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The Analysis of Changes in East Coast Tourism
using Topic Modeling
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Abstract The amount of data is increasing through various IT devices in a hyper-connected
society where the 4th revolution is progressing, and new value can be created by analyzing that
data. This paper was collected total 1,526 articles from 2017 to 2019 in central magazines,
economic magazines, regional associations, and major broadcasting companies with the keyword
“(Bast Coast Tourism or East Coast Travel) and Gangwon-do” through Bigkinds. It was performed
the topic modeling using LDA algorithm implemented in the R language to analyze the collected
1,526 articles. It was extracted keywords for each year from 2017 to 2019, and classified and
compared keywords with high frequency for each year. It was setted the optimal number of
topics to 8 using Log Likelihood and Perplexity, and then inferred 8 topics using the Gibbs
Sampling method. The inferred topics were Gangneung and Beach, Goseong and Mt.Geumgang,
KTX and Donghae-Bukbu line, weekend sea tour, Sokcho and Unification Observatory, Yangyang
and Surfing, experience tour, and transportation network infra. The changes of articles on East
coast tourism was was analyzed using the proportion of the inferred eight topics. As the result,
the proportion of Unification Observatory and Mt. Geumgang showed no significant change, the
proportion of KTX and experience tour increased, and the proportion of other topics decreased
in 2018 compared to 2017. In 2019, the proportion of KTX and experience tour decreased, but
the proportion of other topics showed no significant change.
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Nouns |Freq.| Nouns |Frea.| Nouns | Freq.
1 Beach 474 Train 352 | Beach 346
2 | Gangneung | 447 | Gangneung | 278 | Gosung | 311
3 Olympic | 372 | Gosung | 215 |Gangneung| 282
4 Opening | 313 Peace 200 Sea 248
5 | PO Tog | Fesival | 178 M | 25
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6 Seoul 283 | Make up | 176 |Forest fires| 162
7 | Yangyang | 267 |Mt.Gumgang| 171 | Sokcho 147
8 Festival | 266 | Olympic | 169 | Downtown | 130
9 Train 253 Beach 168 | Donghae | 122
10 Sea 218 Sea 163 | Business | 12
11| section | 195 | UMMGAION gty | 422
Observatory
12 | Make up | 165 | Business | 130 Plan 116

13 Gosung | 150 | Downtown | 129 | Surfing 113
14 | Samcheok | 148 | Samcheok | 125 | Yangyang | 112

15 KTX 146 | Connect | 125 Start 109

16 | Sokcho | 138 | NOM A cowse | 106

South
17 Facility 137 | Opening | 119 | Damage | 101
18 | Highway | 133 | Experience | 119 | Festival 100
19 | Operation | 131 Seoul 117 | Make up | 98
20 Hold 127 DMz 114 | Propel
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Table 2. The analysis result of topic modeling
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Topics ) Freq.
No Name Topics (%)
Gangneung, Beach, Plan,
Gananeun Use, Maxium, A summer
1 an dgbeaclg vacationer, Environment, | 11.63
Wind, Peace, Festival,
Citizen
Gosung, Mt.Gumgang,
5 Gosung and | Opening, Course, Hold, 10.00
Mt.Gumgang City, Event, Olympic, ’
Participation, Downtown
Train, KTX, Facility,
KTX and Culture, Goods, Seoul,
3 Donghae Uses, Donghae-Bukbu 9.17
-Bukbu line line, Propel, Vicinity,
Resource, Activation
Sea, Pyeongchang,
4 Weekend Sea| Festival, Cohort, Seoul, 8.41
tour Link, Ready, Show, Food,
Weekend, Busan
Sokcho, Operation,
Sokcho and Economy Unification
5 Unification  |observatory, Wave, North| 8.09
Observatory korea, Goverment,
Person, World, Yangyang,
Olympic, Yangyang,
6 Yangyang and| Winter, Development, 750
Surfing Location, Surfing, Prople, i
Route, Change, Open,
Business, Furtherance,
7 Experience | Samcheok, Experience, 6.77
tour National highway, Start, .
Uljin, Visit, Observatory
Highway, Connect,
Transportation Donghae, Sights, Sgctlon,
8 ) Nature, Popularity, 6.69
network infra . )
Expansion, Transportation
network, Infra. Famous
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