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Abstract

Subseasonal-to-Seasonal (S2S) prediction information which have 2 weeks to 2 months lead time are expected to be used through many
parts of industry fields, but utilizability is not reached to expectation because of lower predictability than weather forecast and mid- /
long-term forecast. In this study, we used multi-layer perceptron (MLP) which is one of machine learning technique that was built for
regression training in order to improve predictability of S2S precipitation data at South Korea through post-processing. Hindcast
information of ECMWF was used for MLP training and the original data were compared with trained outputs based on dichotomous
forecast technique. As a result, Bias score, accuracy, and Critical Success Index (CSI) of trained output were improved on average by
59.7%, 124.3% and 88.5%, respectively. Probability of detection (POD) score was decreased on average by 9.5% and the reason was
analyzed that ECMWEF’s model excessively predicted precipitation days. In this study, we confirmed that predictability of ECMWE’s
S2S information can be improved by post-processing using MLP even the predictability of original data was low. The results of this
study can be used to increase the capability of S2S information in water resource and agricultural fields.
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