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ABSTRACT

Autonomous driving of drone indoor must move along a narrow path and overcome other factors such as lighting,
topographic characteristics, obstacles. In addition, it is difficult to operate the drone in the hallway because of insufficient
texture and the lack of its diversity comparing with the complicated environment. In this paper, we study an autonomous
drone navigation using Convolution Neural Network(CNN) in indoor environment. The proposed method receives an
image from the front camera of the drone and then steers the drone by predicting the next path based on the image. As
a result of a total of 38 autonomous drone navigation tests, it was confirmed that a drone was successfully navigating in
the indoor environment by the proposed method without hitting the walls or doors in the hallway.
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Fig. 2 CNN model for drone self driving
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Fig. 3 System flowchart for drone direction control
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Fig. 6 Realtime test in the indoor corridor environment
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Table. 2 Result of drone navigate

Result(average)
Driving count 38
Time 19s
Height of drone 1m
Accident per one try 0
Steering per second 63
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