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Abstract

Despite the expansion of the market of performing arts and culture, small and medium size theaters
are still experiencing difficulties due to poor accessibility of information by consumers. This study
proposes a machine learning based genre recommendation system as an alternative to enhance the mar-
keting capability of small and medium sized theaters. We developed five recommendation systems that
recommend three genres per customer using customer master DB and transaction history DB of do-
mestic venues. We propose an optimal recommendation system by comparing performances of recom-
mendation system. As a result, the recommendation system based on the ensemble model showed bet-
ter performance than the single predictive model. This study applied the personalized recommendation
technique which was scarce in the field of performing arts and culture, and suggests that it is worthy

enough to use it in the field of performing arts and culture.
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