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Modified File Title Normalization Techniques for Copyright Protection
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ABSTRACT

Although torrents and P2P sites or web hard are frequently used by users simply because they can be easily do
wnloaded freely or at low prices, domestic torrent and P2P sites or web hard are very sensitive to copyright. Techni
ques have been researched and applied. Among these, title and string comparison method filtering techniques that bl
ock the number of cases such as file titles or combinations of key words are blocked by changing the title and spaci
ng. Bypass is easy through. In order to detect and block illegal works for copyright protection, a technique for norm
alizing modified file titles is essential. In this paper, we compared the detection rate by searching before and after no
rmalizing the modified file title of illegal works and normalizing the file title. Before the normalization, the detection
rate was 77.72%, which was unfortunate while the detection rate was 90.23% after the normalization. In the future, 1
t is expected that better handling of nonsense terms, such as common date and quality display, will yield better resu
Its.
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