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. Abstract

The use of text data in big data analytics has been increased. So, much research on methods for
text data analysis has been performed. In this paper, we study Bayesian learning based on conjugate
prior for analyzing keyword data extracted from text big data. Bayesian statistics provides learning
process for updating parameters when new data is added to existing data. This is an efficient process
in big data environment, because a large amount of data is created and added over time in big data
platform. In order to show the performance and applicability of proposed method, we carry out a case
study by analyzing the keyword data from real patent document data.
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