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Abstract The background of this study is that machine learning administrative services are recently
attracting attention as a major policy tool for non—face—to—face administrative services in the
post—corona era. This study investigated the types of work expected to be effective when introducing
machine learning administrative services for Seoul Metropolitan Government officials who are piloting
machine learning administrative services. The research method is a machine that can be introduced by
organizational unit by distributing and collecting questionnaires for Seoul administrative organizations
that have performed machine learning—based administrative services for one month in July 2020
targeting Seoul public officials using machine learning—based administrative services. By analyzing the
learning administration service and application service, the business characteristics of each machine
learning administration service type such as supervised learning work type, unsupervised learning work
type, and reinforced learning work type were analyzed. As a result of the research analysis, it was found
that there were significant differences in the characteristics of administrative tasks by supervised and
unsupervised learning areas. In particular, it was found that the reinforcement learning domain contains
the most appropriate business characteristics for machine learning administrative services. Implications
were drawn. The results of this study can be provided as a reference material to practitioners who want
to introduce machine learning administration services, and can be used as basic data for research to
researchers who want to study machine learning administration services in the future.
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Types of supervised learning tasks expected to be | Aply

effective

- Simple and repefitive fasks that would be nice if

someone could substitute or support them
. Preparation of standard press releases (lssuance and

cancellation of fine dust advisories based on numerical values,
etc.) |

. Frequent civil complaint counseling and Q&A (FAQ), etc.

- Tasks that need to be resolved due to frequent same

or similar complaints
. Resolving some civil complaints using chatbols in case of

waiting call for consultation

Fig. 1. Types of supervised learning tasks
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Types of unsupervised learning tasks
stfactive

wpacted to be | Ay

- A task that can help decision making by reducing the

scope due to the large amount of data
. Detecting unauthorized buildings using aerial photographs, illegal

3 | parking and stopping control, atc.
. Non-face-to-face interview (reduce the scope of review by
comparing the data of excellent employses who have already

learned many interviswesg)

- Effectiva work by finding useful information from vast

documents, photos, and audio
. Collecting similar patents only, collecting and analyzing

precedents, making departmaent phone numbers current
through public documents, etc.

. Control of unauthorized dumping of illegal waste using CCTV
(taking pictures and warning messages in case of

unauthorized dumping)

-Tasks requiring customized services for each

administrative service targat
. Welfare services available to elderly living alone in their 70s,

lifelong education programs, job recommendations, efe.

Fig. 2. Types of unsupervised learning tasks
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Types of reinferced learning tasks axpocted to be

offective

-A task that can help decision making by reducing the
scopé due to the large amount of data

Detecting unauthorized buildings using aerial photographs, illegal

No

§ | parking and stopping control, etc.
. Non-face-to-face interview (reduce the scope of review by
compering the data of excellent employess who have already
leerned many interviewess)

- Tasks that require expertise to refer to eoxperience,

X

technology, and existing cases
. Disgnoging diceases with only the sound of & stethoscope,

judging specific situations from photos, reading medical images.
el

Non-face-to-face safety management of common areas
(automatic detection of abnormal signe through periodic

mornitoring)

Fig. 3. Types of reinforcement learning tasks
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No  Application of machine learning administration services

~(Inference) Rational judgment through data and inference,
support for decision making, etc.

+ Non-face-to-face investigator (Illegal loan, after learning
keywords related to multi-stage social media related posts)

- Non-face-to-face taxi (predicts taxi demand based on taxi

1 operation information and provides information to drivers)

+ Owl Bus (determining the route of the late-night bus by
analyzing the volume of mohile phone calls during the
late-night time)

- Non-face-to-face safety
management of common
wards

+ Recommendation of judgment
based on case law data

- (Language Intelligence) Understanding the context of human
words or writings, real-time translation and interpretation, etc.

« Automatic consultation

2 (chatbot)

« Priority candidates such as
recruitment, recommendation
of qualified candidates

- Extract specific content from vast documents, documents, etc.

- Real-time interpretation,
translation, etc.

- Summarizing media coverage

- (Hearing Intelligence) Recognition and identification of sound
and voice, copying, voice < text conversion

- Voice recognition meeting
minutes

3 | - Interpretation service for the

hearing impaired (voice—text)

+ Virtual assistant(Al speaker)

- Scream recognition
dangerous situation detection

- Voice recognition administrative
service, government office
information, etc.

- Voice recognition directions

- (Visual Intelligence) Content-based classification of images,
photos, videos, efc., imitation, pattern search, etc.

- Automatic detection of
CCTV unauthorized dumping
and assault

- Medical image reading

4 - Large waste recognition,
image recognition agricultural
product classification

« Detecting unauthorized
buildings using aerial
photographs

- Facial recognition office - Finding the elderly with

access, facial recognition dementia, finding missing
attendance book infants

- (Emotional intelligence) Analyzing intentions or emotions
through suggested texis, words, and faces

5 - (Post) Analysis of the sentiment of posts on Twitter and
SNS — Analysis of citizens” perception of municipal
administration

+ (Face) Lecture (class) satisfaction survey by facial recognition

Fig. 4. Application of ML administrative service
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SUPERVISED LEARNING TASK TYPE ANALYSIS RESULTS

wSimple repetitive work @ Similar wark

ENVIRON & WATER RESOURCES CMT,
ADMINISTRATION & AUTONOMY CMT,
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PUBLIC SAFETY & COMSTRUCTION CMT
CITY PLANNING MANAGEMENT CMT.
PLANNINGEECONOMY CMT.
TRANSPORTATION CMT

EDUCATION CMT.

FAIR ECONOMY DIV

Fig. 5. Supervised Learning Teak Analysis Results
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Fig. 6. Unsupervised Learning Teak Analysis Results
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MACHINE LEARNING ADMINISTRATION SERVICE APPLICATION

SERVICE ANALYSIS RESULT
BRessoningService  mVerbalinteligence  whearinginteligence o Visual intelligence  mEmotional intelligence
ENVIRONMENT & WATER RESOURCES CMT i i EE
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Fig. 8. ML Service Application Analysis Results
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