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Abstract

Itis necessary to manage the prediction accuracy of the machine learning model to prevent the decrease in the performance of the grid network
condition prediction model due to overfitting of the initial training data and to continuously utilize the prediction model in the field by
maintaining the prediction accuracy. In this paper, we propose an automation technique for maintaining the performance of the model, which
increases the accuracy and reliability of the prediction model by considering the characteristics of the power grid state data that constantly
changes due to various factors, and enables quality maintenance at a level applicable to the field. The proposed technique modeled a series of
tasks for maintaining the performance of the power grid condition prediction model through the application of the workflow management
technology in the form of a workflow, and then automated it to make the work more efficient. In addition, the reliability of the performance
result is secured by evaluating the performance of the prediction model taking into account both the degree of change in the statistical
characteristics of the data and the level of generalization of the prediction, which has not been attempted in the existing technology. Through
this, the accuracy of the prediction model is maintained at a certain level, and further new development of predictive models with excellent
performance is possible. As a result, the proposed technique not only solves the problem of performance degradation of the predictive model,
but also improves the field utilization of the condition prediction model in a complex power grid system.
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itk LaEzL9 EXNA AHojE AHAxr AYPLS AAstT

of wel 4% 58L Aot 1Dz JAB2E B 4
2d 9 AR BEAslel olF E4she dHz Y e
AAROE SuR 4 A Hek A, AAEES 29Y 5E
&5 25 o] Wste] iS5t At AS 2 w9 {AA
= AFet fAEES Hdgdes Haa 55, Ao B
(control-flow) 9|, o|HlE-EZ|A Y, FAA T&(: AAH|2,
GAA ALY FE Q4SS SRR TRt Bd e A
U eEs AT 4 o, ol gt A E=FY HA ET &
ofsith. UA, YAE=2S w2l AAY HE&S s AET 9%
Hopo|l A HAZE HUEY, A5} EA4 2 HAHIeE F2 VE
AAZES B &9 oS 7diE & At A, 2d &
Fol e dF A 54 WEHAS 111‘?_}01'04 cheFRt mdof |
|29 Hd9] & s &40l 7FestEiE 54 =rd IH

o mu Ly gkg N

418

HAstel ot 2l Aol Hsdtck miHEtoR 71E sldAle
A=A Sk Sk dlolele] BAH 54 Wst Awet ool

Qi $EL BE DT ofF mde 45 WS B A5
dstel A8 Buaiu olF Bof 4% nde) JUwg 44

FO2 FAHDSIL Hot Hek & dSEEY Ayt o]
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o drdo] VAL AW B A& IAHE sidsta #4
AY A 5 AF BH9 W] fATt dErd BHE B9
e n A=igdel EgE AF 2Eo A&HQ E82 THsA
g & 9dE Aol
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