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1. INTRODUCTION   

Patient waiting time is an important determinant

of patient satisfaction [1] and has not only been

used as a performance indicator in health care for

measuring the quality of services for hospitals in

developed countries, e.g., Organization for Econo-

mic Co-operation and Development (OECD) coun-

tries [2], but also used for developing countries [3],

[4]. Long patient waiting time has been reported

in both developed and developing countries [4].

However, the duration of waiting time in develop-

ing countries is usually longer than that in devel-

oped countries. The outpatient at Bolivian hospitals

also has that problem. Several repeated observa-

tion and interviewed with physicians revealed that

patients usually have long waiting time while vis-

iting for their needed services. Due to this delay,

the patient satisfaction and quality of service are

low. Hence, there is need to reduce patient’s wait-

ing and total time at the hospital.

Efficient patient flow is a key factor that leads

to low patient waiting time and short total visit

time [5]. Since the types and functions of outpatient

department differ from country to country [6], this

study was investigated on an outpatient depart-

ment in Bolivia, a Latin America country, and aim

to identify the potential enhancements to optimize

patient flow. To reach that goal, the patient flow

of the outpatient department was modeled and used
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to analyze patient flow using discrete-event simu-

lation technique, a cost effective method, to opti-

mize patient's waiting time and hospitals length of

stay. Based on data extracted from the health in-

formation system and also by interviewing physi-

cians in the hospital, patient arrival pattern and

processing times were collected. From gathered

data, a discrete event simulation using Arena soft-

ware was constructed. Several scenarios raised for

exploring better settings will be tested using that

model. To measure the performance for each con-

figuration, the patient's waiting time, the total

length of stay and resource utilization will be used

as metrics. These scenarios suggest that by adding

more resources, and altering work-shift or chang-

ing staffs responsibility, the total entire time at the

hospital can be reduced, therefore the quality of

service, as well as patient satisfaction could im-

prove for the hospital.

Our contributions are as follow.

• We modeled the patient flow of outpatient de-

partment in a developing country using discrete

event simulation technique.

• From the modeled system and observations

at the hospital, many appropriate scenarios were

proposed, tested and examined.

• The optimal proposed scenario shows that

possible to reduce the patient total time at the hos-

pital by 9.6%. This scenario also decreases the pa-

tient waiting time and could be achieved by chang-

ing the duty of health worker at the registration

center.

The remainder of this study is organized as

follows. The reviews of related articles are de-

scribed in the next section. The methodology is

presented in Section 3. The analysis and compar-

ison of experiments and results are detailed in

Section 4. The discussion is given in Section 5.

Finally, the summary of this study is given in the

last section.

2. RELATED WORKS

Many researchers have focused on modeling and

optimizing the hospital workflow. There are vari-

ous methods have been used to analysis, e.g., linear

programming, Markov chain analysis, discrete-

event simulation. Specifically, discrete-event sim-

ulation is one of the most commonly used methods

[7]. The advantages of discrete-event simulation

over other approaches are suitable for complex

process systems and able for testing various what-

if scenarios by changing resources, workflows,

rules or policies before actual implementation [5].

Since 2004, the analysis shows a remarkable in-

creasing in published papers related to healthcare

simulation with over 400 articles investigated in

2007 and 2008 [8].

Several hospital departments and units were

studied and examined. The emergency department

was considered to optimize by changing resources,

such as the number of beds, nurses, and doctors

[9] [10], finding the optimal schedule for physicians

[11] or testing when increasing patient volume [12].

Other studies modeled the inpatient ward [13], [14].

Especially, the outpatient department was inves-

tigated in the whole department [15], [16]; in vari-

ous sub-units, such as internal medicine [17], [18],

surgery unit [19]; or analyzed for appointment

scheduling [15]. Besides, other areas were also

modeled, for example, theater operations [20] and

pharmacy [21]. Modeling discrete event simulation

using software is useful while these software can

be customized to collect performance measures

such as patient throughput, waiting times and re-

source utilization [22]. Many discrete-event simu-

lation software were used and one of the most

commonly used is Arena simulation, a commercial

tool developed by Rockwell Automation and uti-

lized in many companies. Other tools are Extend

Sim (utilized in [10], [23]), and Witness simulation

(used in [24]).
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3. METHODOLOGY

3.1 System Description

An outpatient department (OPD) is a hospital

unit where healthcare professionals do diagnosis

and treatment for outpatients, who come to the

hospital but do not occupy a bed during their stay.

The outpatient department of Bolivian Municipal

Holland Hospital (BMHH) serves for El Alto citi-

zen and mainly focuses on consulting services for

maternal and child patients. The operating time is

from 8:00 am to 5:00 pm during weekdays. The

average number of outpatients in each working day

is showed in Fig. 1. The number of patients peaks

at approximately 225 visits per day on Monday and

gradually reduces to nearly 175 visits on Friday.

Fig. 1. The number of outpatient visits in weekdays.

Fig. 2. Number of visited patients during 6 months.
Fig. 3. Outpatient flows and processes.
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Fig. 2 illustrates the breakdown of all visit during

the first six months in 2016. The internal medicine,

traumatology, gynecology, pediatric and general

surgery are the most consultant visited services.

It is observed that the proportion of patients are

adult female (the woman over than 16 years old)

is 45.8%, and that of children below 17 years old

is 26%.

The patient flows and processes are demon-

strated in Fig. 3. There are 2 types of patients, with

and without health insurances. As the policy - the

children, under 6 years old, and the pregnant wom-

an have health insurance by default, therefore over

60% of OPD patients are free to take treatment.

When a patient arrives at the OPD, firstly, he (or

she) needs to visit the registration center which

is the working area of two staffs having the differ-

ent responsibility: one for patient registration i.e.,

issuing a visiting ticket, and one for billing if pa-

tients must pay service fees. After getting a ticket

that assigned to a consultant doctor room, patients

go to the waiting room, which is located in front

of the consulting rooms. Until their own turn

comes, the nurse who belong to a doctor room calls

his or her name and the doctor will start to consult

for them. If the physicians require, patients need

to take some laboratory tests or other inves-

tigations and visit the consultant room again when

finished. After consulted, the patients might go to

the pharmacy to get medicines. Finally, the patients

leave the hospital.

3.2 Model Construction

The model, reflecting patient flows, was de-

signed using the Rockwell Arena Simulation soft-

ware [25]. Arena, a simulation tool, is used broadly

for workflow analysis. With the graphical user in-

terface, Arena supports both technical and non-

technical users in order to easily build, validate,

and test constructed models for several scenarios.

With collected information, the input analyzer

could illustrate and analyze to discover appropriate

distributions of these data with several random

distributions, e.g., Poisson, Normal, Exponential,

and Triangular. After examining, the output ana-

lyzer also assists users in comparing the various

results generated from different schemes.

In this particular hospital simulation, Arena can

demonstrate many time-persistent plots in real

running time. Thus, at each moment, the current

queue lengths could be recorded and visualized in

order to verify the accuracy of the model.

3.3 Data Collection

Health Information System is an state-of-the-

art information system that be able to connect to

technological devices such as smart phone, wear-

able devices [26] in order to assists physicians,

nurses and other medical staffs to work more ef-

fectively in the attempt to improve the quality of

healthcare services. Input data for the model is col-

lected by retrieved and extracted from the health

information system in the hospital. Over 24,000

visits with timestamps were recorded to the data-

base during 6 months. Fig. 4 shows the patient vis-

it pattern in working hours from Monday to Friday.

The frequent observation at the hospital also points

out that patients usually arrives before the working

hour. It indicates that the busiest periods are from

7 to 9 a.m. Other sources were gathered by inter-

viewing and discussing with managers, physi-

cians, nurses, registrar or cashier, and reviewing

the actual system in the working time. The proc-

essing times for each step is collected and shown

in Table 1. In this table, TRIA stands for triangular

distribution with three arguments (min, mode,

max) and UNIF stands for uniform distribution

with two arguments (min, max).

3.4 Performance Measures

Since the patients usually have long waiting

lines at the registration center in the peak time, the

simulation model has an objective for exploring al-

ternative configurations to improve the quality of
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service and patient satisfaction. Thus, the average

patient waiting time and length of stay are used

as performance measurements when testing sev-

eral scenarios. Besides, the utilization for the health

worker is also considered as a performance metric.

4. EXPERIMENT AND RESULT

4.1. Scenarios

As various repeated observations and discus-

sions with the receptionist, the queue congestion

usually appears in early morning working hours at

the registration center. Moreover, the simulation

suggests that the length of registration queue

might exceed over 60 people at 10 am. The current

setting also indicates that the average utilization

time of receptionist, who records the patient visit,

is significantly higher than counter, who is respon-

sible for payment. The average percentage of uti-

lization time is shown in Fig. 5.

From current configuration insight, the follow-

ing scenarios were designed:

· Scenario 0 - Using current (default) setting
at the hospital.

· Scenario 1 - Changing the working time for
the registration center sooner than present 1 hour.

· Scenario 2 - Adding a staff for registration
queue from 8 am to 12 pm.

· Scenario 3 - Changing the duty of 2 staffs
at the registration center to both supporting visit

ticket generating and billing.

In order to analyze the waiting time, the length

of stay and other evaluation metrics, 30 replications

of each scenario were executed and observed.

The implementation and processing steps of

scenario 0 and 1 are shown in Fig. 6, scenario 2

is shown in Fig. 7, and scenario 3 is shown in Fig. 8.

Fig. 4. The patient visit pattern in working hours from 

Monday to Friday.

Table 1. Summary of processing time

Process Time (minutes)

Register TRIA(0.75,1.5,2)

Billing TRIA(2,2.5,2.75)

Go to consultant waiting room UNIF(0.5,1)

Internal Medicine Consulting TRIA(7,10,13)

Traumatology Consulting TRIA(7,10,15)

Gynecology Consulting TRIA(7,10,15)

Pediatric Consulting TRIA(7,10,17)

General Surgery Consulting TRIA(7,10,20)

Other Consulting Services TRIA(7,15,20)

Pharmacy TRIA(3,5,6)

Fig. 5. The average percentage of utilization time.
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Scenario 0 and scenario 1 have the same proc-

essing steps but (1) the registrar work at 8 am in

scenario 1 and 7 am in scenario 2. The system use

the same data in two these scenarios but the Arena

software processes the patient queue from 7 am

with scenario 1, so that (2) (3) (4) the system

makes the patient queue at counter and OPD con-

sultant waiting room before 8 am. Steps (5) (6) (7)

(8) (9) are similar to from step “Go to OPD con-

sultant waiting room” to step “Patient leaves” in

Fig. 3.

In scenario 2, (1) Arena software arranges ran-

domly and equally the number of patients who

came to hospital before 8 am at registrar 1 and reg-

istrar 2. After that, the patients are arranged so

that the number of 2 queues is equal from 8 am

to 12 pm. After 12 pm, the system use only one

registrar and it processes as scenario 0. Steps (2)

(3) (4) (5) (6) (7) (8) (9) are similar to from step

“Patient has health insurance?” to step “Patient

Fig. 6. The implementation and processing steps of 

scenario 0 and 1 by Arena simulation.

Fig. 7. The implementation and processing steps of 

scenario 2 by Arena simulation.

Fig. 8. The implementation and processing steps of 

scenario 3 by Arena simulation.
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leaves” in Fig. 3.

In scenario 3, (1) there are two staffs at the reg-

istration center to support visit ticket generating

and service fee billing. Therefore, the system ar-

ranges patients into 2 queues like scenario 2 from

8 am to the last patient come. However, there is

no counter anymore, hence if the patient must to

pay service fees, the total time at registration cen-

ter of one patient  is

  

where  is the waiting time at registration center,

 is the processing time to issue ticket, and 

is the processing time for billing. Steps (2) (3) (4)

(5) (6) (7) are similar to from step “Go to OPD con-

sultant waiting room” to step “Patient leaves” in

Fig. 3.

4.2 Waiting Time

We analyzed the changes in the patient’s waiting

time between several scenarios using Arena simu-

lation. The original scenario (scenario 0), which is

the current configuration at the hospital, was exe-

cuted at first. The detailed patient’s waiting time

for particular queues and the total waiting time il-

lustrated in Table 2. The average total waiting

time of patients  in table 2 can be given as

  


  



 ,

where  is the total number of patients and 

is the total waiting time of patient  at the hospital.

In the scenario 0, the average of total patient’s

waiting time in all queues was 117.198 minutes.

The total patient’s waiting time was decreased to

103.716, 104.478 and 105.474 minutes for scenario

1, scenario 2, and scenario 3, respectively. The cor-

responding decrease rates are 11.5%, 10.85%, and

10.00%.

4.3 Length of Stay

The patient’s average total length of stay time

at registration, consultant room and/or pharmacy,

and the total length of stay at the hospital are illus-

trated in Fig. 9. For the original setting, the aver-

age time were approximately 67 minutes and 135

minutes for registration center and whole hospital

respectively. And the rest of time at the consultant

room and/or pharmacy was 67 minutes.

All of the proposed scenarios could reduce the

patient’s length of stay at registration and the

whole hospital. The highest reduction in total

length of stay is achieved by scenario 1 with the

average total is 121.44 minutes. Next places are

scenario number 2 and 3 with the entire time are

122.27 minutes and 123.27 minutes, respectively.

However, each scenario has a different way in the

changed time at registration center and rest of

Table 2. Summary of processing time

Queue Scenario 0 Scenario 1 Scenario 2 Scenario 3

Registration 64.404 18.408 14.646 40.530

Counter 1.764 1.068 14.160

General Surgery 19.986 31.824 41.556 29.148

Gynecology 33.684 64.530 48.318 49.566

Internal Medicine 69.654 106.758 109.524 78.198

Pediatric 23.592 36.744 39.900 24.798

Traumatology 38.064 50.952 57.396 38.856

Other Consultant 20.736 50.748 52.680 39.570

Average Consultant 31.578 55.138 57.427 42.520

Pharmacy 24.774 34.746 31.860 27.738

Average Total 117.198 103.716 104.478 105.474
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process. For example, scenario 1 reduces from 67

minutes to nearly 21 minutes (about 68 percentage)

at registration, but the time for consulting and oth-

ers are increased from 67 minutes to 100 minutes.

Scenario 2 has a similar change pattern as scenario

1, where the average patient's registration time

was decreased to roughly 23 minutes. The smaller

time reduction happens at scenario 3, where 35

percentage of patient registration time was reduced.

4.4 Utilization Time

The percentage of utilized time for all types of

analyzed employees is shown in Fig. 10. The uti-

lized time is expressed as

  


.

Doctors and pharmacists almost have no change

in time utilization among several tested cases,

which are about 0.63 and 0.59, respectively. The

changes only happen at the registration center,

where scenarios were adjusted to optimize the pa-

tient registration time. In the scenario 1, while the

working time of register and counter are shifted

earlier 1 hour, the utilization both are decreased.

The highest reduction of utilization time occurred

at scenario 2, which adding 1 more person to issue

tickets for patients. By the other way, register and

counter were unified to handle the same responsi-

bility in scenario 3, thus there is an equal utilization

as 0.50 for both staffs at the registration center.

5. DISCUSSION

We analyzed the patient time at the registration

center and entire hospital by testing many what-if

scenarios, which are raised while observing the

system and examining collected data. The results

have shown that all proposed configurations could

reduce the patient's waiting time and the total

length of stay by using different arrangements.

However, each scenario has its own advantage and

disadvantage. Indeed, since adding 1 working hour

is required for counter and register in the first sce-

nario, this arrangement might cause protests from

staffs or need to add extra salary for them. The

second scenario has the same outcome as the first

one, but an additional staff is needed while human

resources for health care is still facing problem in

developing countries like Bolivia. The last scenario

only adjust the responsibility of register and coun-

ter by unifying their work to have same mission

for issuing ticket and billing if needed. Since this

scenario does not need an additional resource or

changing work shifts, it could be implemented at

Fig. 9. The patient length of stay at the hospital (min-

utes).

Fig. 10. The health worker’s utilization time in outpatient 

department.
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the hospital without extra cost. Additionally, the

last scenario also brings the balance in utilization

time at registration room.

The modeled simulation also allows for testing

variety scenarios of the workflows. Based on the

experiment from various examination results, the

manager could generate ideas and observe the im-

pact if the proposed framework is implemented.

6. CONCLUSION

In summary, this study examined the workflow

of outpatient department, especially in the registra-

tion center, to optimize the patient time at the

hospital. A discrete event simulation, reflected the

hospital workflow, was modeled and analyzed. The

results have shown that a 9.6% reduction of total

patient time at the hospital as well as the balance

of utilization time could be achieved by adjusting

the duty of health workers at the registration

center. These results are advice for hospital’s deci-

sion-maker to increase the patient satisfaction and

quality of services.

REFERENCE

[ 1 ] D.A. Thompson, P.R. Yarnold, D.R. Williams,

and S.L. Adams, “Effects of Actual Waiting

Time, Perceived Waiting Time, Information

Delivery, and Expressive Quality on Patient

Satisfaction in the Emergency Department,”

Annals of Emergency Medicine, Vol. 28, No.

6, pp. 657-665, 1996.

[ 2 ] L. Siciliani, V. Moran, and M. Borowitz, “Me-

asuring and Comparing Health Care Waiting

Times in OECD Countries,” Health Policy,

Vol. 118, No. 3, pp. 292-303, 2014.

[ 3 ] M. Oche and H. Adamu, “Determinants of

Patient Waiting Time in the General Outpa-

tient Department of a Tertiary Health Institu-

tion in North Western Nigeria,” Annals of

Medical and Health Sciences Research, Vol.

3, No. 4, pp. 588-592, 2013.

[ 4 ] K. Banerjea and A.O. Carter, “Waiting and

Interaction Times for Patients in a Developing

Country Accident and Emergency Depart-

ment,” Emergency Medicine Journal, Vol. 23,

No. 4, pp. 286-290, 2006.

[ 5 ] R.W. Hall, Patient Flow: Reducing Delay in

Healthcare Delivery, Springer, Boston, MA,

2013.

[ 6 ] Clinic, https://en.wikipedia.org/wiki/Clinic (acc-

essed Mar., 3, 2017).

[ 7 ] A. Negahban and J.S. Smith, “Simulation for

Mfacturing System Design and Operation:

Literature Review and Analysis,” Journal of

Manufacturing Systems, Vol. 33, No. 2, pp.

241-261, 2014.

[ 8 ] M.M. Gunal and M. Pidd, “Discrete Event

Simulation for Performance Modelling in

Health Care: A Review of the Literature,”

Journal of Simulation, Vol. 4, No. 1, pp. 42-51,

2010.

[ 9 ] A. Komashie and A. Mousavi, “Modeling Em-

ergency Departments Using Discrete Event

Simulation Techniques,” Proceeding of the

Winter Simulation Conference, pp. 2681-2685,

2005.

[10] M. Diefenbach and E. Kozan, “Hospital Emer-

gency Department Simulation for Resource

Analysis,” Industrial Engineering and Mana-

gement Systems, Vol. 7, No. 2, pp. 133-142,

2008.

[11] T.M. Lal, T. Roh, and T. Huschka, “Simulation

Based Optimization: Applications in Health-

care,” Proceeding of 2015 Winter Simulation

Conference, pp. 1261-1271, 2015.

[12] R. Konrad, K. DeSotto, A. Grocela, P. McAuley,

J. Wang, J. Lyons, and M. Bruin, “Modeling

the Impact of Changing Patient Flow Proces-

ses in an Emergency Department: Insights

from a Computer Simulation Study,” Oper-

ations Research for Health Care, Vol. 2, No.

4, pp. 66-74, 2013.



813Patient Flow Optimization for Outpatient Department Using Discrete-Event Simulation

[13] Y. Wang, L.H. Lee, E.P. Chew, S.S.W. Lam,

S.K. Low, M.E.H. Ong, and H. Li, “Multi-ob-

jective Optimization for a Hospital Inpatient

Flow Process via Discrete Event Simulation,”

Proceeding of 2015 Winter Simulation Con-

ference, pp. 3622-3631, 2015.

[14] L.B. Holm, H. Luras, and F.A. Dahl, “Improv-

ing Hospital Bed Utilisation through Simula-

tion and Optimisation: with Application to a

40% Increase in Patient Volume in a Norwe-

gian General Hospital,” International Journal

of Medical Informatics, Vol. 82, No. 2, pp. 80-

89, 2013.

[15] G. Akin, J.S. Ivy, T.R. Huschka, T.R. Rohled-

er, and Y.N. Marmor, “Capacity Management

and Patient Scheduling in an Outpatient Clinic

Using Discrete Event Simulation,” Proceed-

ing of 2013 Winter Simulations Conference,

pp. 2215-2226, 2013.

[16] Z. Zhu, B.H. Heng, and K.L. Teow, “Analysis

of Factors Causing Long Patient Waiting

Time and Clinic Overtime in Outpatient Clinics,”

Journal of Medical Systems, Vol. 36, No. 2,

pp. 707-713, 2012.

[17] S. Norouzzadeh, N. Riebling, L. Carter, J.

Conigliaro, and M.E. Doerfler, “Simulation

Modeling to Optimize Healthcare Delivery in

an Outpatient Clinic,” Proceeding of 2015

Winter Simulation Conference, pp. 1355-1366,

2015.

[18] A. Wijewickrama and S. Takakuwa, “Simula-

tion Analysis of Appointment Scheduling in

an Outpatient Department of Internal Medicine,”

P roceedings of the Winter Simulation Con-

ference, pp. 2264-2273, 2005.

[19] M. Roure, Q. Halley, and V. Augusto, “Model-

ling and Simulation of an Outpatient Surgery

unit,” Proceeding of 2015 Winter Simulation

Conference, pp. 1525-1536, 2015.

[20] A. Komashie, A. Mousavi, and J. Gore, “Using

Discrete Event Simulation (DES) to Manage

Theatre Operations in Healthcare: An Audit-

based Case Study,” Proceeding of the 2008

International Conference on Computer Mod-

eling and Simulation, pp. 360-365, 2008.

[21] A. Yurtkuran and E. Emel, “Simulation Based

Decision-making for Hospital Pharmacy

Management,” Proceeding of 2008 Winter

Simulation Conference, pp. 1539-1546, 2008.

[22] M. Alvarado, M. Lawley, and Y. Li, “Healthcare

Simulation Tutorial: Methods, Challenges, and

Opportunities,” Proceeding of 2016 Winter

Simulation Conference, pp. 236-247, 2016.

[23] S. Norouzzadeh, J. Garber, M. Longacre, S.

Akbar, N. Riebling, and R. Clark, “A Modular

Simulation Study to Improve Patient Flow to

Inpatient Units in the Emergency Depart-

ment,” Journal of Hospital Administration,

Vol. 3, No. 6, p. 205, 2014.

[24] P. Landa, M. Sonnessa, E. Tanfani, and A.

Testi, “A Discrete Event Simulation Model to

Support Bed Management,” P roceeding of

2014 4th International Conference On Simula-

tion And Modeling Methodologies, Technol-

ogies And Applications, pp. 901-912, 2014.

[25] W. Weerawat, J. Pichitlamken, and P. Sub-

sombat, “A Generic Discrete-Event Simula-

tion Model for Outpatient Clinics in a Large

Public Hospital,” Journal of Healthcare Eng-

ineering, Vol. 4, Issue 2, pp. 285-305, 2013.

[26] M.I. Joo, D.H. Ko, and H.C. Kim, “Develop-

ment of Smart Healthcare Wear System for

Acquiring Vital Signs and Monitoring Perso-

nal Health,” Journal of Korea Multimedia

Society, Vol. 19, No. 5, pp. 808-817, 2016.



814 JOURNAL OF KOREA MULTIMEDIA SOCIETY, VOL. 22, NO. 7, JULY 2019

Xuan-Manh Dieu

2015 Information Technology,
Posts and Telecommuni-
cations Institute of Tech-
nology, Hanoi, Vietnam
(B.S)

2017 Information and Commu-
nications Engineering, Inje

University, Korea (M.S.)
2018∼Current Garena Vietnam, Vietnam, Software

Development Engineer

Huu-Trung Hoang

2013 Business Information Sys-
tem, Hue University, Viet-
nam (B.S.)

2018 Information and Commu-
nications Engineering, Inje
University, Korea (M.S.)

2018～Current Department of Information and Com-
munication System, Inje University, Ph.D

Kim Jung Eon

2006 Gyeongsang National Uni-
versity, School of Med-
icine (M.D.)

2018∼Current Inje University
Ilsan Paik Hospital, Depar-
tment of Emergency Me-
dicine, Clinical Professor

Kim Hoon

2002 Inha University, College of
Medicine (M.D.)

2007 Inha University, College of
Medicine, Graduate school,
(M.S.)

2017 Inha University, College of
Medicine, Graduate school
(Ph.D.)

2010～Current Inje University Ilsan Paik Hospital,
Department of Emergency Medicine, Professor

Park Junseok

1997 Yonsei Wonju Medical
school (M.D.)

2008 Yonsei University College
of Medicine, Graduate
School (M.S.)

2014 Chungnam Univeristy Col-
lege of Medicine, Graduate

School (Ph.D.)
2005～Current Inje University Ilsan Paik Hospital,

Department of Emergency Medicine, Professor

Hwang Won Ju

1998 Pusan National University
Dept. of Computer Engin-
eering (B.E.)\

2000 Pusan National University
Dept. of Computer Engin-
eering (M.E.)

2002 (Japan) Osaka University Dept. of Information
Systems Engineering (Ph.D.)

2002～Current Inje University Dept. of Electronic,
Telecommunications, Mechanical & Automotive
Engineering, Professor


