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Abstract In recent years, a recommendation system is introduced in many different fields with the
beginning of the 5G era and making a considerably prominent appearance mainly in books, movies,
and music. In such a recommendation system, however, the preference degrees of users are subjective
and uncertain, which means that it is difficult to provide accurate recommendation service. There
should be huge amounts of learning data and more accurate estimation technologies in order to
improve the performance of a recommendation system. Trying to solve this problem, this study
proposed a movie recommendation system based on Fuzzy-AHP and Word2vec. The proposed system
used Fuzzy-AHP to make objective predictions about user preference and Word2vec to classify scraped
data. The performance of the system was assessed by measuring the accuracy of Word2vec outcomes
based on grid search and comparing movie ratings predicted by the system with those by the audience.
The results show that the optimal accuracy of cross validation was 91.4%, which means excellent
performance. The differences in move ratings between the system and the audience were compared
with the Fuzzy-AHP system, and it was superior at approximately 10%.
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Fig. 1. System Structure
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Movie Recommendation System
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Save Next

Fig. 3. [Program Capture] A page implementation
to obtain weights for each criterion
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Fig. 4. [Program Capture] A page to recommend movies of
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Fig. 5. A graph of grid search for Word2vec outcomes
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