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Abstract

Traditional compound noun decomposition algorithms often face challenges of decomposing compound nouns into
separated nouns when unregistered unit noun is included. It is very difficult for those traditional approach to handle
such issues because it is impossible to register all existing unit nouns into the dictionary such as proper nouns,
coined words, and foreign words in advance. In this paper, in order to solve this problem, compound noun
decomposition problem is defined as tag sequence labeling problem and compound noun decomposition method to
use syllable unit embedding and deep learning technique is proposed. To recognize unregistered unit nouns without
constructing unit noun dictionary, compound nouns are decomposed into unit nouns by using LSTM and
linear-chain CRF expressing each syllable that constitutes a compound noun in the continuous vector space.

B keywords : compound noun decomposition ; bigram ; syllable embedding ; LSTM ; Linear-Chain CRF
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* Tensorflow, Available:

https://www.tensorflow.org/
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