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ABSTRACT

In this paper, we propose a clustered algorithm that possible more efficient user distinction within clustering using
context-aware attribute information. In typically, the data provided to classify interrelationships within cluster information
in the process of clustering data will be as a degrade factor if new or newly processing information is treated as
contaminated information in comparative information. In this paper, we have developed a clustering algorithm that can
extract user 's recognition information to solve this problem in using K-means algorithm. The proposed algorithm analyzes
the user’s clustering attributed parameters from user clusters using accumulated information and clustering according to
their attributes. The results of the simulation with the proposed algorithm showed that the user management system was
more adaptable in terms of classifying and maintaining multiple users in clusters.
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3.1. K-means Clustering Validation

7o) Feow 58 AYsta Fe28Y 2t
Aed eI welE SeAE F8/8 9] A== K-means
SeiAE A W Fa3F =% shtoltt o] gt
S AE O faidol wet A= Dunndf Fe A5
(D)} Davies-Bouldin©| A|2tSHDBI) = S8 AEHH &
TEEe] SRS nAHoR AAISFACHI-10].
Dunn®] B2 2|5x(D]) =] £8 Fx= FEayH 7t
A 9 Zef2E W A2 2asE A oJstal o] =7 E
SEAEHPS A date|Solth ® A|¢HE DBI
= 2 e S 2E disf SulaE W £29 A
off o7t vl o FeAE IH Y] A= sk
oiek.

2 =RoA= o]#gt K-means S AE| oA H
ole|o] fAMT HlfA Y B4 HEg AP
7] $18to] A[U(GENI Index) A5 ©]-8-5FaL AT &
A2 BTt A E 485k S22 EYollA] Hlo]
Blo] a4 A u)wso] $E4S e P
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Table. 2 Table of user's changed data
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