - Juyoung Kang***

"The Urban Renewal New Deal project”, one of the government's major national projects, is about
developing underdeveloped areas by investing 50 trillion won in 100 locations on the first year and 500
over the next four years. This project is drawing keen attention from the media and local governments.
However, the project model which fails to reflect the original characteristics of the area as it divides project
area into five categories: "Our Neighborhood Restoration, Housing Maintenance Support Type, General
Neighborhood Type, Central Urban Type, and Economic Base Type," According to keywords for successful

nmn nn

urban regeneration in Korea, "resident participation,” "regional specialization," "ministerial cooperation" and
"public-private cooperation”, when local governments propose urban regeneration projects to the
government, they can see that it is most important to accurately understand the characteristics of the city
and push ahead with the projects in a way that suits the characteristics of the city with the help of local
residents and private companies. In addition, considering the gentrification problem, which is one of the
side effects of urban regeneration projects, it is important to select and implement urban regeneration types
suitable for the characteristics of the area.

In order to supplement the limitations of the 'Urban Regeneration New Deal Project' methodology,
this study aims to propose a system that recommends urban regeneration types suitable for urban
regeneration sites by utilizing various machine learning algorithms, referring to the urban regeneration types
of the 2025 Seoul Metropolitan Government Urban Regeneration Strategy Plan' promoted based on regional
characteristics. There are four types of urban regeneration in Seoul: "Low-use Low-Level Development,

Abandonment, Deteriorated Housing, and Specialization of Historical and Cultural Resources" (Shon and
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Park, 2017).

In order to identify regional characteristics, approximately 100,000 text data were collected for 22
regions where the project was carried out for a total of four types of urban regeneration. Using the
collected data, we drew key keywords for each region according to the type of urban regeneration and
conducted topic modeling to explore whether there were differences between types. As a result, it was
confirmed that a number of topics related to real estate and economy appeared in old residential areas,
and in the case of declining and underdeveloped areas, topics reflecting the characteristics of areas where
industrial activities were active in the past appeared. In the case of the historical and cultural resource area,
since it is an area that contains traces of the past, many keywords related to the government appeared.
Therefore, it was possible to confirm political topics and cultural topics resulting from various events.
Finally, in the case of low-use and under-developed areas, many topics on real estate and accessibility are
emerging, so accessibility is good. It mainly had the characteristics of a region where development is
planned or is likely to be developed.

Furthermore, a model was implemented that proposes urban regeneration types tailored to regional
characteristics for regions other than Seoul. Machine learning technology was used to implement the model,
and training data and test data were randomly extracted at an 8:2 ratio and used. In order to compare the
performance between various models, the input variables are set in two ways: Count Vector and TF-IDF
Vector, and as Classifier, there are 5 types of SVM (Support Vector Machine), Decision Tree, Random
Forest, Logistic Regression, and Gradient Boosting. By applying it, performance comparison for a total of
10 models was conducted. The model with the highest performance was the Gradient Boosting method
using TF-IDF Vector input data, and the accuracy was 97%. Therefore, the recommendation system
proposed in this study is expected to recommend urban regeneration types based on the regional
characteristics of new business sites in the process of carrying out urban regeneration projects."

Key Words : Urban Regeneration, Text Mining, Topic Modeling, Classification, Machine Learning
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