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ABSTRACT

Music markets have entered the era of streaming. In order to select and propose music that suits the taste of music
consumers, there is an active demand and research on an automatic music genre classification system. We propose a
method to improve the accuracy of genre unclassified songs, which was a lack of the previous system, by using a
generative adversarial network (GAN) to further develop the automatic voting system for deep learning music genre using
Softmax proposed in the previous paper. In the previous study, if the spectrogram of the song was ambiguous to grasp
the genre of the song, it was forced to leave it as an unclassified song. In this paper, we proposed a system that increases
the accuracy of genre classification of unclassified songs by converting the spectrogram of unclassified songs into an

easy-to-read spectrogram using GAN. And the result of the experiment was able to derive an excellent result compared
to the existing method.
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CNN(Convolutional Neural Network)-2- 1990 )] &
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Fig. 1 Deep Learning Music genre automatic classification
voting system flow chart (proposed model overview)
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Fig. 2 Music Classification Voting System
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Fig. 4 Generative Adversarial Network framework [7]
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Table. 1 Classification Error Rate Comparison

Model Classification Error Rate (%)
CNN 16.3
RNN 19.2
CNN+RNN 134
VOTING SYSTEM 11.7
VOTING SYSTEM+GAN 3.1
(suggested model) ’
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