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ABSTRACT

Approaches to find hidden values using various and enormous amount of data are on
the rise. As big data processing becomes easier, companies directly collects data
generated from users and analyzes as necessary to produce insights. User-based data are
utilized to predict patterns of gameplay, in-game symptom, eventually enhancing gaming.
Accordingly, in this study, we tried to analyze the gaming strategy and user activity
patterns utilizing Battlegrounds in—-game data to detect the in-game hack.
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3. Research Procedure
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[Fig. 1] Procedure of Case Study
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[Fig. 2] Frequency of Killer & victim position

4.3 Outlier Detection
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5. Results

5.1 Result of Team Ranking
Prediction
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[Table 3] Variables Definition

std.

Estimate |t-value |[Pr(>[t])
beta

4.17E+01 | <2e-16| <0.001
-2.64E+00| <2e-16| <0.001 |-0.28
-1.14E+00| <2e-16| <0.001 |-0.10
player_assists | 8.46E-01 | <2e-16| <0.001 | 0.04

(Intercept)

player_Kills

player_dbno

player_dist_ride | -1.59E-03|<2e-16| <0.001 |-0.02

player_dist_walk | -4.44E-04| <2e-16| <0.001 |-0.08
¥ F: 6.58e+05(0.001), Adjusted-R2: 0.318, DF: 7.03e+06
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5.2 Result of Mapping of
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[Fig. 3] Coordinate of killer & victim position
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5.3 Result of Outlier Detection

A Al 3ol whg, #A A= [Fig. 513 2tk

1000

2000
I

3000
I

4000
l

0 1000 2000 3000 4000

[Fig. 5] Example of outlier hack point
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