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ABSTRACT

Integrity prediction of the operation equipment of naval vessels is essential to maintain the
efficiency of the operation performance in urgent situations. Recently, the integrated condition
assessment system(ICAS) was introduced and maintained to improve operational performance.
This technology is related with ICAS, and it must be localized through extensive research. In this
paper, we present the results of applying the data-driven model to the predictability methods of

diesel generators, which are naval vessel operation equipment.
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Fig. 1 MOSCQOS operating range.
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Fig. 2 ICAS configuration diagram.
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Fig. 7 Start-up procedure for designing gas-turbine
physical model.
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Table 1. Effective prediction method.
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Statistics |Data-driven
Gas turbine A * Good
Propulsion A * Good
motor
Diesel A % Good
generators
Fresh water "
generators Good }
Refrigerating .
plants Good -

*: Applicable for long operation data accumulation,
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