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ABSTRACT

We should give a realistic value on the large amounts of relevant data obtained from these studies to achieve
effective objectives of the disease study which is dealing with various vital phenomenon today. In this paper, the
proposed MKSV algorithm is estimated by optimal probability distribution, and the input pattern is determined. After
classifying it into data mining, it is possible to obtain efficient computational quantity and recognition rate. MKSV
algorithm is useful for studying the relationship between disease and gene in the present society by simulating the
probabilistic flow of gene data and showing fast and effective performance improvement to classify data through the
data mining process of big data.
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