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Ul Elements Identification for Mobile Applications based on
Deep Learning using Symbol Marker
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Abstract Recently, studies are being conducted to recognize a sketch image of a GUI (Graphical User
Interface) based on a deep learning and to make it into a code implemented in an application. Ul / UX
designers can communicate with developers through storyboards when developing mobile applications.
However, Ul / UX designers can create different widgets for ambiguous widgets. In this paper, we
propose an automatic Ul detection method using symbol markers to improve the accuracy of DNN (Deep
Neural Network) based Ul identification. In order to evaluate the performance with or without the
symbol markers, their accuracy is compared. In order to improve the accuracy according to of the
symbol marker, the results are analyzed when the shape is a circle or a parenthesis. The use of symbol
markers will reduce feedback between developer and designer, time and cost, and reduce sketch image

Ul false positives and improve accuracy.
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widget
Circular 500 1000 1500
symbol marker

Button 87.5% 84.1% 91.2%
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Button 81.7% 83.3% 82.4%
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EditText 74.9% 75.3% 70.4%
ImageView 71.0% 67.2% 63.1%
RadioButton 56.8% 69.4% 62.7%
Spinner 78.2% 79.2% 79.9%
TextView 70.8% 70.6% 70.6%
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