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A Study on Design and Implementation of Driver’s Blind Spot
Assist System Using CNN Technique
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Abstract The Korea Highway Traffic Authority provides statistics that analyze the causes of traffic
accidents that occurred since 2015 using the Traffic Accident Analysis System (TAAS). it was reported
Through TAAS that the driver's forward carelessness was the main cause of traffic accidents in 2018. As
statistics on the cause of traffic accidents, 51.2 percent used mobile phones and watched DMB while
driving, 14 percent did not secure safe distance, and 3.6 percent violated their duty to protect
pedestrians, representing a total of 68.8 percent. In this paper, we propose a system that has improved
the advanced driver assistance system ADAS (Advanced Driver Assistance Systems) by utilizing CNN
(Convolutional Neural Network) among the algorithms of Deep Learning. The proposed system learns a
model that classifies the movement of the driver's face and eyes using Conv2D techniques which are
mainly used for Image processing, while recognizing and detecting objects around the vehicle with
cameras attached to the front of the vehicle to recognize the driving environment. Then, using the
learned visual steering model and driving environment data, the hazard is classified and detected in three
stages, depending on the driver's view and driving environment to assist the driver with the forward and
blind spots.
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