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ABSTRACT

We have been studying a deep-learning program that can communicate with other
users in online communities since 2017. But there were problems with processing a
Korean data set because of Korean characteristics. Also, low usage of GPUs of RNN
models was a problem too. In this study, as Natural Language Processing models are
improved, we aim to make better results using these improved models. To archive this,
we use a Transformer model which includes Self-Attention mechanism. Also we use
MeCab, korean morphological analyzer, to address a problem with processing korean
words.
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