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Abstract While many users searched for insurance information online, there were not many cases of
contents recommendation researches on insurance companies' websites. Therefore, this study proposed
a page recommendation system with high possibility of preference to users by utilizing page visit
history of insurance companies' websites. Data was collected by using client—side storage that occurs
when using a web browser. Collaborative filtering was applied to research as a recommendation
technique. As a result of experiment, we showed good performance in item—based collaborative (IBCF)
based on Jaccard index using binary data which means visit or not. In the future, it will be possible
to implement a content recommendation system that matches the marketing strategy when used in a

company by studying recommendation technology that weights items.
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Table 1. Confusion Matrix
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08 Positive Positive
Predicted
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Fig. 2. ROC Curve
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Fig. 3. Flowchart for saving web page history
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Table 2. Recommended Web Page Codes by User ID

User ID
6737 10031 10002 10003 10004 10005
28923 10001 10002 10003 10004 10005
31274 10001 10002 10004 10005 10006
113873 10047 10041 10011 10042 10040
114697 10016 10014 10001 10002 10003

Recommended web page code
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Fig. 4. UBCF. Distribution of recommended results
using hit data(left) and distribution of
recommended result using binary data(right)
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Fig. 5. IBCF. Distrubution of recommended results
using hit data(left) and distribution of
recommended result using binary data(right).
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