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Abstract

: We have developed a scheduler that additionally consider network performance by

extending the Kubernetes developed to manage lots of containers in cloud computing nodes. The

network delay adapt characteristics of the compute nodes were learned during server operation

and the learned results were utilized to develop placement algorithm by considering the existing

measurement units, CPU, memory, and volume together, and it was confirmed that the low delay

network service was provided through placement algorithm.
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Table 1. Service profile requirements standard

CPU Memory Bandwidth Latency
4k: 20~40Mbps 4k: <=50ms
Cloud AR/VR 4 core 8GB 8k: 90~130Mbps 8k: <= 20ms
12k: 500~700Mbps 12k: <= 10ms
Web Server 1 core 2GB 1.5Mbps 1~2 sec
. FHD : 6 Mbps 4~5 sec
Video Stream 1 core 4GB )
4k : 35 Mbps (w/ buffering)
Cloud Game 4 core 4GB 30Mbps 20~100ms
Smart Factory 6 Core 2GB 1~10Mbps 1ms
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Table 3. Average latency for each scheduler

Service Web Game
Scheduler Server Server
Default Scheduler 78.74ms 15.66ms
Krane Scheduler 34.77ms 5.32ms
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