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A Study of Unified Framework with Light Weight Artificial Intelligence Hardware
for Broad range of Applications
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ABSTRACT

A lightweight artificial intelligence hardware has made great strides in many application areas. In general, a lightweight artificial intelligence system
consist of lightweight artificial intelligence engine and preprocessor including feature selection, generation, extraction, and normalization. In order to
achieve optimal performance in broad range of applications, lightweight artificial intelligence system needs to choose a good preprocessing function and set
their respective hyper-parameters. This paper proposes a unified framework for a lightweight artificial intelligence system and utilization method for finding
models with optimal performance to use on a given dataset. The proposed unified framework can easily generate a model combined with preprocessing
functions and lightweight artificial intelligence engine. In performance evaluation using handwritten image dataset and fall detection dataset measured with
inertial sensor, the proposed unified framework showed building optimal artificial intelligence models with over 90% test accuracy.
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