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A Study on Monitoring Method
of Citizen Opinion based on Big Data
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Abstract Text mining is one of the big data analysis methods that extracts meaningful information from
atypical large—scale text data. In this study, text mining was used to monitor citizens' opinions on the
policies and systems being implemented. We collected 5,108 newspaper articles and 748 online cafe
posts related to 'Gyeonggi Lacal Currency' and performed frequency analysis, TF—IDF analysis,
association analysis, and word tree visualization analysis. As a result, many articles related to the
purpose of introducing local currency, the benefits provided, and the method of use. However, the
contents related to the actual use of local currency were written in the online cafe posts. In order to
revitalize local currency, the news was involved in the promotion of local currency as an informant.
Online cafe posts consisted of the opinions of citizens who are local currency users. SNS and text

mining are expected to effectively activate various policies as well as local currency.
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Table 1. Keyword Frequency and TF—IDF value

News Freq| TF—IDF Online cafe Freq | TF—IDF
Economy 1102| 533.177 | Card application | 572 | 391.701
Policy 1056 756.405 Incentive 313 | 587.779
Card 1036( 773.959 Benefits 249 [443.144
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Small Business | 816 |517.625 Franchisee 228 | 461.203

Postpartum care

177 | 371.531
cost

Promotion 711| 749.3

Incentive 562 |729.189 Sale 173 | 386.972

Traditional market| 545 | 604.643 | Income deduction | 159 | 346.869

Alley business

district 508 | 493.949

‘Where to use 136 |293.799

Franchisee 463 |596.198 Available 122 | 263.555
Youth 445 (715.003 Policy 106 |286.924
Basic income 436 | 828.908 | Regional economy | 94 |241.677
Sale 431 | 638.223 Parturition 92 |228.165
Regional economy | 241 | 354.036 Supermarket 78 [189.049
Welfare 231 1390.555 | Postpartum care 65 [211.148
P‘)Stpagg‘;? Care | 995 1369.198 | Small business | 62 |174.985
Self—employed | 220 |414.327 | Youth dividends 57 |161.369
Basic Youth | o5 | 365 599 | Department store | 54 | 151.316
Income
Sales 185 | 284.071 | Traditional market| 49 |156.202
Consumption 183 321.049 Hospital 48 |151.623
Municipality | 173 369.071 | Fostpartum care |y | 1 gq
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Fig. 2. Association Analysis Heatmap : Cafe text
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Fig. 4. 1—way Wordtree : Cafe
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