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host_id host_description

| am an artist painter, flmmaker and curator who is working in the film industry while | m building my business. | am extremely easy going

7356 and would like that you are the laid back and enjoy life kind of person. | also ask that you are open. honest and easy to communicate with as

thisis how | like to live my life. And of course creative people are very welcome

4

host_id | Sentence_id host_description aspect
0 | am an artist painter, filmmaker and curator who is working in the film industry while | m building my business. | introduction
7356 1 | am extremely easy going and would like that you are the laid back and enjoy life kind of persan. interaction
5 | also ask that you are open, honest and easy to communicate with as this is how | like to live my life. And of interaction
course creative people are very welcome

0

host_id Location Birth Introduction Attraction Interaction

7356 0 0 1 0 2

(Figure 3) Counting aspects sample
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(Table 1) Representative words for inferred aspects

‘ Inferred Aspects

Representative Words

Location

line, train, bus, station, subway, within, airport, block, garden, transportation, distance, car, speed, mn,
kitchen, terrace, hour, square, cab, express, top, center, avenue, stop, library, street, wi, minute, wall,
stadium, building, front, route, ferry, river, grand, high, ave, union, right, nearby, rooftop, desk, amenity,
store, lined, linen, bed, near, metro, foot, dryer, morning, mall, starbucks, fifth, plaza, shower, laundry

Birth

originally, london, grew, california, francisco, san, miami, paris, came, australia, angeles, berlin, moved,
germany, florida, decade, france, washington, uk, italy, rio, chicago, usa, brazil, japan, england, since,
canada, fell, spain, texas, seattle, orleans, israel, hong, kong, jersey, transplant, zealand, stint, los,
hawaii, janeiro, barcelona, rome, lived, india, recently, austin, singapore, greece, coast, north, ago,
prague, sydney, carolina, spent, tokyo, rico, virginia

Introduction

woman, im, worker, entrepreneur, social, female, creative, non, health, dancer, engineer, gay, former,
employed, male, medium, maker, hardworking, profit, educator, singer, songwriter, healthcare, coach,
executive, field, marketing, software, instructor, teacher, digital, technology, therapist, professional, mid,
musician, mom, freelance, lawyer, Igbtg, esl, actress, chef, self, violinist, graphic, model, actor, mature,
organization, smoker, educated, humanitarian, agency, artist, adventurer

Attraction

cuisine, course, trying, seeing, eating, cultural, especially, activity, food, nature, hiking, music, dancing,
outdoors, movie, learning, hobby, biking, wine, sport, outdoor, dance, hike, history, discovering,
delicious, skiing, foodie, experiencing, type, listening, expose, adventure, beer, art, cooking, concert,
playing, photography, watching, diving, interest, surfing

Interaction

guest, someone, welcoming, anyone, treat, others, expect, comfortable, respect, provide, important,
stay, everyone, leave, visitor, host, providing, understand, would, staying, open, believe, comfort, safe,
truly, appreciate, come, able, welcome, want, privacy, goal, hope, accommodate, welcomed, cozy,
warm, yet, reciprocate, excited, giving, pleasant, affordable, sure, feeling, strive, wish, create, think,
respectful, treated, value, give

(Table 2) Model summary and comparison

| Model 1 Model 2 Model 3
R 0.3908 0.3915 0.3912
Adjusted 7* 0.3904 0.3907 0.3906
Mean Squared Residual 1.317 1.317 1.317
F statistics 867.5 4914 664.3
P value {0.001 {0.001 0.001
DF 13 23 17
logLik —29804.22 —29794.92 —29798.68
BIC 59755.07 59834.22 59783.09
deviance 30506.84 30474.59 30487.62
DF residual 17578 17568 17574

Comparison Model 1
Sum of Square 32.25 19.22
DF 10 4
F statistics 1.8591 2.7698
P value 0.05 {0.05
Comparison Model 2

Sum of Square 13.03
DF 6
F statistics 1.2519
P value 0.2762
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(Table 3) Regression coefficient estimates: Model 3

AL & & 3112}. Shared roomo{ tj&jA]= Birthe}
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homeol| Tt 712718} o shakes] gie] g
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Qi 2 Shared roomd} Attraction®] WF 218 glo] 2
9] ZF8 7}x|g| o] ¢3|? Entire homek o} Z&
Ajo] £4] 9K UL vAE AL vehic,
<Table 4> o] et B 2Lg TI4S TEl5to] A
<HF 3ol A aspecte]] et 7]&719F -2
4 A4 A4S UEhdith -85 0.05 Stof 4] Entire
742 Location, Birth, Attraction, Interaction®]]
e Bl TRl ool e nAlT 53]
0.09979] 778 2 71=71E 7HItt. Private

Entire homeX} -§-A}5}A| 9t Attraction©| 4]

Interaction>-

room&] 7%

Variable Coef. (SE.)
(Intercept) 26110 ™ (0.1082)
HostResponseTime - 03840 7 (0.0091)
Superhost 13850 (0.0283)
_ HostSince 0.0001 (0.0000)
Control Variables . -
log(Price) - 0.1243 (0.0189)
Cancellation 03990 (0.0123)
Readability 0.0001 . (0.0000)
Dop,ivate Room - 01047 ” (0.0297)
Room Type
Dgpared room - 0.2069 (0.1264)
Location 0.0394 ™ (0.0106)
Birth 0.0284 " (0.0141)
Aspect Introduction 0.0077 (0.0142)
Attraction 0.0716 (0.0160)
Interaction 0.0997 ™ (0.0100)
Dp,ivate room * attraction - 00397 . (0.0233)
Interaction Dy ored room = birth 0.2196 . (0.1219)
(Room Type * Aspect) Dgpored Room - attraction - 01653 . (0.0870)
Dy ored poom * interaction 0.1232 . (0.0707)
™ p-value {0,001, ~p-value {0.01, p-value (0.05, . : p-value {0.1
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(Table 4) Comparison of regression slopes of aspects

Room Type Entire Home Private Room Shared Room

Aspect Coef. (SE) Coef. (SE) Coef. (SE)
Location 0.0394 ™ 00394 ™ 00394 ™
(0.0106) (0.0106) (0.0106)

Birh 00284 " 0.0284 " 0.0281 "
(0.0141) (0.0141) (0.1211)

ntroducion 0.0077 0.0077 0.0077
(0.0142) (0.0142) (0.0142)

Attraction 00716 0.0319 . —0.0937
(0.0160) (0.0172) (0.0856)

nteraction 0.0997 ™ 0.0997 ™ 0.2230 ”
(0.0100) (0.0100) (0.0702)

™ p—value (0.001, " o-value {0.01, "p-value (0.05, . : p-value (0.1
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( Abstract )

Impact of Self—Presentation Text of Airbnb Hosts
on Listing Performance by Facility Type

Sim, Ji Hwan*, Kim, So Young**, Chung, Yeojin***

In accommodation sharing economy, customers take a risk of uncertainty about product quality, which is an important
factor affecting users' satisfaction. This risk can be lowered by the information disclosed by the facility provider.
Self-presentation of the hosts can make a positive effect on listing performance by eliminating psychological distance through
emotional interaction with users. This paper analyzed the self-presentation text provided by Airbnb hosts and found key
aspects in the text. In order to extract the aspects from the text, host descriptions were separated into sentences and applied
the Attention-Based Aspect Extraction method, an unsupervised neural attention model. Then, we investigated the relationship
between aspects in the host description and the listing performance via linear regression models. In order to compare their
impact between the three facility types(Entire home/apt, Private rooms, and Shared rooms), the interaction effects between
the facility types and the aspect summaries were included in the model. We found that specific aspects had positive effects
on the performance for each facility type, and provided implication on the marketing strategy to maximize the performance

of the shared economy.

Key Words: Sharing economy, Self—presentation, Aspect extraction, Text—mining, Unsupervised learning
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