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Automatic Video Editing Technology based on Matching System
using Genre Characteristic Patterns
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Abstract

We introduce the application that automatically makes several images stored in user’s device into one video by using the
different climax patterns appearing for each film genre. For the classification of the genre characteristics of movies, a climax
pattern model style was created by analyzing the genre of domestic movie drama, action, horror and foreign movie drama, action,
and horror. The climax pattern was characterized by the change in shot size, the length of the shot, and the frequency of insert
use in a specific scene part of the movie, and the result was visualized. The model visualized by genre developed as a template
using Firebase DB. Images stored in the user's device were selected and matched with the climax pattern model developed as a
template for each genre. Although it is a short video, it is a feature of the proposed application that it can create an emotional
story video that reflects the characteristics of the genre. Recently, platform operators such as YouTube and Naver are upgrading
applications that automatically generate video using a picture or video taken by the user directly with a smartphone. However,
applications that have genre characteristics like movies or include video-generation technology to show stories are still insufficient.
It is predicted that the proposed automatic video editing has the potential to develop into a video editing application capable of
transmitting emotions.
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Fig. 1. Prior research scope related to movie climax pattern analysis
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Table 1. Automatic video editing application

App Name VLOG(Naver) app iMovie
SR
Application
NN
- voice separation
- subtitle editing - automatic arrangement editing . »
. . : . - automatic arrangement editing
Function - image extraction by place and time .
. . . . by place and time
- blog video search - various images can be inserted
- similar video recommendation
Device - iPone Galaxy
¥ 2. Z3ES XNRohs FAEE ofS2iAoM

Table 2. Video editing app that supports the platform

App Name V LIVE(naver) Watch party(facebook) IGTV (instagram)
SNS
platform
- section search - the ability to communicate together - portrait full screen support
Function - continuation function while viewing real-time video - upload up to 1 hour of video
- community function - co-host or cloud sourcing function - auto play, video recommendation
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Fig. 2. Diagram of automatic video editing application
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Table 3. Using Multiclass classification activation function and VGG16 model training accuracy result
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additional_model.add(Dense(256,activation(‘relu’))
additional_model.add(Dropout(0.5))
additional_model.add(Dense(256,activation(‘softmax’))

additional_model.compile(loss='"categorical_crossentropy"',
optimizer=optimizers.RMSprop(Ir=6e-5), metrics=['acc’])

history = additional_model.fit_generator(train_generator,
steps_per_epoch=math.ceil(train_generator.n/train_generator.batch_size),

1
0.975
0.95
0.925
0.9
0.875
0.825
08
0.775

—2cc

——val_acc
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Average accuracy : 89.78%

T 4. VGG16 2 22 Z3f o[o[X|
Table 4. VGG16 model training result image
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