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Estimation of People Tracking by Kalman Filter
based Observations from Laser Range Sensor

FEp AL
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{Abstract)

For tracking a varying number of people using laser range finder, it is important to
deal with appearance/disappearance of people due to various causes including
occlusions. We propose a method for tracking people with automatic initialization by
integrating observations from laser range finder. In our method, the problem of
estimating 2D positions and orientations of multiple people’s walking direction is
formulated based on a mixture kalman filter. Proposal distributions of a kalman filter
are constructed by using a mixture model that incorporates information from a laser
range scanner. Our experimental results demonstrate the effectiveness and robustness

of our method.
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Fig. 3 Mobile robot for experiment
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