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Deep learning—based Multilingual Sentimental Analysis using
English Review Data
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Abstract Large global online shopping malls, such as Amazon, offer services in English or in the language
of a country when their products are sold. Since many customers purchase products based on the
product reviews, the shopping malls actively utilize the sentimental analysis technique in judging
preference of each product using the large amount of review data that the customer has written. And
the result of such analysis can be used for the marketing to look the potential shoppers. However, it is
difficult to apply this English—based semantic analysis system to different languages used around the
world. In this study, more than 500,000 data from Amazon fine food reviews was used for training a deep
learning based system. First, sentiment analysis evaluation experiments were carried out with three
models of English test data. Secondly, the same data was translated into seven languages (Korean,
Japanese, Chinese, Vietnamese, French, German and English) and then the similar experiments were
done. The result suggests that although the accuracy of the sentimental analysis was 2.77% lower than
the average of the seven countries (91.59%) compared to the English (94.35%), it is believed that the
results of the experiment can be used for practical applications.
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