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Abstract

Huge amounts of contents are being uploaded every day on various streaming platforms. Among those videos, game and sports
videos account for a great portion. The broadcasting companies sometimes create and provide highlight videos. However, these
tasks are time-consuming and costly. In this paper, we propose models that automatically predict highlights in games and sports
matches. While most previous approaches use visual information exclusively, our models use both audio and visual information,
and present a way to understand short term and long term flows of videos. We also describe models that combine GAN to find

better highlight features. The proposed models are evaluated on e-sports and baseball videos.
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Fig. 1. (a) Multiple time-interval audio model (MTIM), (b) Highlight feature extraction using GAN (STIM-GAN)
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Fig. 2. (a) Multiple time-interval audio/image model (BiMTIM), (b) the proposed GAN-extended model (BIMTIM-GAN)
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Fig. 3. Experiment results on an e-Sports test video (blue: highlight labels, red: highlight score)
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